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Housing insecurity is a significant issue facing U.S. households, particularly for families 
living in poverty. A lack of affordable housing, due, in part, from soaring housing costs and 
stagnating wages has led a substantial number of impoverished families to experience a housing 
crisis. Across the U.S., 61,265 households with children were counted as homeless on a single 
night in 2016, a substantial underestimate of families who experience homelessness annually. 
Significantly more families experience other forms of housing hardships, including eviction, 
trouble paying housing costs, frequent moves, or doubling up due to financial need. At the same 
time, three out of four households that qualify for federal housing assistance on the basis of 
income do not receive it, leaving millions of families waiting for assistance. Clearly, this leaves a 
sizeable gap in the social safety net that housing-insecure families must strive to fill with other 
sources. Temporary Assistance for Needy Families (TANF) is one such resource that 
impoverished families can use to help secure housing and other needs.  
However, there is a dearth of research considering housing-insecure families’ usage of 
TANF. Preliminary research has provided a broad range of estimates of TANF participation rates 
for homeless families, ranging from less than 10 to just over 60 percent. Few studies have 
examined the factors that influence participation for these families, nor has previous research 
fully examined TANF usage among families experiencing other forms of housing insecurity. To 
address these gaps, this dissertation applied the Double ABCX Model of Family Adjustment and 
Adaptation to examine a range of family resources and stressors as mediators and moderators of 
TANF sanction and receipt among families who have experienced homelessness, doubling-up, 
and other forms of housing insecurity.  
This study utilized data from the Fragile Families and Child Wellbeing Study (FFCWS) 
to investigate the influence of social support, employment, housing assistance, childcare, 
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parenting stress, maternal health, and depression on likelihood of TANF receipt and sanction for 
these housing-insecure mothers over time, compared to low-income but stably-housed mothers. 
The FFCWS is a comprehensive, longitudinal study of marital and non-marital births in large 
U.S. cities, which includes a large sample of families experiencing significant economic 
hardship. This dissertation used data from 2,468 mothers’ interviews collected in Waves 2, 3, 
and 4, corresponding with ages one, three, and five of the focus children. Multivariate linear and 
logistic regressions were employed to test both mediating and moderating relationships.  
Results indicated that families who have experienced homelessness, in particular, have 
significantly higher rates of TANF receipt, both two and four years following their homeless 
experience. Homelessness was also associated with a higher risk of TANF sanction four years 
later. However, other forms of housing-insecurity were not found to influence TANF receipt or 
sanction at either wave. Employment and the receipt of housing assistance were found to mediate 
the relationship between homelessness and TANF receipt, while amount of childcare and 
maternal health status were significant covariates. Employment steadiness, measured by the 
number of weeks worked in the past year, was shown to impact likelihood of TANF sanction for 
homeless families only, while maternal depression was a significant covariate. Discussion of 
these findings includes suggestions for increasing TANF participation and reducing the risk of 
sanction for homeless and housing-insecure families in both policy and practice. Theoretical 
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Housing insecurity is a significant issue facing U.S. households, particularly for families 
living in poverty. In 2015, a third of US households spent over 30 percent of their income on 
housing; housing unaffordability is significantly higher among renters, of whom 26 percent spent 
over half of their income on housing, and poor households, over 50 percent of whom spend over 
half of their income on housing, and nearly a quarter of whom spend over 70 percent (Desmond, 
2015; Joint Center for Housing Studies [JCHS], 2017). This lack of affordable housing, due, in 
part, from soaring housing costs and stagnating wages (Desmond, 2015), has led a substantial 
number of impoverished families to experience a housing crisis.  
For instance, seven percent of rental households are evicted through the court system in 
Milwaukee each year, while over 12 percent of households experienced an involuntary 
displacement due to formal or informal eviction, landlord foreclosure, or property condemnation 
(Desmond, 2012). Households with children have been shown to be at an increased risk of 
eviction (Desmond, An, Winkler, & Ferriss, 2013). Furthermore, across the U.S., 61,265 
households with children were counted as homeless on a single night in 2016, a substantial 
underestimate of the number of families who experience homelessness annually (U.S. 
Department of Housing and Urban Development [HUD], 2016). Significantly more families 
experience less severe forms of housing hardships, including trouble paying housing costs, 
frequent moves, or moving in with others due to financial need.  
At the same time, three out of four households that are qualified for federal housing 
assistance on the basis on income do not receive it (Rice & Sar, 2009). Approximately 4.4 
million families were counted on waiting lists for public housing and Housing Choice vouchers 
in 2012, a number which captures only 80% of housing agencies and does not include some 
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families seeking housing assistance in communities which have closed their waiting lists to new 
applicants; an estimated seven million additional families may have added themselves to wait 
lists if they were not closed (Public and Affordable Housing Research Corporation [PAHRC], 
2016). Clearly, this leaves a sizable gap in the social safety net that housing-insecure families 
must strive to fill with other sources.  
Although an inadequate social safety net is often cited as a primary cause of family 
homelessness among policy and advocacy organizations (e.g. Berger & Tremblay, 1999; Gale & 
Shepherd, 2003; National Coalition for the Homeless, 2007), research considering homeless and 
housing-insecure families’ usage of safety-net programs other than housing assistance is severely 
lacking. Ease of access to social services and benefits is determined primarily by a range of 
structural and programmatic factors, which intentionally or unintentionally operate to filter out 
potential recipients, often in interaction with the personal characteristics of those individuals or 
households in need of services (Anderson, Liu, & Gao, 2016). TANF, in particular, is structured 
to limit access based, in part, on conceptions of worthiness, dependency, and need, as well as 
funding limitations (Rosenberg et al., 2008). This has resulted in a fairly low take-up rate of 
TANF benefits; in 2012, for instance, only 32.4% of eligible families were estimated to have 
received benefits in an average month (Crouse & Waters, 2015).   
Preliminary research has provided some evidence that homeless families participate in 
safety net programs, including TANF, at similar or higher rates compared to securely-housed 
families experiencing deep poverty (Burt, Khadduri, & Gubits, 2016). However, for TANF, 
estimates of these rates are still relatively low, ranging from less than 10 to just over 60 percent 
(Burt et al., 2010; Burt et al., 2016; Institute for Children, Poverty, & Homelessness, 2015; 
National Alliance to End Homelessness, 2010; Nunez & Fox, 1999). This is alarming, 
3 
 
particularly considering the level of material hardship and financial distress homeless families 
experience. This dissertation was designed to provide additional understanding about TANF 
participation among families with experiences of homelessness and less severe forms of housing 
insecurity, compared to stably housed families, and the characteristics of these families that 
might, in interaction with TANF implementation policies, restrict access to this needed benefit.  
Established in 1996, Temporary Assistance for Needy Families (TANF) replaced the 
existing means-tested cash transfer welfare program, Aid to Families with Dependent Children, 
which had been created as part of the 1935 Social Security Act following the Great Depression. 
President Clinton’s signing of the Personal Responsibility and Work Opportunity Reconciliation 
Act, which codified TANF, was the culmination of decades of discourse surrounding the belief 
that welfare programs fostered dependency and allowed for widespread fraud and manipulation 
(Berger & Tremblay, 1999). Responding to changing gender roles and family norms – 
particularly the increase of women in the workforce and single-parent families – TANF was 
designed with the intent to emphasize and promote work, child support, and marriage (Blank, 
2002; Harris & Parisi, 2005). Two of the largest policy shifts from AFDC include a federal 60-
month lifetime limit and a work requirement for TANF recipients (Blank, 2002; Berger & 
Tremblay, 1999; Bok & Simmons, 2002). Furthering the Regan era’s emphasis on state control, 
TANF is implemented as a block grant, giving more flexibility to states to develop specific 
policies and programs and allowing the use of supplemented state funds to support some families 
who do not meet federal requirements. This has resulted in high levels of variation across states 
in TANF rules and regulations.   
Experiences of housing insecurity, including homelessness, are fairly common for 
individuals who have been enrolled in TANF. Data from the Women’s Employment Study, a 
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longitudinal survey of welfare recipients living in an urban Michigan community in 1997, 
revealed that, in a six-year period, 20 percent of participants had been evicted while 12 percent 
had been homeless. The risk of eviction or homelessness was tied to low levels of education, the 
use of illicit substances, and, in the case of homelessness, poor mental and physical health 
(Phinney, Danziger, Pollack, & Seefeldt, 2011).  While early research suggests a relationship 
between housing security and TANF participation, the direction of this relationship is somewhat 
unclear.  Receipt of TANF is associated with a lower the risk of housing insecurity for 
impoverished families (Fertig & Reingold, 2008), while disruption of TANF benefits due to 
sanction has been demonstrated to increase the risk of homelessness (Nunez & Fox, 1999; 
Reichman, Teitler, & Curtis, 2005; Shah, Liu, Mancuso, Felver, 2014). For families who have 
experienced homelessness, continued housing instability over time has been linked to lower 
participation in benefit programs, including TANF (Burt et al., 2010; Khadduri, Burt, & Walton, 
2017). However, more information is needed to fully understand the relationship between 
housing instability and TANF participation, particularly regarding the factors that may influence 
receipt and risk of sanction for families who have experienced housing hardships.  
Purpose of this study 
This dissertation explores the relationship between three levels of housing crises – 
homelessness, doubling-up, and housing insecurity – and TANF receipt and risk of sanction, 
compared to low-income families who are stably housed. Using a family stress framework, this 
research pays particular attention to the role of family resources and stressors as mediators and 
moderators in these relationships. The research draws upon two different bodies of current 
literature examining associations with these resources and stressors among families experiencing 




This research utilized data from the Fragile Families and Child Wellbeing Study 
(FFCWS), a comprehensive, longitudinal study of marital and non-marital births in large U.S. 
cities. This is a particularly useful dataset for studying homelessness and housing insecurity, as 
the study over-sampled non-marital births, resulting in a relatively large sample of families 
experiencing significant economic hardships. Furthermore, considerable efforts were placed in 
following up with hard-to-reach families in subsequent waves (FFCWS 2008), which is ideal for 
research on highly transient subjects including families experiencing homelessness. The FFCWS 
consists of six waves which follow a focus child and his or her family, ranging from the birth of 
the focus child to age 15. This study used data from Waves 2, 3, and 4, corresponding with ages 
one, three, and five of the focus children. In each wave, data was drawn from surveys of the 
children’s mothers.   
Contributions to the Literature 
This dissertation makes the following contributions to the literature surrounding housing 
instability and TANF participation:  
1. Addresses the lack of literature concerning TANF participation among families who 
experience homelessness and other forms of housing insecurity by using a large, multi-
city longitudinal dataset to conduct longitudinal analyses examining the role of housing 
status in predicting TANF receipt and sanction. 
2. Broadens current theoretical knowledge by extending the use of the family stress theory 
to examine the role of resources and stressors in TANF receipt and sanction. 
3. Addresses the gap in research examining the factors that impact TANF participation 
among families experiencing multiple types of housing insecurity by utilizing a large, 
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multi-city dataset that allows for comparison between homeless, doubled-up, otherwise 
housing-insecure, and housing secure families. 
Structure of the Dissertation 
 The next chapter considers the theoretical framework and existing literature guiding this 
research. The chapter starts with an explanation of McCubbin and Patterson’s (1983) Double 
ABCX Model of Family Adjustment and Adaptation and a brief rationale for applying this model 
to this study. Next, the chapter reviews relevant research, drawing from both literature 
considering family homelessness and housing insecurity, and literature focused on TANF 
participation. Particular attention is paid to literature examining the resources and stressors that 
are likely to affect TANF participation for families facing housing hardships. The chapter 
concludes with a discussion of gaps in current literature as well as the research questions and 
conceptual frameworks guiding this dissertation. Chapter 3 outlines the methods used in this 
dissertation, including a discussion of the Fragile Families and Child Wellbeing Study, the 
longitudinal dataset from which this dissertation draws. Next, the specific sample and measures 
utilized in this research are discussed. Finally, the chapter presents the data cleaning, screening, 
and analytic procedures used to answer the research questions. Chapter 4 reports the findings of 
this dissertation, and in Chapter 5, these findings are discussed in more depth. This final chapter 
situates the findings of this dissertation in the broader literature, discusses implications for policy 
and practice with families facing housing insecurity, outlines the limitations of this study, and 






This chapter first describes the theoretical framework underlying this study. It then 
outlines the literature informing current understandings of housing hardships and TANF usage, 
including research focuses on the resources and stressors that may affect TANF participation for 
families experiencing various forms of housing insecurity. This literature review draws upon two 
bodies of research – literature concerning homelessness and housing insecurity, and literature 
concerning TANF receipt and sanction –to inform the research questions and hypotheses of this 
dissertation. The chapter concludes by reviewing the current gaps in our understanding of TANF 
usage among homeless and insecurely housed families and presenting the research questions and 
conceptual models guiding this study.   
Theoretical Framework 
Family stress theory, which has traditionally been used to explain responses to crises and 
levels of adaptation and maladaptation, provides a useful framework to approach issues of 
welfare participation among families experiencing precarious and stressful situations, including 
housing insecurity and homelessness. Specifically, the Double ABCX Model of Family 
Adjustment and Adaptation (Figure 2.1), an extension of Hill’s (1949) ABCX model, can be 
adapted and applied to the issue of TANF and other welfare program participation among 
families with unstable housing situations. This model theorizes that the level of adaptation a 
family experiences after a stressor is influenced by the interaction between their resources and 
their appraisal of the situation. Importantly, the model accounts for the pileup of stressors - the 
ongoing demands that occur as a family attempts to cope during a crisis – to understand how 
coping strategies and levels of adaption shift over time (McCubbin & Patterson 1983). While the 
ABCX model and subsequent Double ABCX model were developing using families affected by 
8 
 
war, the Double ABCX model has since been applied to a variety of contexts, including families 
of children with disabilities or illness (Orr, 1991; Pickard & Ingersoll, 2017; Xu, 2007), families 
experiencing divorce and remarriage (Crosbie-Burnett, 1989; Plunkett, Sanchez, Henry, & 
Robinson, 1997), food insecurity (Hutson, Anderson, & Swafford, 2015), and financial hardship 
(Vandsburger & Biggerstaff, 2004).  
While the Double ABCX model has not yet been widely applied to welfare participation, 
it can provide a framework for understanding both the factors that may influence an eligible 
family’s decision to apply or not apply for benefits, as well as their ability to meet participation 
requirements, maintain enrollment over time, and successfully move off welfare programs into 
steady employment and financial stability. In this case, a financial stressor (A), such as a job 
loss, change in family structure, or unexpected expense, may result in a financial crisis, such as a 
housing emergency, if the family does not have the resources (B) to immediately adapt to that 
stressor. These resources include financial assets, but also less tangible resources including social 
support and the ability to secure stable employment. This process is also influenced by family 
perceptions (C), including the meaning the family makes of the stressor and their understanding 
of available resources. In this model, participation in welfare programs, including TANF, may be 
conceptualized as an available resource and as a potential coping strategy employed after a 





Figure 2.1: Double ABCX Model 
 
Source: McCubbin & Patterson, 1983 
 
One of the major additions of the Double ABCX model was the consideration of the 
ways in which the pileup of stressors affects family coping and adaptation. McCubbin and 
Patterson (1983) identified five categories of pileup: (1) resulting from the initial stressor, (2) 
prior stressors, (3) normal family transitions, (4) negative outcomes of coping strategies, and (5) 
uncertainty within the family system or broader community. Because experiences of housing 
instability and homelessness are inherently stressful events, this focus on pileup is especially 
relevant to understanding if and how families experiencing a housing crisis are able to 
successfully utilize TANF participation as a coping strategy compared to other impoverished 
families. Therefore, this model is useful in understanding the various factors that may affect 
TANF participation among families experiencing homelessness, doubled-up living situations, 
and other housing insecurity compared to families who are securely housed. Grounded in the 
Double ABCX model, this dissertation extends the use of family stress theory to investigate a 
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coping strategy that is external to the family. Specifically, this study examines the particular role 
of stress and resource variables in influencing TANF participation as a potential coping strategy 
among families with experiences of various levels of housing insecurity compared to other low-
income families.  
Applied to housing, the crisis of a housing emergency may prompt enrollment in TANF 
as one of many potential coping strategies, just as other instances of financial or material 
hardship may prompt TANF enrollment for housing-secure families who had previously gotten 
by without TANF. This decision to enroll will be influenced by both the family’s available 
resources, and their perceptions, knowledge, and beliefs about the welfare system. These 
resources and perceptions, along with the pileup of stressors, also influence TANF recipients’ 
ability to avoid sanction, maintain enrollment over time, and successfully transition from TANF 
reliance to stable employment, stable housing, and greater financial security. Families 
experiencing a housing crisis, however, may have different or fewer resources to call upon, and 
may experience higher levels of stress pile-up, both related to the factors that placed them at 
increased risk of housing insecurity and the added stressors of the housing crisis itself.  
This study investigates those differences to better understand TANF participation among 
families experiencing homelessness, doubling-up, and housing insecurity compared to families 
who are stably housed. In particular, this study examines the role of family resources and 
stressors in predicting TANF receipt and sanction for families who have experienced a housing 
crisis. Using the Double ABCX model, the resources available to a family are hypothesized to 
influence whether a low-income family receives TANF, as well as whether TANF recipients are 
sanctioned. Because, as discussed in the subsequent review of literature, housing insecurity can 
influence family resources, an examination of these resources can be particularly informative in 
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gaining a deeper understanding of the relationship between housing insecurity and TANF receipt 
and sanction. Specifically, the availability of family resources - influenced by their housing 
status - can help account for differences in rates of TANF receipt and sanction among families 
experiencing various forms of housing insecurity and low-income but stably housed families.  
Furthermore, the stress families experience after a housing crisis is both intuitive and 
well-documented in the literature, and housing problems can exacerbate additional existing life 
stressors. Therefore, while the presence of family stressors may indicate a higher likelihood of 
TANF sanction – and help explain higher rates of TANF sanction among insecurely-housed 
TANF recipients, these stressors may also be compounded with the stresses of the housing crisis 
and, in effect, limit families’ ability to access the TANF benefits that would help them cope. 
Family perceptions, while beyond the scope of this dissertation, are another important area for 
future exploration. The next sections will review literature on family housing insecurity and 
TANF participation to more fully understand how, using this family stress framework, family 
resources and stressors may be hypothesized to influence the relationship between housing status 
and TANF participation.  
Review of Relevant Literature 
Family housing insecurity and homelessness. Conceptualizations of homelessness shift 
over time and across sources. There has been increasing recognition that experiences of 
homelessness are part of a broader phenomenon of housing insecurity, which has direct 
implications for strategies to prevent and end homelessness (Culhane & Metraux, 2008). This 
has led to an increased emphasis on mainstream programs, including TANF and other federal 
safety net programs, as a prevention strategy that targets all families facing housing insecurity, 
not just those who are literally homelessness (Culhane & Metraux, 2008; Olivia, 2013). 
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Reflecting the nebulous conceptualization of homelessness, researchers, government 
bodies, service providers, and advocates define and measure homelessness and housing 
insecurity in varying ways, particularly concerning the inclusion of families who reside with 
friends or family due to financial hardship, generally referred to as “doubling-up.” While 
doubled-up families are not literally “homeless,” their living situations are often characterized by 
instability, and have been shown to have negative effects on the wellbeing of doubled-up 
families, sometimes similar to experiences of homelessness. Many, but not all, doubled-up 
families are at imminent risk for homelessness (Edelman & Mihaly, 1989; Martin & Vacha, 
1994; Wright, Caspi, Moffitt, & Silva, 1998), and families who live doubled-up after episodes of 
homelessness broadly categorize their doubled-up experiences as negative and unstable (Bush & 
Shinn, 2017). Some researchers and policy advocates, however, point to doubling-up as a more 
stable arrangement that should not be equated to literal homelessness. There is some evidence 
that doubling-up can act as a protective factor, providing additional supports and allowing 
families to expend income on other necessities instead of housing costs (Ahrentzen, 2003; He, 
O’Flahety, & Rosenheck, 2010; Pilkauskas, Garfinkel, & McLanahan, 2014; Scott, 2011). 
Moreover, the case has been made that negative perceptions of doubling-up rest on hidden 
cultural bias, and the negative outcomes often associated with doubling-up may actually be due 
to over-crowding (Ahrentzen, 2003). 
Prior to 2011, the U.S. Department of Housing and Urban Development did not consider 
doubled-up families to be homeless, in conflict with the definitions used by various other federal 
departments and programs serving homeless families, including the Department of Education 
and the Department of Health and Human Services (Perl et al., 2015). In 2011, HUD revised its’ 
definition of homelessness to include some doubled-up families. Unaccompanied youth and 
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families with children can now be characterized by HUD as homeless if they meet all of the 
following conditions: they are defined as homeless under other federal statutes; in the past 60 
days they have moved at least twice and have not held a lease or ownership in a housing unit; 
and they have a disability, health condition, substance use problem, or child with a disability, 
history of domestic violence, or multiple barriers to employment.  
In this definition, HUD also includes individuals and families who “lack a fixed, regular, 
and adequate nighttime residence” including those who reside in emergency shelter or 
transitional housing, and those who are exiting an institution if they were there for 90 days or 
less and were previously residing in a shelter or otherwise lacked a regular and adequate 
residence, households that are at imminent threat of losing their residence within the next 14 
days and do not have the resources to maintain housing, and those that are fleeing domestic 
violence, sexual assault, stalking, or other violent conditions (Homeless Emergency Assistance 
and Rapid Transition to Housing, 2011).  
Researchers examining family homelessness often focus only on families residing in 
emergency shelters or temporary housing, or include doubled-up families as a separate group in 
their examination. There is no standard definition or measure of broader housing insecurity. 
Researchers utilize varying conceptualizations of housing insecurity, which may include: 
frequent moves, involuntary moves, cost-related moves, or moving in with others for financial 
reasons, housing tenure, trouble paying rent or mortgage, eviction or foreclosure, overcrowding, 
doubling-up, and homelessness. Often, scholars utilize either a single measure to identify 
households experiencing housing insecurity or combine multiple indicators to create a 
dichotomous variable. Recent work has moved towards more comprehensive measurement 
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techniques which capture both severity of housing issues and the dynamic nature of housing 
insecurity over time (e.g. Kim, Burgard, & Seefeldt, 2017).  
Rates of family housing insecurity and homelessness in the United States have grown 
rapidly since the 1980s (Desmond, 2015; Edelman & Mihaly, 1989), with significant growth 
during and directly after the recent recession; in 2011, there were 20.6 million households across 
the US spending more than 50 percent of their income on housing – a key risk factor of housing 
insecurity – reflecting a record high (JCHS, 2013). In 2009, there were approximately 3.5 million 
multi-family households, a 21% increase from 2003 (Eggers & Moumen, 2013). Furthermore, 
between 2007 and 2010, family homelessness increased by 20%, becoming the fastest growing 
subpopulation of homelessness (HUD, 2011).  
While recent years have seen slight decreases, family homelessness is still a significant 
issue; the 2016 HUD point-in-time count estimated 61,265 homeless family households, which 
include 116,706 children. This represents an approximate 35% of the total homeless population. 
An additional 4,113 children are estimated to belong to homeless households with no adults, 
which includes unaccompanied youth as well as adolescent parents and their children (HUD, 
2016). These numbers are an approximation of the extent of homelessness on a single night; they 
do not represent the amount of families who may become homeless over the course of a given 
year, and likely underestimate the extent of homelessness, particularly for unsheltered families 
who may be more difficult to identify during the count. Additionally, they do not take into 
account any families that may be considered homeless under broader definitions. The 
Department of Education, for instance, counted a total of 1,304,803 homeless students enrolled 
in public school districts during the 2015-2016 school year. This includes families who are not 
considered homeless under HUD’s definition, including those who are doubled up. However, it 
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does not include any children in families who may have experienced homelessness while school 
was not in session, as well as children enrolled in private schools, children who are too young for 
school, or those who have dropped out of school (National Center for Homeless Education, 
2017).  
Increasingly, researchers point to the interaction of both structural and individual-level 
causes of homelessness (Minnery & Greenhalgh, 2007; Shinn, 2007). While family housing 
insecurity and homelessness is widely attributed to structural and economic causes including 
poverty, unemployment and underemployment, a lack of affordable housing, and, as discussed 
above, an inadequate safety net (Bassuk 1993; Berger & Tremblay, 1999; Edelman & Mihaly, 
1989; Gould & Williams, 2010), individual and social factors help explain why some families 
become homeless while others remain housed. Homeless families are more likely to be headed 
by young, single mothers with low levels of education and employment experiences, limiting 
potential economic opportunities (Bassuk 1993; Bassuk, Rubin, & Lauriat, 1986; Breakey & 
Fisher, 1990; Edelman & Mihaly, 1989). Family household heads are most at risk of 
homelessness between the ages of 21 and 23 (Culhane, Metraux, Byrne, Stino, & Bainbridge, 
2013). Additionally, a disproportionate percentage of homeless families are of color; only 39 
percent of the individual in families with children included in HUD’s 2016 point-in-time count 
were white, while just under half were black and another 10 percent were characterized as multi-
racial. Thirty-one percent of these individuals were Hispanic (HUD, 2016). 
Homelessness is often episodic and cyclical in nature, reflecting broader experiences of 
housing insecurity. When faced with the loss of housing, most families live doubled-up before 
resorting to living on shelters, cars, or on the street (Edelman & Mihaly, 1989; Martin & Vacha, 
1994; Wright et al., 1998), often moving many times in the year prior to becoming homeless 
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(Bassuk et al., 1986). In general, most families who experience homelessness will experience a 
short-term episode of homelessness, followed quickly by periods of more stable housing 
(Culhane & Metraux, 2008; Culhane, Metraux, Park, Schretzman, & Valente, 2007).  
Long term chronic homelessness is fairly rare, especially among homeless families. 
However, chronic homeless populations utilize the majority of emergency shelter services 
(Byrne & Culhane, 2015; HUD, 2016). In 2016, approximately 4 percent of families captured by 
HUD during the yearly point-in-time count were characterized as chronically homeless, 
compared to approximately 22 percent of adults not accompanied by children (HUD, 2016).  
Nevertheless, 22 percent of homeless families utilize shelters on a long-term basis, compared to 
only 11 percent of adult long-term shelter users (Culhane et al., 2007), perhaps because 
chronically homeless adults are less likely to utilize shelter services (HUD, 2016).    
Family homelessness is associated with family instability, including family violence and 
social isolation. Social support plays a particularly large role in the risk of becoming homeless, 
as social networks can act as a safety net for impoverished families, providing housing support to 
families at risk of homelessness (Fertig & Reingold, 2008; Letiecq, Anderson, & Koblinsky, 
1998; McChesney, 1992). Homeless mothers often have extensive histories of trauma, both in 
childhood and adulthood (Schuster, Park, & Frisman, 2011; Styron, Jannoff-Bulman, & 
Davidson, 2000; Zlotnick, Tam, & Bradley, 2007). Additionally, homeless mothers commonly 
experience poor mental (Bassuk & Beardslee, 2014; Schuster et al., 2011; Weinreb, Buckner, 
Williams, & Nicholson, 2006) and physical health (Weinreb et al., 2006). However, compared to 
individual adult homelessness, families who become homeless are much less likely to experience 




TANF participation. Paralleling the demographics of homeless families, compared to 
non-recipients TANF users are more likely to be non-white (Acs, Phillips, & Nelson, 2005; 
Purtell, Gershoff, & Aber 2012; Teitler, Reichman & Nepomnyaschy, 2007), single, non-
cohabitating parents (Purtell et al., 2012; Teitler et al., 2007; Zedlowski 2002) of multiple 
children (Zedlowski, 2002) with low levels of education and work experience (Purtell et al., 
2012; Teitler et al., 2007), who are unemployed (Purtell et al., 2012) and disabled or in poor 
health (Acs et al., 2005; Zedlowski, 2002).  
In 2015, approximately 37% of TANF recipients were Hispanic, 30% were black, 28% 
were white, and the remaining 5% were categorized as American Indian/Alaskan Native, Native 
Hawaiian/Pacific Islander, Asian, or multi-racial. Adult recipients were often young; just over 
half were between the ages of 20 and 29, while approximately 30% were between the ages of 30 
and 39, and 12% were aged 40 to 49. Approximately 4% were over the age of 49, and another 
4% were under the age of 20. Only 7.5% of adult recipients had completed more than a high 
school education, and 38.6% had not completed high school. Just over a quarter were employed 
(Administration for Children & Families, 2016). TANF-enrolled families have been found to be 
eligible for larger benefit amounts as well as more months of benefits compared to non-
participating eligible families (Zedowski, 2002). 
After the implementation of TANF in 1996, caseloads drastically declined (Blank, 2002; 
Danielson & Klerman, 2008). Between 1995 and 2005, welfare caseloads were reduced by over 
fifty percent (Danielson & Klerman, 2008). While this decline was upheld by some as evidence 
of the success of the 1996 welfare reform in encouraging work, and indeed, work participation 
rates did increase (Blank, 2002),  analyses show multiple drivers of this drop, including broader 
economic growth, implementation of the Earned Income Tax Credit (ETIC), and policy changes 
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associated with the reform, including diversions to applying for welfare, time limits, and 
sanctions  (Danielson & Kerman, 2008), and reduced entry rates (Grogger, Haider, & Klerman, 
2003).  In 2012, only 32.4% of eligible families were estimated to have received TANF benefits 
in an average month, a significant drop from a 49.1% TANF participation rate in 2002 and an 
85.7% AFDC participation rate in 1992 (Crouse & Waters, 2015). In 2014, TANF caseloads 
accounted for only 23% of families living in poverty (Floyd, Pavetti, & Schott, 2015). 
Research examining the characteristics and outcomes of families who left and families 
who remained on TANF have concluded that those who remained enrolled after this caseload 
decline generally experience lower incomes and more barriers to employment than those who 
have left welfare (Moffitt, Cherlin, Burton, King, & Roff, 2002; Smith, 2001). However, former 
recipients do not necessarily leave TANF due to better economic conditions; many continue to 
face material hardship and poverty, especially if they are not connected to other safety net 
programs (Cancian & Meyer, 2004; Ozawa & Yoon, 2005).  
While most TANF recipients utilize the program for one relatively short period of time, a 
significant proportion of former recipients are likely to reenroll in TANF, especially within one 
year of exit (Cancian, Meyer, & Wu, 2005; Irving & Loveless, 2015). Qualitative data suggests 
that return to TANF is often due to employment instability and low wages, along with difficulties 
affording medical insurance and childcare (Anderson, Halter, & Gryzlak, 2004).  Utilizing data 
from the Current Population Survey, Blank and Kovak (2009) found a 20% rate of disconnection 
from both work and welfare among single mothers with incomes below 200% of the federal 
poverty line in 2005; more than double the 1990 rate. Most disconnection spells are relatively 
short, lasting no more than four months, though many households experience multiple periods of 
disconnection.  Disconnected mothers are more likely to report barriers to employment, 
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including lower educational achievement, physical health, mental health, and substance abuse 
problems, histories of domestic violence, and caring for young or disabled children (Blank & 
Kovak, 2009; Loprest & Nichols, 2011). 
TANF policies limit participation. In order to limit dependency and comply with federal 
requirements, states implement division, sanction, and time limit policies that act as structural 
barriers to TANF participation. Thirty-two states have formal diversion programs, in which 
families are offered or are required to receive a one-time cash payment before applying for 
TANF. Generally, these families are then prohibited from applying for TANF benefits for a 
specified period of time (Cohen, Minton, Thompson, Crowe, & Giannarelli, 2016; Rosenberg et 
al., 2008).  In addition to these cash diversion programs, states employ a variety of less formal 
diversion tactics, including requiring applicants to be actively searching for employment, 
requiring applicants to discuss a financial plan to get by without TANF with their caseworker, 
and referring applicants to other welfare programs and resources instead of TANF (Cohen et al., 
2016; Moffitt, 2003). These strategies are common, even in cities without official diversion 
policies ((Moffitt, 2003; Moffitt et al., 2003; Ridzi & London, 2006), and often result in non-
entry (Moffitt, 2003) or multiple reapplications before applicants are accepted (Ridzi & London, 
2006). 
While diversion strategies are, in principle, designed to increase self-sufficiency among 
employed or employment-ready applicants and better target applicant needs (Rosenberg et al., 
2008), in practice they may also prevent higher-need families from enrolling (Moffitt, 2003; 
Moffitt et al., 2003; Ridzi & London, 2006; Ybarra, 2011).  In an analysis of TANF applicants in 
Boston, Chicago, and San Antonio, Moffitt (2003) found that applicants with less education were 
more likely to be required to discuss alternative financial plans with their caseworkers, to be 
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notified of work requirements, and to be offered a one-time cash payment. Additionally, black 
applicants were more likely to report being discouraged by caseworkers from applying.  
Diverted applicants have been found to fall into two categories of higher or lower 
education, compared to enrollees. Those successfully diverted were also less likely to be disabled 
or unmarried, but were more likely to have no work experience. Taken together, this indicates 
that while some diversions may accurately target individuals who would be successful without 
TANF benefits, others, including individuals with low education levels and no work experience, 
are inappropriately diverted (London, 2003). This finding was supported by qualitative findings 
in a study of Wisconsin individuals who did not follow through on the state’s extended 
application process, which required the completion of a 12-day sequence of meetings and 
activities. While the majority of applicants left after they came to believe they would be 
ineligible for cash benefits, a subset of research participants with documented learning 
disabilities reported difficulty in meeting these extensive application requirements. These 
participants also reported additional hardships - including housing crises - that interfered with 
their ability to complete requirements, and were likely to attempt application multiple times 
(Ybarra, 2011).  Unsurprisingly, diverted applicants are more likely to use other safety-net 
programs in place of TANF (Moffitt et al., 2003).  
For some families that successfully enroll in TANF, program requirements interfere with 
the ability to maintain continuous participation. The two largest structural barriers to continuous 
participation are sanctions and time limits; both can cause involuntary case closure, and may also 
contribute to decisions to willingly leave (Lindhorst & Mancoske, 2006). States may sanction 
families for failing to meet requirements, which can result in a partial or full loss of benefits. 
Sanctions have been shown to have a significant effect on TANF exit (Moffitt, 2003). The 
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increased use of sanctions was a significant shift of welfare reform, and sanctions have become 
common experiences for some TANF participants. Estimates of the percentage of TANF 
recipients who receive either a full or partial sanction vary. In a review of research and state 
policies concerning sanctions, Pavetti, Derr, and Hesketh (2003) found that rates ranged from 5% 
to 60%. Most recipients who are sanctioned receive that sanction early on; often in the first three 
months of receipt. Sanctions are most commonly imposed on families who had failed to attend 
required appointments or submit required paperwork, rather than failure to fulfill work 
requirements (Cherlin et al., 2002; Moffitt, 2003).   
Multiple factors have been shown to affect the likelihood of TANF sanctions. 
Experiencing a sanction has been shown to be associated with lower levels of education (Bloom 
& Winstead, 2002; Cherlin et al., 2002; Hasenfeld, Ghose, & Larson, 2004; Kalil, Seefeldt, & 
Wang, 2002; Pavetti & Bloom, 2001); poorer physical and mental health (Cherlin et al., 2002; 
Kalil et al., 2002; Pavetti & Bloom, 2001); having a disability (Hasenfeld et al., 2004) fewer 
employment experiences and more barriers to employment (Bloom and Winstead, 2002; Cherlin 
et al., 2002), and having a young child (Moffitt, 2003). Furthermore, sanctioned recipients are 
more likely to lack transportation or childcare than non-sanctioned recipients (Cherlin et al., 
2002; Kalil et al., 2002; Pavetti & Bloom, 2001).  
Additionally, as is the case with use of diversion strategies, the authority of caseworkers 
in determining who to sanction may result in inequitable practices, partially because caseworkers 
have limited time and training in determining family needs that should exempt them from 
program requirements (Bloom & Winstead, 2002; Hagen & Owens-Manley, 2002; Pavetti & 
Bloom, 2001). Black recipients have been demonstrated to experience a greater risk of sanction, 
possibly reflecting a level of worker bias (Hasenfeld et al., 2004; Kalil et al., 2002). 
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Sanctions can have immediate effects on families’ TANF participation; in many states, a 
full family sanction comes with removal from the program, often with a mandatory wait period 
before reapplication (Cohen et al., 2016). Sanctions have been demonstrated to impact future 
TANF participation, even after these wait periods end.  While in most states families can attempt 
to reinstate benefits by appealing the decision or by coming into compliance with program 
requirements, some sanctioned families do not do so. Utilizing data from the Three-City Study, a 
longitudinal examination of TANF recipients and non-recipients in Boston, Chicago, and San 
Antonio, Cherlin et al. (2002) found that, of families who received a full or partial sanction, 
approximately one third did not try to reinstate their benefits. In total, half of all sanctioned 
recipients did not have their benefits reinstated, either because they did not try, or because their 
attempt was unsuccessful. Predictably, sanctions are associated with greater levels of material 
and financial hardship (Kalil et al., 2002). 
In addition to sanctions, time limit policies hinder TANF participation, both for families 
that reach their time limit, and for families who voluntarily exit TANF because they want to 
bank time. While a large proportion of households are not subject to time limits, either because 
they are enrolled as child-only cases or the state in which they live has lenient time limit policies, 
many others are subject to time limits of 60 months or less (Farrell, Rich, Turner, Seith, & 
Bloom, 2008; Pavetti & Bloom, 2001). As with sanctions and diversion strategies, in states with 
flexible time limit policies, caseworker discretion can influence which households are subject to 
time limits and which states are not, and recipient awareness of time limit policies can vary 
(Farrell et al., 2008).  
As with sanctions, families who reach their time limit are more likely to have lower 
levels of education (Farrell et al., 2008). These families are also more likely to live in subsidized 
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housing (Farrell et al., 2008; Pavetti & Bloom, 2001), and have larger families, at least in part 
reflecting income eligibility policies that allow for larger income for recipients with more 
children before losing eligibility (Pavetti & Bloom, 2001). Nevertheless, families that are cut off 
from TANF benefits due to time limits are not necessarily the most disadvantaged recipients, 
especially in states that allow for time limit extensions for families facing significant hardships 
or barriers to employment (Pavetti & Bloom, 2001). At the same time, there is evidence that 
families who reach their time limit and lose TANF benefits struggle to make ends meet (Farrell 
et al., 2008; Lindhorst & Mancoske, 2006).  
TANF participation among families experiencing housing problems. In general, data 
indicating the rate of TANF enrollment for homeless families is limited. States are not required 
to collect information about homelessness in their administrative TANF records; while many 
states do include documentation of homelessness or homeless risk factors, none of this data is 
publicly available, and, as of 2009, only five states reported using it for analysis (Wood, Dunton, 
Spellman, Abbenante, & Griffith, 2009). Estimates of TANF participation rates among homeless 
families range from less than 10 to over 50 percent, depending on sample characteristics (Burt et 
al., 2010; Burt et al., 2016; Institute for Children, Poverty, & Homelessness, 2015; National 
Alliance to End Homelessness, 2010; Nunez & Fox, 1999). 
Homelessness policy and advocacy organizations have attempted to calculate rates of 
TANF usage among individuals utilizing homeless service programs nationally. In a report 
published by the Institute for Children Poverty, and Homelessness, HUD data was used to 
estimate that only 9.5% of adults exiting Shelter Plus Care or Supportive Housing programs in 
2011 were recipients of TANF. This figure includes both parents and non-parents and does not 
consider TANF eligibility (Institute for Children, Poverty, & Homelessness, 2015). Similarly, the 
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National Alliance to End Homelessness has estimated that over 80% of families who enter 
homeless service programs do not receive TANF benefits, partially due to sanctions or reaching 
time limits (National Alliance to End Homelessness, 2010). These findings are echoed by a 2010 
HUD report of access to federal benefits and services in seven communities; analysis of local 
data of families leaving HUD-funded transitional and permanent supportive housing programs 
found TANF participation rates ranged from 1% to 23% (Burt et al., 2010). This variability is 
likely due, in part, to the wide variability of TANF eligibility rules in these communities, though 
it might also be explained by the availability of staff trained to provide enrollment help to 
families in these housing programs.  
Alternatively, there is evidence of higher rates of TANF enrollment among homeless 
families. In a longitudinal study of 2,282 homeless families residing in emergency shelters in 
twelve different U.S. cities or counties, Burt et al. (2016) found higher rates of TANF 
participation for homeless families when compared to poor but stably housed families in their 
communities, based on data from the American Community Survey. In fact, with the exception 
of WIC, homeless families were found to have similar or higher program participation rates 
compared to other impoverished families for all safety net programs examined. Forty-one 
percent of homeless families reported receiving TANF while residing in an emergency shelter, 
compared to 22% of families with income less than 50% of the federal poverty level in the same 
counties. Further analysis of this data revealed that, compared to non-recipients, homeless 
families that received TANF were more likely to be headed by younger, single parents with 
fewer, younger children. There were no significant racial or ethnic differences. Approximately 
half of the families residing in traditional emergency shelters reported receiving aid in accessing 
public benefits twenty months later; while these families reported slightly higher rates of benefit 
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receipt, these differences were only statistically significant for families that had not received 
TANF at the time of their initial shelter stay (Khadduri et al., 2017).  
Twenty months after initial data collection, TANF participation fell to 33% of the 
homeless sample, even though most families remained below 50% of the federal poverty line. 
For families who were no longer receiving TANF benefits at the 20-month follow-up, 50% 
reported receiving income from earnings, compared to 24% of families who were still enrolled in 
TANF (Burt et al., 2016). Continued housing instability twenty months after initial data 
collection was associated with lower levels of safety-net benefit receipt, including SNAP, public 
health insurance, and TANF – 27% of families experiencing housing instability were enrolled in 
TANF compared to 34% of stably-housed families. For TANF, however, this difference was not 
statistically significant. Additionally, families who had received a housing subsidy were 
significantly more likely to be enrolled in TANF (Khadduri et al., 2017).  
Analyzing longitudinal data from the SAMHSA Homeless Families Program Data Set 
collected between 1999 and 2006, Burt et al. (2010) found that, of homeless mothers with mental 
health or substance abuse problems who are enrolled in targeted interventions or receiving 
services as usual across seven U.S. communities, nearly 52 percent reported receipt of either 
TANF or General Assistance at baseline. Three months later, this had increased to 63 percent, 
likely reflecting the relative effectiveness of case management roles within the service received. 
At fifteen months, however, this rate decreased to approximately 44 percent. Similarly, Nunez 
and Fox (1999) found that 59% of their sample of 775 homeless families participating in 
homeless service programs across 10 U.S. cities were TANF recipients, while an additional 8% 
of the sample reported participating in TANF within the last six months. Of the families who 
reported TANF receipt, approximately 30% reported that their benefits had been reduced or 
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stopped within the last six months; about half of these families reported this to be a cause of their 
homeless status.  
 Aside from recent analyses of the family composition and demographics of homeless 
TANF recipients (Khadduri et al., 2017), there is extremely limited data concerning the factors 
that influence homeless families’ participation in TANF. Utilizing administrative data and 
interviews, Calsyn, Kohfeld, and Roades (1993) examined the usage of a broad range of welfare 
benefits among homeless individuals in St. Louis, Missouri, including general assistance, AFDC, 
Medicaid, and food stamps. Logistic analyses revealed that, while the only significant predictor 
of current welfare receipt for men was the number of agencies with which the individual was in 
contact for assistance during their current episode of homelessness, several variables predicted 
homeless women’s welfare receipt. For women, the number of agencies contacted, having a 
dependent child, and having a history of prior homelessness or child welfare involvement during 
childhood were all positively associated with current welfare receipt. A history of prior 
hospitalizations for mental health problems was negatively associated with welfare receipt.  For 
both men and women, the length of their current homelessness episode, as well as a number of 
other variables, including marital status, age, race, and education level, were not significant 
predictors of welfare receipt.   
Resources that may affect TANF participation for insecurely housed families. Based 
on the logic of family stress theory, which posits that family coping is influenced by their 
resources the following sections consider research on resources that may impact TANF 
participation for families who are doubled-up, homeless, or otherwise housing insecure. These 
include social support, employment, housing assistance, and childcare. As there is not much 
evidence considering the factors that might affect TANF participation for these families, these 
27 
 
sections draw on two bodies of research exploring the relationship between these resources and 
both housing status and TANF receipt and sanction.  
Social support.  Support from social networks has been demonstrated to be advantageous 
to families experiencing economic hardship; social networks can be leveraged in obtaining 
opportunities that enable upward mobility and can also be used as an informal safety net in 
meeting basic needs (Briggs, 1998).  Research has demonstrated that housing instability, 
particularly homelessness, is associated with low levels of tangible social support (Fertig & 
Reingold, 2008; Greenbaum, Hathaway, Rodriguez, Spalding, & Ward, 2008; Keene & 
Geronimus, 2011; Shinn, Knickman, & Wetizman, 1991). For homeless families, there is 
evidence that this relationship is bi-directional; lower levels of social support may increase the 
risk of homelessness, since support networks can act as a safety net in preventing homelessness, 
and experiences of housing instability may erode social networks, especially for families who 
have already doubled-up with friends and family to prevent literal homelessness (McChesney, 
1992; Shinn et al., 1991; Toohey, Shinn, & Weitzman, 2004). Using data from the Fragile 
Families and Child Wellbeing study, Fertig and Reingold (2008) found that low levels of family 
support was a strong predictor of later homelessness. Specifically, the availability of family 
members who can provide supportive resources, including childcare, loans, and a place to live, is 
negatively correlated with later homelessness.  
Generally, levels of social support differ among families experiencing literal 
homelessness and those that are doubled-up; as housing becomes more insecure, families are 
likely to report lower levels of social support. Families residing doubled-up report more social 
support than families residing in transitional housing or shelters, and families in transitional 
housing programs report higher social support than those still in emergency shelters (Letiecq et 
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al., 1998). Alternatively, Goodman (1991) compared the social support of homeless and low-
income housed mothers and found that while homeless mothers place less trust in their social 
networks, the size, composition, and type and amount of support received was similar. In a 
similar vein, Shinn et al. (1991) found that while mothers entering shelter were more likely to 
have recently seen relatives and friends compared to low-income housed mothers, they were less 
likely to believe these social networks would provide them with housing support if asked. 
Upholding the hypothesis that housing-insecure families exhaust their sources of tangible 
support by doubling-up before seeking shelter, homeless mothers were highly likely to have 
stayed with relatives or friends before seeking shelter. These mothers often reported that 
difficulties in these doubled-up situations led to them seeking shelter.  
Qualitative research has found that homeless mothers consider social support to be a key 
factor in reaching greater levels of stability; support networks were reported to provide child 
care, financial resources, emotional support, and other services. For many homeless mothers, 
however, non-institutional supports were lacking; mothers often reported their largest source of 
support to be homeless services staff or other women residing with them in shelter (Lindsey, 
1996). Research considering the level and importance of social support in families experiencing 
other forms of housing insecurity is lacking. However, there is evidence of a relationship 
between general material hardship and low levels of social support (Henly, Danziger, & Offer, 
2005).  
Impoverished families generally use a combination of supports to meet their needs, 
including employment, informal support networks and formal assistance programs (Edin & Lein, 
1997; Henly, 2002; Monroe & Tiller, 2001). Research examining levels of social support within 
families who have received TANF have found that tangible social support, particularly financial 
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support, is lower among TANF recipients than non-recipients (Henly et al., 2005; Zedlewski, 
2002), and that social support may aid in the transition to stable employment (Livermore & 
Powers, 2006; Ziersch & Arthurson, 2005). In a longitudinal analysis of women who had 
received TANF in 1997, Henly et al. (2005) found that a greater reliance on income from 
welfare, as opposed to employment, was associated with lower levels of social support. 
However, multivariate models did not show a significant relationship between perceived social 
support and job quality or earnings, though there was a relationship between perceived support 
and poverty status. Further research is needed to understand the relationship between social 
support and TANF receipt and sanction, though available evidence does indicate that social 
support may play a role in predicting TANF participation, particularly among families 
experiencing more severe forms of housing insecurity.  
Employment. Compared to non-recipients, TANF recipients are more likely to have low 
levels of education and work experience and are more likely to be unemployed (Purtell et al., 
2012; Teitler et al., 2007). In 2015, only 7.5% of adult recipients had completed more than a high 
school education, and 38.6% had not completed high school. Just over a quarter were employed 
(Administration for Children & Families, 2016). Similarly, individuals experiencing housing 
insecurity, in particular those who are homeless, are categorized by low levels of education and 
limited past employment (Bassuk 1993; Bassuk et al., 1986; Breakey & Fisher, 1990; Edelman 
& Mihaly, 1989).  
There is evidence that experiences of housing insecurity act as barriers to employment by 
increasing the likelihood of job loss (Desmond, 2016; Desmond & Gershenson, 2016) and 
disrupting the social networks that produce employment opportunities (Ziersch & Arthurson, 
2005). In a study of housing loss utilizing data from the Milwaukee Area Renters Study, 
30 
 
Desmond and Gershenson (2016) found that involuntary housing loss among renters– through 
eviction, landlord foreclosure, or condemnation – increased the odds of job loss by 11 to 22 
percent, likely because of the stress and time burden associated with unexpected housing loss 
and forced removal (Desmond, 2016). Interestingly, while job loss was also shown to increase 
the risk of housing loss, this effect was much smaller than the reverse.   
Barriers to employment, including low levels of education, have been shown to influence 
TANF participation. Mothers disconnected from both welfare and work are, unsurprisingly, 
likely to report multiple barriers to employment, including lower educational achievement, 
physical health, mental health, and substance abuse problems, histories of domestic violence, and 
caring for young or disabled children (Blank & Kovak, 2009; Loprest & Nichols, 2011). There is 
some evidence that TANF applicants with lower levels of education are more likely to be 
subjected to a diversion strategy upon application (London, 2003; Moffitt, 2003).  
Low education levels and other employment barriers are also associated with higher 
likelihood of TANF sanction. In particular, experiencing a sanction has been shown to be 
associated with lower levels of education (Bloom & Winstead, 2002; Cherlin et al., 2002; 
Hasenfeld et al., 2004; Kalil et al., 2002; Pavetti & Bloom, 2001); poorer physical and mental 
health (Cherlin et al., 2002; Kalil et al., 2002; Pavetti & Bloom, 2001); having a disability 
(Hasenfeld et al., 2004) fewer employment experiences and more barriers to employment 
(Bloom & Winstead, 2002; Cherlin et al., 2002), and having a young child (Moffitt, 2003). 
While research has shown that work rates are higher in states with full family sanction policies 
(Kim, 2000), recipients who leave TANF due to full family sanctions are less likely to be 
employed than other welfare leavers (Bloom & Winstead, 2002; Lee, Slack, & Lewis, 2004). 
Furthermore, families who reach their time limit are more likely to have lower levels of 
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education when compared to TANF recipients who have not yet met the time limit (Farrell et al., 
2008). Because housing instability has been shown to act as a barrier to employment (Desmond 
& Gershenson, 2016), there is some evidence that employment may mediate a relationship 
between precarious housing and TANF participation; this warrants further exploration.  
Housing assistance. Government-provided housing assistance is a valuable, yet rather 
scarce, resource for families who are homeless or at risk of homelessness. Housing assistance has 
been shown to reduce material hardship, increase stability, and prevent future housing insecurity 
and experiences of homelessness (Fischer, 2015; Kim et al., 2017; Mills et al., 2006; Wood, 
Turnham, & Mills, 2009). However, the majority of federal spending on housing subsidies is 
directed towards higher-income households, primarily in the form of property tax and mortgage 
interest deductions, rather than towards lower-income families, primarily in the form of rental 
assistance. On average, households with incomes below $20,000 received only $1,529 in housing 
benefits in 2015, compared to an average of $6,076 received by households with incomes over 
$200,000 (Fischer & Sard, 2017).  
Currently, federal guidelines require that households earn under 80 percent of the local 
median income to be eligible for federal rental assistance. The largest federal low-income 
housing assistance programs also require that a proportion of households served be extremely 
low income, earning less than 30 percent of the local median income; approximately two thirds 
of households receiving federal housing assistance qualify as extremely low income (Center on 
Budget and Policy Priorities, 2017).  Until 1998, local public housing authorities were required 
to prioritize homeless families in allocating housing assistance. While no such federal mandate 
currently exists, a minority of public housing authorities do consider homelessness when 
determining prioritization of housing assistance. Local authorities also sometimes prioritize the 
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elderly, employed, disabled, victims of domestic violence, households displaced by natural 
disasters, those with a high rent burden, or other criteria (National Low Income Housing 
Coalition, 2004).  
While three quarters of families who qualify for federal housing assistance do not receive 
it (Rice & Sar, 2009), there is limited evidence that receipt of housing assistance is associated 
with past experiences of homelessness and other forms of housing insecurity (Leopold, 2012; 
Park, Fertig, & Metraux, 2014) perhaps in-part due to the aforementioned preferences of some 
local housing authorities, as well as the existence of housing programs specifically targeting 
homeless households. In a study of households which recently received or were on waitlists for 
public housing or Housing Choice vouchers from 25 public housing authorities, 7 percent of 
families were homeless either at the time of the interview or, if recent recipients, immediately 
prior to housing assistance receipt. Furthermore, 23 percent of families reported an experience of 
homelessness within the last year. An additional 40 percent of families were living with family 
or friends at the time of the survey or immediately prior to receiving assistance, of which 
approximately half did not contribute to housing costs. Notably, these figures may underestimate 
the rate of homelessness for households waiting for assistance, as a relatively low response rate 
(58%) likely reflects the difficulty in locating homeless and highly transient families (Leopold, 
2012). Using the same dataset employed in this dissertation, Park et al. (2014) found homeless 
families were over three times more likely to later receive housing assistance than families who 
had not been homeless. In addition to experiences of homelessness, the only other significant 
predictors of housing assistance receipt were being black, receiving welfare benefits, and the 
availability of housing vouchers in respondents’ cities. While more frequent moves and living 
doubled-up were significantly associated with housing assistance in bivariate analyses, these 
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housing hardships were not significant predictors of receipt of housing assistance in the 
multivariate logistic regression.   
There is also evidence that receipt of housing assistance is associated with TANF receipt 
(Jacob & Ludwig, 2012; Mills et al., 2006; Quane, Rankin, & Joshi, 2002). While additional 
data, particularly from longitudinal analyses, is needed to fully understand the nature of this 
relationship, taken together current literature points to a possible bi-directional relationship. For 
instance, TANF receipt has been shown to be associated with a higher likelihood of using a 
housing voucher when it is offered (Jacob & Ludwig, 2012). In a study utilizing random 
assignment, however, families who had been assigned to receive a housing voucher were more 
likely to be TANF recipients three and a half years after their housing voucher was first received 
(Mills et al., 2006). Moreover, using data from the Three-City Study, Quane et al. (2002) found 
that government-assisted housing is common among welfare recipients; just over half of 
respondents receiving welfare lived in public housing, and an additional 17 percent receiving a 
housing voucher. Families with no history of welfare receipt and families who had not received 
welfare for over two years were both significantly less likely to be receiving either form of 
housing assistance.  However, patterns of housing assistance and welfare receipt varying 
significantly across the three cities, reflecting the importance of local policy in granting access to 
needed benefits.  
Because the value of the subsidy provided by housing assistance is contingent on income, 
receipt of housing assistance may function to limit employment, which may then increase the 
likelihood of receipt of other public benefits, including TANF (Jacob & Ludwig, 2012). The true 
effect of housing assistance on employment is not fully known, however. For instance, Mills et 
al. (2006) found a small decrease in employment and earnings in the first year of housing 
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assistance receipt, but this effect was not statistically significant after the first year. Instead of 
reflecting a decreased value of work, Mills and colleagues conclude that this may be due to work 
disruptions caused by moving. The same study, however, did see an increase in TANF receipt. 
Further research is needed to more fully understand the relationships between level of housing 
security, receipt of housing assistance, participation in TANF, and other confounding factors, 
including employment.  
Childcare. While more research is needed, there is preliminary evidence that childcare 
utilization may help account for differences in TANF receipt and sanction among families 
experiencing varying forms of housing hardship. Access to affordable childcare is a significant 
barrier to employment for low-income and single women (Ahn, 2012; Herbst, 2010; Tekin, 
2007). There is some evidence of low-levels of childcare usage among homeless families. In a 
study surveying homeless families in ten cities, Nunez and Fox (1999) found that less than 40% 
of homeless families reported using regular childcare. This lack of childcare was cited as the 
most significant barrier to employment among these families. Others have pointed to the lack of 
childcare among homeless families as a barrier to participation in a range of social services and 
programs (Burt et al., 2010 Gelberg et al, 2004; National Center for Homeless Education, 2011; 
Thomas & So, 2016; Wood & Valdez, 1991). However, more research is needed to fully 
understand if and how childcare impacts access to programs and services for homeless and 
housing-insecure families.  
For TANF recipients, access to childcare has significant implications for mothers’ ability 
to maintain continuous TANF participation without receiving a sanction and successfully 
transition from TANF to stable, long-term employment. Unsurprisingly, the lack of affordable 
childcare acts as a barrier to meeting TANF requirements, particularly employment. Reflecting 
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this barrier, research has shown that TANF recipients who have been sanctioned are more likely 
to lack childcare than non-sanctioned recipients. (Cherlin et al., 2002; Kalil et al., 2002; Pavetti 
& Bloom, 2001). Furthermore, TANF returners have cited difficulties affording childcare as an 
important factor in the return to TANF (Anderson et al., 2004). 
Sources of stress that may affect TANF participation for insecurely housed families. 
The next two sections consider research on stressors that may impact TANF participation for 
families who are doubled-up, homeless, or otherwise housing insecure. These include parenting 
stress, mothers’ physical and mental health, as well as their children’s health.  Like the preceding 
sections, these sections draw on two bodies of research exploring the relationship between these 
stressors and both housing status and TANF receipt and sanction, and they are informed by 
family stress theory.  
Parenting stress. Experiences of housing insecurity, doubling-up, and homelessness can 
be profoundly stressful and disruptive for both parents and children, especially for homeless 
individuals living in temporary shelters, hotels or motels, cars, or other precarious conditions 
(Cosgrove & Flynn, 2005; Desmond & Kimbro, 2015; DeWard & Moe, 2010; Glenn & 
Goodman, 2015; Mayberry, Shinn, Benton, & Wise, 2014; Thomas & So, 2016). When also 
considering the characteristics of homeless families – headed by young, single mothers with 
young children (Anderson & Koblinsky, 1995; Bassuck et al., 1986; Culhane et al., 2013) - it is 
unsurprising that a significant proportion of insecurely-housed parents, particularly homeless or 
recently-evicted mothers, experience high levels of parenting stress (Desmond & Kimbro, 2015; 
Gorzka, 1999), and that this stress creates a high risk of adverse parenting (Gorzka, 1999).  
Utilizing data from the FFCWS, Desmond and Kimbro (2015) found higher levels of 
parenting stress among mothers who had experienced eviction when using a propensity score 
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analysis controlling for a large number of family and neighborhood characteristics, including 
receipt of a wide range of public benefits and TANF sanction. Using the same dataset, Warren 
and Font (2015) found that maternal parenting stress mediated the relationship between housing 
insecurity, defined as recent eviction, multiple moves, or homelessness, and risk of child 
maltreatment. Moreover, parenting while experiencing more severe forms of housing instability, 
particularly homelessness, has been linked to poor parenting practices (Koblinsky, Morgan, & 
Anderson, 1997) and higher levels of child abuse (Culhane, Webb, Grim, Metraux, & Culhane, 
2003; Park, Metraux, Broadbar, & Culhane, 2004). 
This may be, in part, due to the stressful experiences of housing insecurity itself, and, for 
homeless and doubled-up families, the restrictive nature of their living arrangements (Bassuk & 
Rubin, 1987; Boxil & Beaty, 1990; Bradley & Corwyn, 2002; David, Gelber, & Suchman, 2012; 
Hausman & Hammen, 1993; Perlman, Cowan, Gewirtz, Haskett, & Stokes, 2012; Schindler & 
Coley, 2007). Shelters may limit the autonomy felt by residents in their role as a parent. Shelter 
rules and limited space often do not align with ideal parenting practices and may impede on a 
family’s already established routine. The lack of privacy and disagreements between residents or 
staff about parenting practices may lead to self-doubt and diminished parental authority (Bassuk 
& Rubin, 1987; Boxil & Beaty, 1990; David et al., 2012; Hausman & Hammen, 1993; Perlman 
et al., 2012; Schindler & Coley, 2007).  
While there is not research specifically examining the impact of parenting stress on 
TANF enrollment and sanction, it is possible that parenting stress, along with other daily or 
unexpected stressors, impacts the amount of hassle parents perceive TANF application and 
participation requirements to be, particularly in light of diversion strategies and complicated 
application processes. Would-be applicants report hassle to be a significant deterrent to 
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application (Moffitt, 2003; Moffit et al., 2003; Ridzi & London, 2006). There is limited evidence 
to support this connection between parenting stress and ability or desire to meet TANF 
requirements, including evidence that parenting stress acts as a barrier to employment (Kalil et 
al., 1998; Oliker, 1995; Orthner & Neenan, 1996). In a study of mothers enrolled in a North 
Carolina employment program associated with AFDC immediately prior to welfare reform, 
Orthner and Neenan (1996) found that parenting stress was a predictor of whether mothers 
completed the program’s educational and training activities. Supporting this finding, in a 
qualitative study of thirty AFDC recipients with mandatory work requirements, mothers reported 
caregiving burdens and parenting stress to be a significant obstacle to paid employment, 
particularly for mothers with fewer support networks (Oliker, 1995). Given this evidence, it may 
be possible that parenting stress acts as a barrier to TANF enrollment and as a risk-factor of 
TANF sanction, particularly for families dealing with the additional stress of a housing crisis.  
Child and maternal health. Though economic factors are recognized as the primary 
drivers of housing insecurity, poor child and maternal health may increase the likelihood of 
homelessness for impoverished families (Curtis, Corman, Noonan, & Reichman, 2014). 
Furthermore, there is also ample evidence that housing problems have negative impacts on both 
child health and development (Cutts et al., 2011; Desmond & Kimbro, 2015; Dong et al., 2005; 
Edelman & Mihaly, 1989; Harkness & Newman, 2005; Jelleyman & Spencer, 2008) and 
maternal health and mental health (Bassuk & Beardslee, 2014; Park, Fertig, & Metraux, 2011; 
Schuster et al., 2011; Weinreb et al., 2006). These health issues have been found to be associated 
with a spectrum of housing insecurity severity, including overcrowding, high levels of 
transience, housing unaffordability, evictions, foreclosure, doubling-up, and homelessness.  
Furthermore, both homeless and less severely unstably housed families face barriers to health 
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care for children and adults (Fowler, Simpson, & Schoendorf, 1993;  Kushel, Gupta, Gee, & 
Haas, 2006; Ma, Gee, & Kushel, 2008; Reid, Vittinghoff, & Kushel, 2008; Roth & Fox, 1990; 
Weinreb, Goldberg, Bassuk, & Perloff, 1998; Wood & Valdez, 1991), with families experiencing 
more precarious forms of instability, like homelessness, also experiencing lower access to care 
and more frequent hospitalizations (Reid et al., 2008).  
In a cross-sectional analysis of patients at medical centers serving low-income families, 
Cutts et al. (2011) found significant associations between multiple moves and young children’s 
developmental risk, low weight-for-age, and caregiver-rated fair or poor health compared to 
securely housed families, though this was not the case for families living doubled-up or in 
overcrowded households, in contradiction with other studies examining the health impacts for 
children living in crowded or doubled-up households (Evans, 2006; Ma et al., 2008) A 
systematic review of 22 studies examining the health effects of childhood mobility throughout 
the life course found similar negative health effects for school-age children and adolescents, but 
not necessarily for young children or adults (Jelleyman & Spencer, 2008). However, homeless 
children have been shown to experience mental, physical, and developmental health problems, 
often as a result of their homeless status (Edelman & Mihaly, 1989; Weinreb et al., 1998), 
though these health and development issues may not persist long-term after regaining stability 
(Shinn et al., 2008).  
Mothers also face significant health challenges in the face of housing instability, both in 
terms of their physical and mental health. Like the consequences for child health, a wide 
spectrum of housing issues has been tied to maternal health, though there is evidence that more 
severe housing instability (i.e. homelessness) is tied to more severe health issues and less access 
to care. Utilizing data from the Michigan Recession and Recovery Study, which surveyed 
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Michigan residents aged 19-64, Burgard, Seefeldt, and Zelner (2012) examined the health effects 
of eight types of housing instability, ranging from multiple moves to homelessness. The 
researchers found little impact of multiple moves on health when compared to respondents who 
had not experienced housing instability, but did find significant differences in health status for 
those who reported other housing issues. Respondents who reported they had moved for cost, 
those who had been homeless in the past 12 months, and those who were behind on their 
mortgage, in foreclosure, or had experienced a foreclosure in the past three years were more 
likely to report their health as fair or poor, meet criteria for a depression diagnosis, and have had 
a recent anxiety attack, Those who were doubled-up in the past 12 months, were behind on rent, 
or had been evicted in the past 12 months  were more likely to have had  a recent anxiety attack.   
Other recent work has focused specifically on the negative impacts of eviction and 
foreclosure on mental health, particularly anxiety and depression (Cannuscio et al., 2012; Currie 
& Tekin, 2015; Desmond & Kimbro, 2015; Houle, 2014; Osypuk, Caldwell, Platt, & Misra, 
2012). A few studies have focused specifically on mothers. For pregnant black mothers, the 
experience of a recent foreclosure increased the risk of severe depression by 1.76 times 
compared to women who had not been through a foreclosure (Osypuk et al., 2012). Similarly, 
Desmond and Kimbro (2015) found that mothers who had been evicted were nearly twice as 
likely to report depression and were slightly more likely to report poor health compared to 
mothers who had not experienced eviction; this effect held true several years later, thought the 
difference was not as strong. This may have both individual- and community-level effects; in a 
study examining the effects of county-level foreclosure rates on self-reported mental health, 
Houle (2014) found a significant relationship between foreclosure rates and community 
members’ mental health, particularly in communities with higher proportions of Black or lower 
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educated residents. A similar community-level relationship was found between foreclosure and 
hospital and emergency room visits (Currie & Tekin, 2015). For those who lose their housing, 
increases in anxiety and depression might be tied to associated feelings of loss of control (Ross 
& Squires, 2011). Alternatively, eviction and foreclosure might force households to move into 
substandard housing or neighborhoods characterized by higher crime or poverty, which may then 
affect health status (Desmond & Kimbro, 2015).  
Like families experiencing housing insecurity, TANF recipients are more likely to be 
disabled or in poor health compared to non-recipients (Acs et al., 2005; Zedlowski, 2002). At the 
same time, poor health may impact eligible households from applying for TANF or meeting 
participation requirements. Mothers who are disconnected from both work and welfare are likely 
to report physical and mental heath problems, along with other barriers to employment (Blank & 
Kovak, 2009; Loprest & Nichols, 2011), and there is evidence that eligible non-applicants 
experience poorer health than applicants, particularly for individuals who report considering 
applying for TANF but not doing so because of the “hassle” (Moffitt et al., 2003). For those who 
did enroll in TANF, poor physical and mental health and having a disability is associated with a 
higher risk of sanction (Cherlin et al., 2002; Hasenfeld et al., 2004; Kalil et al., 2002; Pavetti & 
Bloom, 2001). Taken together, there is preliminary evidence that maternal and child health issues 
may act as a barrier to TANF receipt or as a predictor of TANF sanction, particularly for families 
experiencing at least some forms of housing instability.  
Research gaps  
While the reviewed literature provides some understanding of the factors that may 
influence TANF receipt and sanction among families experiencing housing insecurity, there is 
insufficient research examining TANF participation over time specifically for these families. 
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Moreover, there is a lack of literature examining the role of stress, particularly parenting stress, 
in TANF receipt and sanction, as well as limited work examining multiple types of housing 
insecurity which range in severity. To address these issues this dissertation addresses the 
following gaps.  
First, there is almost no research examining welfare participation among families with 
experiences of homelessness and other forms of housing insecurity or the factors that affect this 
participation; estimates of the extent of TANF use among homeless families vary widely (Burt et 
al., 2010; Burt et al., 2016; Institute for Children, Poverty, & Homelessness, 2015; National 
Alliance to End Homelessness, 2010; Nunez & Fox, 1999), and there are not similar estimates 
available for families experiencing less severe forms of housing insecurity. These estimates do, 
however, point to lower-than-expected participation rates given the amount of economic 
hardship homeless families experience. Only one study could be located which examines the 
factors that might influence whether a homeless family receives welfare benefits (Calsyn et al., 
1993), which was conducted before the implementation of TANF, did not include a comparison 
group to non-homeless individuals, and utilized a cross-sectional design. To address this 
significant gap, this study utilizes a multi-city, longitudinal dataset, the Fragile Families and 
Child Wellbeing Study (FFCWS), to examine the relationship between level of housing 
insecurity and TANF enrollment. The study utilizes longitudinal analyses in order to examine 
participation following an experience of housing insecurity and the factors that affect that 
participation over time. Because the FFCWS includes data on a large number of economically 
disadvantaged families, it is an ideal dataset to compare families who have experienced housing 
insecurity and homelessness to other low-income families who have not.  
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This study extends the use of family stress theory, in particular aspects of the Double 
ABCX Model of Family Adjustment and Adaptation (McCubbin & Patterson, 1983), to examine 
the role of both resources and stressors in TANF receipt and sanction for families that are 
homeless, doubled-up, insecurely-housed, and securely-housed. While there is evidence that 
these resources - namely social support, employment, housing assistance, and childcare- and 
stressors – namely parenting stress and mental and physical health – play a role in both TANF 
participation and housing security, their potential role as mediators and moderators has not been 
explored. This study employs three waves of longitudinal FFCWS data to explore the 
mechanisms through which housing status influences TANF receipt and sanction.  
Finally, research considering housing insecurity often focuses only on literal 
homelessness or on one specific type of housing crisis (e.g. eviction or frequent moves). This 
does not reflect the current reality of housing insecurity, as families often experience multiple 
housing crises prior to becoming homeless (Bassuk et al., 1986; Edelman & Mihaly, 1989; 
Martin & Vacha, 1994; Wright et al., 1998), and evidence points to distinctive consequences of 
housing instability depending on its severity and nature. Furthermore, within this body of 
research, there is conflicting evidence of the level of hardship faced specifically by families who 
are doubled-up.  This study utilizes four groups of respondents: those have experienced recent 
homelessness; those who are doubled-up and pay no rent; those who have experienced at least 
one housing issue, including foreclosure, eviction, trouble with housing payments, multiple 
moves, and moving in with others due to financial problems, and those who are stably-housed. 
This allows for the exploration of differences in the factors that affect TANF receipt and sanction 




Research questions and conceptual models 
To address these gaps, this dissertation investigated three core questions examining 
associations between housing insecurity and TANF receipt and sanction. The first question 
examines the relationship between housing status and TANF receipt and sanction two years later, 
hypothesizing an increased likelihood of TANF receipt and TANF sanction as the level of 
housing hardship increases. Questions 2 and 3 explore that relationship over a longer period in 
order to determine the extent to which it can be explained by a direct relationship between 
housing insecurity and TANF participation or an indirect relationship mediated, or in some cases 
moderated, by resources and additional stressors. Six specific hypotheses were considered, which 
are based on the conceptual models shown in Figures 2.2 and 2.3. These research questions and 
hypotheses are outlined in Table 2.1.  
The decision to examine both mediating and moderating relationships was grounded in 
the preceding review of current literature and theoretical framework. Previous research has 
indicated that families experiencing housing insecurity lack certain resources that increase 
economic stability, often because of the disruption caused by the housing crisis (Desmond & 
Gershenson, 2016; Toohey et al, 2004; Ziersch & Arthurson, 2005). In general, a lack of these 
resources – particularly social support, childcare, and stable employment – decrease families’ 
ability to meet their needs, thus increasing the likelihood of TANF receipt (Anderson et al., 
2004; Henley et al., 2005; Purtell et al., 2012; Teitler et al., 2007; Zedlewski, 2002). An extreme 
lack of these resources, however, can inhibit a family’s ability to successfully meet TANF 
participation requirements, thus also suggesting an association with likelihood of sanction 
(Bloom & Winstead, 2002; Cherlin et al., 2002; Kalil et al., 2002; Pavetti & Bloom, 2001).  
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Therefore, a lack of social support, childcare, and stable employment all might mediate 
the relationship between housing status and both TANF receipt and sanction, helping to explain 
why families with histories of housing insecurity are more likely to receive and be sanctioned on 
TANF. Housing assistance is slightly unique, in that it is a resource that is positively associated 
with both housing insecurity, particularly homelessness, and TANF receipt (Jacob & Ludwig, 
2012l; Leopold, 2012; Mills et al., 2006; Park et al., 2014; Quane et al., 2002). At the same time, 
there is also weak evidence that housing assistance limits employment (Jacob & Ludwig, 2012), 
which may then increase the likelihood of TANF sanction for recipients. In both instances, then, 
there is evidence to warrant the investigation of housing assistance as a mediator.  
Taken together, previous research provides a basis for the hypothesis that social support, 
employment, housing assistance, and childcare all mediate the relationship between housing 
status and both TANF receipt and sanction – with housing status positively associated with both 
TANF receipt & sanction and higher levels of housing insecurity, and social support, 
employment, and childcare negatively associated with higher levels of housing insecurity and 
TANF participation. Underlying this hypothesis is the Double ABCX model of family stress, 
which theorizes that family resources affect coping – in this case, the likelihood that families 
receive TANF benefits, and are able to maintain participation without receiving a sanction.  
It is theorized that stressors, however, function differently as they relate to TANF receipt 
and sanction. The Double ABCX model theorizes that the pile-up of family stressors impacts a 
family’s ability to cope over time. These stressors, namely parenting stress, health, and mental 
health, may impact a families’ ability and likelihood of enrolling in TANF when benefits are 
needed. This may be particularly true for families experiencing a housing crisis, as the stress of 
their housing situation interacts with and amplifies these more normative stressors. Previous 
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literature indicates that housing-insecure mothers experience higher levels of parenting stress 
(David et al., 2012; Desmond & Kimbro, 2015; Gorzka, 1999; Perlman et al., 2012; Warren & 
Font, 2015) and poorer health and mental health (Bassuk & Beardslee, 2014; Burgard et al., 
2012; Cannuscio et al., 2012; Currie & Tekin, 2015; Desmond & Kimbro, 2015; Houle, 2014; 
Osypu et al., 2012; Park et al., 2011; Schuster et al., 2011; Weinreb et al., 2006).  
While little research has examined the influence of parenting stress on TANF receipt and 
sanction, there is some evidence that parenting stress may inhibit certain TANF requirements, 
including employment (Kalil et al., 1998; Oliker, 1995; Orthner & Neenan, 1996), thus 
increasing the likelihood of sanction. While TANF recipients have been shown to have a higher 
likelihood of poor physical health (Acs et al., 2005; Zedlowski, 2002), non-application and a 
disconnect from both work and welfare are also associated with poor maternal health and mental 
health (Blank & Kovak, 2009; Loprest & Nochols, 2011; Moffitt et al., 2003). Poor health has 
also been previously established as a predictor of TANF sanction (Cherlin et al., 2002; Hasenfeld 
et al., 2004; Kalil et al., 2002; Pavetti & Bloom, 2001).  
Therefore, based on a theoretical understanding of the impact of multiple stressors over 
time and prior literature indicating that, at least in the case of health, these stressors can act to 
limit TANF receipt among needy families, this dissertation will examine the hypothesis that 
stressors moderate the relationship between housing status and TANF receipt – reducing the 
effect of a housing crisis on TANF participation. This may help explain why enrollment for 
families with a history of more severe housing hardships, like homelessness, is lower than might 
otherwise be expected. As discussed above, however, there is evidence that for those who do 
successfully enroll in TANF, these stressors may lead to decreased ability to meet the 
requirements of maintaining enrollment, increasing the likelihood of earning a sanction. Thus, as 
46 
 
with family resources, stressors are hypothesized to act as a mediator, helping explain the 
potential relationship between housing status and likelihood of TANF sanction.   
Table 2.1: Summary of Research Questions and Hypotheses 
Question 1: What is the relationship between housing insecurity and TANF receipt and 
sanction for low-income families?  
Research Questions Hypotheses 
Is there a relationship between housing status 
at W2 and TANF receipt at W3? 
1.  As level of housing hardship increases, the 
likelihood of TANF receipt will increase.  
Is there a relationship between housing status 
at W2 and TANF sanction at W3?  
2.  As level of housing hardship increases, the 
likelihood of TANF sanction will increase. 
Question 2: How do family resources impact TANF receipt and sanction for low-income 
families experiencing varying levels of housing security?  
Research Questions Hypotheses 
Do social support, employment, housing 
assistance, and childcare at W3 mediate the 
relationship between housing status at W2 
and TANF receipt at W4?  
3. Lower levels of social support, no current 
employment, fewer weeks worked in the past 
year, receipt of housing assistance, and fewer 
hours of childcare per week will mediate the 
relationship between housing status and 
TANF receipt.  
Do social support, employment, housing 
assistance, and childcare at W3 mediate the 
relationship between housing status at W2 
and TANF sanction at W4? 
4. Lower levels of social support, no current 
employment, and fewer weeks worked in the 
past year, receipt of housing assistance, and 
fewer hours of childcare per week will 
mediate the relationship between housing 
status and TANF risk of sanction. 
Question 3: How do family stressors impact TANF receipt and sanction for low-income 
families experiencing varying levels of housing security?  
Research Questions Hypotheses 
Do parenting stress, maternal health, and 
maternal depression at W3 moderate the 
relationship between housing status at W2 
and TANF receipt at W4?  
5. Higher levels of parenting stress, poorer 
maternal health, and the presence of maternal 
depression will moderate the relationship 
between housing status and TANF receipt.  
Do parenting stress, maternal health, and 
maternal depression at W3 mediate the 
relationship between housing status at W2 
and TANF sanction at W4? 
6. Higher levels of parenting stress, poorer 
maternal health, and the presence of maternal 
depression will mediate the relationship 



















This chapter outlines the methodology used in this dissertation. First, information about 
the secondary data set utilized is presented. Next, the specific research procedures used in this 
study are discussed. The study sample and measures are presented, and the procedures for data 
cleaning and statistical analyses that were conducted are discussed. The chapter concludes with a 
summary of research questions, hypotheses, and analytic strategies.  
Data 
This research utilized secondary data from the Fragile Families and Child Wellbeing 
Study (FFCWS), a longitudinal analysis of US families that began in 1998 and is ongoing. The 
study comprises of a cohort sample of 4,898 children born across twenty-one large cities 
between 1998 and 2000; children born to unmarried parents were oversampled. As these families 
are more likely to live in poverty, this is an ideal sample to examine issues pertaining to housing 
insecurity. Data for the Fragile Families study was collected in six waves, starting at the child’s 
birth (Wave 1; 1998-2000), then again when the child was one year of age (Wave 2; 1999-2002), 
three years of age (Wave 3; 2001-2003), five years of age (Wave 4; 2003-2006), nine years of 
age (Wave 5; 2007-2010) and fifteen years of age (Wave 6; 2015-2017). This dissertation used 
data collected in Waves 2, 3, and 4.  
The FFCWS applied a three-stage stratified random sampling design (for more 
information, see Reichman, Teitler, Garfinkel, & McLanahan, 2001). First, US cities with a 
population of 200,000 or more (77 in total) were stratified based on welfare generosity, the 
conditions of the labor market, and child support systems. For each condition, cities were sorted 
into four quartiles, and then the middle two quartiles were combined to form three 
categorizations, with the middle representing moderate conditions. These categorizations were 
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used to create two groups of cities; those with extreme policies across all three conditions and 
those with at least one moderate condition. The extreme group was again stratified into eight 
categories representing different possible combinations, and one city was randomly selected 
from each of these eight groups, along with eight randomly-selected cities from the moderate 
group. Five additional cities were then selected due to particular interest by funders. The eight 
cities classified as extreme, along with these five extra cities, were classified as “large sample 
cities”; sampling 325 births compared to the more moderate “small sample cities” which 
sampled 100 births.  
After selecting cities, hospitals within those cities were sampled. For five cities, all with 
no more than five hospitals with birthing units, all birthing hospitals were included in the sample. 
In New York and Chicago, two cities with a large amount of hospitals, the sample of hospitals 
was randomly selected from all hospitals with more than 1000 non-marital births per year. In 
each case, six hospitals were included in the sample, representing 22% of all non-marital births 
in New York and 39% of all non-marital births in Chicago. In the remaining cities, hospitals with 
fewer births were excluded from the sample; hospitals were ranked by amount of non-marital 
births and then added to the sample from highest non-marital births to lowest, until 
approximately 75% of the city’s non-marital births were included.  
Finally, births were randomly sampled within each hospital until quotas for marital and 
non-marital births were reached. Families were not included in the sample if: (1) they intended to 
place their child for adoption; (2) the mother or their baby were too ill for the mother to complete 
the initial interview; (3) the baby died before the initial interview; (4) the father was not living at 
the time of the baby’s birth; or (5) the parents were not fluent enough in English or Spanish to 
complete the interview. Less than 5% of families were excluded for these reasons. Additionally, 
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in many cases hospitals excluded parents who were under the age of 18. This sampling technique 
resulted in a sample that was largely representative of non-marital births in large US cities.  
Overall, the FFCWS includes data collected from a wide range of sources, including the 
focus child’s mother, father, primary caregiver (in instances when parents do not retain custody), 
child care provider, teacher, and the child, along with additional data from medical records, DNA 
sampling, an in-home assessment, and contextual, census-tract-level data. This dissertation relied 
fully on data from the mother core interview, which was collected at each wave and is publicly 
available.   
Sample 
This research utilized publicly available data collected from interviews of the focus 
children’s mothers collected in Waves 2, 3, and 4; this corresponds to the years 1999-2006. 
While the decision to utilize data starting at Wave 2, rather than more recent waves, carries a 
significant limitation, there are several reasons for this choice. First, family heads of households 
are at a greater risk of homelessness when they are younger, with younger children (Anderson & 
Koblinsky, 1995; Bassuck et al., 1986; Culhane et al., 2013). Therefore, there is a larger sample 
of homeless mothers in earlier waves. Similarly, rates of TANF receipt declined over time. 
Furthermore, utilizing Waves 2 through 4 allowed for an even amount of time between the three 
waves used, and this time gap was as short as was possible. While Waves 2, 3, and 4 are each 
separated by 2 years, there is a 4-year gap between Waves 4 and 5 and a 6-year gap between 
Waves 5 and 6. Finally, using data collected during the Great Recession (Wave 5) would bring 
additional concerns about the added effects of contextual factors on TANF receipt. This is an 
interesting area to explore in future research but is outside the scope of this dissertation.  
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 Mothers were included in the study sample if their household income was under 200% of 
the US poverty line at Wave 2. Additionally, participants were only included in the sample if 
they had completed all three waves utilized in this study and responded to pertinent questions 
regarding housing status and TANF usage. Mothers who reported they resided in jail, a treatment 
center, or other unspecified housing at the time of Wave 2 data collection were not included. 
Figure 3.1 outlines this inclusion criteria. Analyses were conducted to examine differences 
between the study sample and those excluded due to attrition, reported in Chapter 4 and 
Appendix D. While the FFCWS dataset includes weights to create a national sample 
representative of large U.S. cities, these weights were not included in this analysis, as doing so 
would have necessitated excluding participants from the cities that were not randomly selected, 
thus significantly reducing the sample size and limiting analysis of families experiencing more 
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The independent variable in this study was level of housing insecurity; and the dependent 
variables were TANF receipt and receipt of TANF sanction. Moderator and mediator variables 
included five resource variables (social support, employment status, number of weeks worked in 
the last year, receipt of housing assistance, and amount of childcare per week) and three stressor 
variables (parenting stress, mother health, and mother depression). Additionally, multivariate 
analyses controlled for mothers’ age, race, level of education, relationship status, number of 
biological children, household income, and level of material hardship. The operationalization of 
each variable is explained in the following sections.  
Housing status. Housing status was measured at Wave 2, and was divided into four 
categories: homeless, doubled-up, insecurely housed, and securely housed. Mothers were 
classified as homeless if they reported their current housing situation as either living in 
temporary housing, a group shelter or “on the street, homeless.” Additionally, individuals were 
classified as homeless if they reported that in the past 12 months, they stayed in a “shelter, in an 
abandoned building, an automobile, or any other place not meant for regular housing even for 
one night,” regardless of their current living situation. This method of measuring homelessness is 
common, particularly in work that utilizes FFCWS data, and reflects the often short-term and 
cyclical nature of family homelessness.  
While doubling-up is often very broadly defined as living with another relative or non-
kin adult, this research utilized a narrower classification, coding mothers as doubled-up if they 
reported that they currently live with family or friends and, importantly, pay no rent. This 
excludes any mothers who live with others in a home rented or owned by the mothers, as well as 
mothers who live with others but pay rent, as contributing towards household expenses may 
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provide a level of security, compared to mothers who pay no rent and may be at risk of being 
asked to leave at any time.  Mothers who met the criteria for homelessness were not classified as 
doubled-up. Mothers were coded as housing-insecure if they met one of the following criteria in 
the last year: (1) moved more than once since child was born; (2) did not pay the full amount of 
rent or mortgage payment; (3) evicted for not paying the rent or mortgage; or (4) moved in with 
others, even for a little while, because of financial problems. Again, mothers who were classified 
as homeless or doubled-up were not coded as housing-insecure, even if they met these criteria. 
All others who did not meet the requirements for housing-insecure, doubled-up, or homeless 
were categorized as housing-secure.  
TANF participation. The dependent variables of interest in this study were TANF 
receipt and TANF sanction. For research question 1, these were measured at Wave 3; for 
research questions 2 and 3, they were measured at Wave 4. Both TANF receipt and TANF 
sanction were binary variables. For TANF receipt, respondents were asked if they had received 
income from welfare or TANF in the past 12 months. Mothers who answered “yes” to this 
question were also asked if they were “required to do anything, such as work, go to school, look 
for a job, or name the father of your child in return for your welfare benefits.” Mothers who 
answered “no” to this question were coded as not receiving a sanction. All others were then 
asked: “were your benefits reduced or cut at any time in the past 12 months because you did not 
fulfill these requirements?” Mothers who answered “yes” to this question were coded as 
receiving a sanction, while those who answered “no” were coded as not. In Wave 4, respondents 
who had once received TANF but were not current recipients were also asked if they stopped 
receiving benefits due to their own decision or because they were cut off by the welfare 
department. In each case, they were then asked the reason they or the welfare department 
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decided to stop benefits. Mothers who received TANF in the last 12 months but report being cut 
off by the welfare department because they did not follow program rules were also coded as 
receiving a sanction.  
Resource variables. Family resources included social support, mothers’ employment, 
receipt of housing assistance, and amount of childcare per week. These variables were all 
measured at Wave 3.  
Social support. Social support was measured by combining six binary variables into an 
index measuring mothers’ perceived level of instrumental social support. Participants were 
asked: “If you needed help during the next year, could you count on someone to: (1) loan you 
$200; (2) loan you $1000; (3) provide you with a place to live; (4) help you with emergency 
child care; (5) co-sign for a bank loan for $1,000; and (6) co-sign for a bank loan for $5,000.” 
Each “yes” response was code as one and combined so that each respondent was assigned an 
overall score ranging from 0 (no social support) to 6 (high social support). In some analyses, 
social support was represented by a binary variable, with scores 0-3 coded as zero, indicating 
low social support and scores 4-6 coded as one, indicating high social support.  
Mother employment. Mothers’ current employment status was measured as a binary 
variable based on responses to the question: “last week, did you do any regular work for pay?” 
Affirmative responses were coded as “currently employed.” Respondents who answered “no” to 
this question were asked follow-up questions, including “Are you currently looking for a regular 
job?” and “Why aren’t you looking for a regular job?” Mothers who indicated that they were not 
looking for employment because they own their own business or already have a job but were on 
vacation, ill, or temporarily laid off were also coded as “currently employed.” Mothers’ 
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employment was also captured by the number of weeks worked in the past 12 months, including 
paid vacation or sick time. This was measured as a continuous variable ranging from 0-52.  
Housing assistance. Receipt of governmental housing assistance was measured as a 
binary variable. Respondents were coded as having received public housing assistance if they: 
(1) specified they lived in public housing or section 8 housing in response to the questionR 
“What is your current housing situation?” (2) answered affirmatively to the question “Is this 
home in a public housing project?” or (3) answered affirmatively to the question “Is the federal, 
state, or local government helping to pay for your rent?”  
Childcare. Amount of childcare was operationalized as the hours per week the focus 
child spends in the care of someone other than the mother or father. Mothers were first asked if 
their child is “currently being cared for by someone other than you or his/her father on a regular 
basis?” This included a range of childcare providers, including relatives, friends, day care 
centers, preschools, and non-custodial fathers. Mothers who answered “yes” to this question 
were then asked how many hours per week their child is in care, including all childcare 
arrangements used. For the purposes of this study, mothers who first indicated that their child 
was not in any care arrangements were coded as having zero hours of childcare per week.  
Stress variables. Family stressors included parenting stress, maternal health, and 
maternal depression. Each was measured at Wave 3. While previous literature indicated that 
child health and maternal anxiety may also be significant variables, there were not enough 
instances of poor child health or maternal anxiety in the sample to include them in analyses.  
Parenting stress. Parenting stress was measured as a scale variable combining four 
survey items taken from the Job Opportunities and Basic Skills Training Program (JOBS) Child 
Outcomes Study and based on the Parent Stress Inventory (Abidin, 1995). The original 5-item 
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scale had an alpha of 0.69 (FFCWS, 2006).  The four items included in the FFCWS were: (1) 
“being a parent is harder than I thought it would be;” (2) “I feel trapped by my responsibilities as 
a parent;” (3) “I find that taking care of my child(ren) is much more work than pleasure;” and (4) 
“I often feel tired, worn out, or exhausted from raising a family.” Each was measured using a 4-
point scale ranging from strongly agree (1) to strongly disagree (4). These responses were 
reverse-coded, summed, and then divided by four, so that scores range from 1-4 and a higher 
score indicated a greater level of parenting stress. Respondents who refused to answer any of the 
four questions or responded with “I don’t know” were coded as missing.  The reliability of this 
measure was examined prior to analysis using Cronbach’s alpha (α = .63). Removing any of the 
four items lowered the reliability. In some analyses, parenting stress was represented by a binary 
variable. This variable was coded around the mean and median of the linear parenting stress 
variable, with scores ranging from 0-2.25 coded as zero, representing low parenting stress, and 
scores ranging from 2.5-4 coded as one, representing high parenting stress.  
Mother health and mental health. Mother health was measured based on mother-
reported perceived overall health, using the survey item: “In general, how is your health?” 
Responses were categorical and ranged from 1 (excellent) to 5 (poor). In some analyses, 
maternal health was coded as a binary variable, with scores ranging from 1-3 coded as zero, 
representing good health, and scores ranging from 4-5 coded as one, representing poor health. 
The presence of maternal depression was coded as a binary variable, based on the 
Composite International Diagnostic Interview - Short Form (CIDI- SF). This standardized 
instrument measures the probability that respondents would be diagnosed with Major Depression 
if given the full assessment, and is based on the fourth edition of the Diagnostic and Statistical 
Manual of Mental Disorders (DSM-IV, American Psychiatric Association, 1994). To measure 
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depression, participants were asked a series of up to ten questions, capturing symptoms of 
depression lasting at least two weeks; based on these questions, an overall score ranging from 
zero to eight was calculated. Respondents with a score of three or more were coded as probable 
depression, along with any respondent who indicated that they were taking anti-depressant 
medication (FFCWS, 2006; Kessler, Andrews, Mroczek, Ustun, & Wittchen, 1998).  
Control variables. Control variables included mother race/ethnicity, age, education 
level, relationship status, number of biological children, household income, and level of material 
hardship. Each was measured at Wave 2. Mothers’ race and ethnicity were self-reported in the 
baseline survey; these were combined to create a constructed categorical variable with four 
categories: Non-Hispanic White, Non-Hispanic Black, Hispanic, and Other. Mothers’ age was 
self-reported at the time of the baseline survey and a constructed variable was created updating 
age at each subsequent wave. Mothers were first asked to report the highest level of education 
they had completed at Wave 1. Responses were coded as “less than high school,” “high school or 
equivalent,” “some college,” and “college or more.” In all subsequent waves, respondents were 
asked if they were currently attending or had completed any school since the last interview. 
These responses were used to determine respondents’ level of education in Wave 2, again 
ranging from “less than high school” to “college or more.”  
Mothers’ relationship status was reported at Wave 1 and updated at Wave 2. In this 
second wave, mothers were asked about their relationship with the focus child’s father as well as 
a new partner. Responses to these questions were combined to create a categorical variable 
measuring if the mother was currently married or cohabitating with the focus child’s father or a 
new partner. Mothers who were not married or cohabitating were coded as “single.” In one case, 
a respondent indicated that she was married to the focus child’s father but cohabitating with a 
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new partner. This was coded as “married.” A variable was also constructed for the number of 
biological children the mother had – including children living outside of the household. Mothers 
reported the number of biological children they had in the baseline survey, and each subsequent 
wave reported any additional births.  
Household income was constructed based on mothers’ self-report. The survey prompt 
instructed mothers to include income from all members of the household before taxes, including 
income from formal and informal employment, public assistance, investments, and other sources. 
Mothers who were not able to provide an exact figure were asked to provide a range. However, 
approximately ten percent of respondents did not answer this question. For missing data and 
those who provided a range, FFCWS researchers imputed values using the impute command in 
STATA to create a constructed income variable. This imputation was based on the following 
variables: age, relationship status, race and ethnicity, immigration status, employment in the last 
year, earnings, receipt of welfare, and number of adults in the household.  First, values for those 
who provided a range were imputed using respondents who provided an exact amount that fell 
within that range. Then, values for those who did not provide an exact amount or a range were 
imputed.  
To supplement household income, material hardship was included as an additional 
control variable. The FFCWS included a series of twelve survey questions focused on economic 
hardship. These questions were taken from the Survey on Income and Program Participation 
(SIPP) and the 1997 and 1999 New York City Social Indicators Survey (SIS) (FFCWS, 2006). 
Each question was answered with a yes or no. For this study, eight items were combined into an 
index; four items were excluded because they measured housing insecurity and were used in the 
construction of the housing status variable used in this research. The eight remaining questions, 
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each measuring hardship within the past twelve months because there was not enough money, 
include: (1) “did you receive free food or meals?” (2) “did your child(ren) go hungry?” (3) “did 
you go hungry?” (4) “did you not pay the full amount of a gas, oil, or electricity bill?” (5) “was 
service turned off by the gas or electric company, or did the oil company not deliver oil?” (6) 
“was service disconnected by the telephone company because payments were not made?” (7) 
“did you borrow money from friends or family to help pay bills?” and (8) “was there anyone in 
your household who needed to see a doctor or go to the hospital but couldn’t go because of the 
cost?”  
Data cleaning and screening 
A series of steps were taken to prepare FFCWS data for this dissertation. Using SPSS, 
relevant variables were recoded or computed as needed. As explained above, some variables, 
most notably housing status, were computed based on responses to multiple survey questions. 
Additionally, some data was recoded. In one instance, data was reverse coded (i.e.  parenting 
stress). The FFCWS dataset utilizes negative numbers, ranging from -9 to -2, to label missing 
data and provide the reason the data is missing (e.g. the question was skipped or the respondent 
refused to answer). In most cases, this data was recoded to missing to simplify analysis and 
prevent missing data from skewing analyses. In some cases, primarily due to skip patterns, some 
of this missing data was recoded as 0.  
For instance, whether a respondent’s TANF benefits had been reduced or cut was not 
asked to respondents who indicated that they did not receive TANF in the last year or did not 
have any participation requirements. For those who did receive TANF but did not have 
participation requirements, these missing data, initially coded as skipped, were recoded as 0 to 
reflect no sanction. Those who did not receive TANF in the last year were excluded from the 
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sample of any analysis examining TANF sanction. Similarly, for number of weeks employed, 
mothers who reported no employment in the last year were skipped. These skipped responses 
were recoded as 0.  
In a few cases involving the creation of the social support and material hardship indexes, 
missing responses coded in the dataset as “refuse” or “don’t know” were recoded as 0. This 
strategy reduced the number of missing variables while accurately capturing the number of 
affirmative responses for each mother. It might, however, underestimate actual levels, especially 
in the case of material hardship. For both indexes, the data was examined to ensure no 
respondent was coded as “don’t know” or “refuse” for all variables included in the index. The 
amount of missing data for each variable is reported in the next chapter, in Tables 4.1 through 
4.4. Aside from household income, which utilized imputed data, missing data was deleted 
listwise; this missing data was less than 5% for all variables, and in most cases was less than 1%.  
Multicollinearity. Multiple steps were taken to test for multicollinearity between 
independent variables. Particular attention was paid to the relationships between theoretically 
interrelated variables, such as education, employment, income, and material hardship. First, a 
series of bivariate correlations were examined to determine if any two variables were highly 
correlated. In the few instances when both variables were linear, Pearson’s correlations were 
used; otherwise, Spearman’s correlations were conducted. These correlation matrices (Appendix 
C) revealed that no two independent variables were correlated above .7. Next, tolerance statistics 
were computed using multiple linear regression. All tolerance statistics were above .35. 






A combination of bivariate and multivariate analyses was used to answer the research 
questions proposed in this study; SPSS was used to conduct all analyses. Bivariate relationships 
were measured using ANOVAs, t-tests, correlations, and chi-squares. Multivariate relationships 
were assessed using a series of regressions; for the most part, binary logistic regressions were 
used, though in a few instances linear regressions were utilized to examine the relationships 
between housing status and linear variables hypothesized to be mediators. Mediating 
relationships were tested using the 4-step approach outlined by Baron and Kenny (1986), while 
interaction terms were used to test hypothesized moderation. A summary of research questions 
and analytic strategies can be found in Table 3.1.   
To answer my first research question, logistic regressions were used to examine the 
relationships between housing status at Wave 2 as an independent variable and TANF receipt 
(Hypothesis 1) and sanction (Hypothesis 2) at Wave 3 as dependent variables. The equations for 
these regressions were: 
𝑝(𝑇𝐴𝑁𝐹_𝑟𝑒𝑐𝑒𝑖𝑝𝑡) =  
𝑒𝛽0+𝛽1𝐻𝑜𝑢𝑠𝑖𝑛𝑔+ 𝛽2𝑅𝑎𝑐𝑒+𝛽3𝐴𝑔𝑒+𝛽4𝐸𝑑𝑢𝑐𝑎𝑡𝑖𝑜𝑛+𝛽5𝑅𝑒𝑙𝑎𝑡𝑖𝑜𝑛𝑠ℎ𝑖𝑝+ 𝛽6𝐶ℎ𝑖𝑙𝑑𝑒𝑛+𝛽7𝐼𝑛𝑐𝑜𝑚𝑒+𝛽8𝐻𝑎𝑟𝑑𝑠ℎ𝑖𝑝
1 +  𝑒𝛽0+𝛽1𝐻𝑜𝑢𝑠𝑖𝑛𝑔+ 𝛽2𝑅𝑎𝑐𝑒+𝛽3𝐴𝑔𝑒+𝛽4𝐸𝑑𝑢𝑐𝑎𝑡𝑖𝑜𝑛+𝛽5𝑅𝑒𝑙𝑎𝑡𝑖𝑜𝑛𝑠ℎ𝑖𝑝+ 𝛽6𝐶ℎ𝑖𝑙𝑑𝑒𝑛+𝛽7𝐼𝑛𝑐𝑜𝑚𝑒+𝛽8𝐻𝑎𝑟𝑑𝑠ℎ𝑖𝑝
 
𝑝(𝑇𝐴𝑁𝐹_𝑠𝑎𝑛𝑐𝑡𝑖𝑜𝑛) =  
𝑒𝛽0+𝛽1𝐻𝑜𝑢𝑠𝑖𝑛𝑔+ 𝛽2𝑅𝑎𝑐𝑒+𝛽3𝐴𝑔𝑒+𝛽4𝐸𝑑𝑢𝑐𝑎𝑡𝑖𝑜𝑛+𝛽5𝑅𝑒𝑙𝑎𝑡𝑖𝑜𝑛𝑠ℎ𝑖𝑝+ 𝛽6𝐶ℎ𝑖𝑙𝑑𝑒𝑛+𝛽7𝐼𝑛𝑐𝑜𝑚𝑒+𝛽8𝐻𝑎𝑟𝑑𝑠ℎ𝑖𝑝
1 +  𝑒𝛽0+𝛽1𝐻𝑜𝑢𝑠𝑖𝑛𝑔+ 𝛽2𝑅𝑎𝑐𝑒+𝛽3𝐴𝑔𝑒+𝛽4𝐸𝑑𝑢𝑐𝑎𝑡𝑖𝑜𝑛+𝛽5𝑅𝑒𝑙𝑎𝑡𝑖𝑜𝑛𝑠ℎ𝑖𝑝+ 𝛽6𝐶ℎ𝑖𝑙𝑑𝑒𝑛+𝛽7𝐼𝑛𝑐𝑜𝑚𝑒+𝛽8𝐻𝑎𝑟𝑑𝑠ℎ𝑖𝑝
 
My second and third research questions explored the effects of select resource and 
stressor variables as potential mediators in the relationship between housing status and TANF 
receipt/sanction; research question 3 also considered potential moderation. An examination of 
mediators and moderators necessitates careful consideration of research design and theoretical 
frameworks (Hosmer, Lemeshow, & Sturdivant, 2013; Wu & Zumbo, 2008). While both 
mediators and moderators help to explain causal relationships, theoretically they function in 
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distinct ways; mediators help explain the causal pathway, or how and why the independent 
variable influences the dependent variable, while moderators influence the strength or direction 
of the relationship between the independent and dependent variables, specifying when or for 
which groups the relationship holds. Therefore, moderators are useful in exploring causal 
relationships that are weaker than expected (Baron & Kenny, 1986; Wu & Zumbo, 2008). As 
such, analysis was rooted in a substantive understanding of housing insecurity and TANF 
participation and the theoretical model (Chapter 2).  
To test mediators in research questions 2 and 3, the four-step approach advocated by 
Baron and Kenny (1986) was employed using binary logistic regression. The four steps are as 
follows: Using regression models, (1) establish a relationship between the independent and 
dependent variable; (2) establish a relationship between the independent and mediator variable; 
(3) establish a relationship between the mediator and the dependent variable in a regression 
model which includes both the independent variable and the potential mediator as predictors; (4) 
estimate the direct and indirect effects of the dependent variable by examining the difference in 
coefficients. As recommended by MacKinnon and Dwyer (1993), these coefficients were 
standardized to account for the differing scales of coefficients in logistic regression; each 
coefficient was multiplied by the standard deviation of the model’s independent variable and 
divided by the standard deviation of the model’s dependent variable. Additionally, the interaction 
between the independent variable and the mediator variable was examined and added to the 
model when it existed (Kraemer, Wilson, Fairburn, & Agras, 2002).  
For each hypothesis testing mediation, individual mediators were tested separately, and 
then established mediators were added into a single model. Both hypotheses of research question 
2 concerning family resources involved mediating relationships (See Table 6). Hypothesis 3 
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tested social support, employment, housing assistance, and amount of childcare as mediators in 
the relationship between housing status and TANF receipt. In step one, logistic regression was 
used to establish a relationship between housing status at Wave 2 (independent variable) and 
TANF receipt at Wave 4 (dependent variable): 
𝑝(𝑇𝐴𝑁𝐹_𝑟𝑒𝑐𝑒𝑖𝑝𝑡) =  
𝑒𝛽0+𝛽1𝐻𝑜𝑢𝑠𝑖𝑛𝑔+ 𝛽2𝑅𝑎𝑐𝑒+𝛽3𝐴𝑔𝑒+𝛽4𝐸𝑑𝑢𝑐𝑎𝑡𝑖𝑜𝑛+𝛽5𝑅𝑒𝑙𝑎𝑡𝑖𝑜𝑛𝑠ℎ𝑖𝑝+ 𝛽6𝐶ℎ𝑖𝑙𝑑𝑒𝑛+𝛽7𝐼𝑛𝑐𝑜𝑚𝑒+𝛽8𝐻𝑎𝑟𝑑𝑠ℎ𝑖𝑝
1 +  𝑒𝛽0+𝛽1𝐻𝑜𝑢𝑠𝑖𝑛𝑔+ 𝛽2𝑅𝑎𝑐𝑒+𝛽3𝐴𝑔𝑒+𝛽4𝐸𝑑𝑢𝑐𝑎𝑡𝑖𝑜𝑛+𝛽5𝑅𝑒𝑙𝑎𝑡𝑖𝑜𝑛𝑠ℎ𝑖𝑝+ 𝛽6𝐶ℎ𝑖𝑙𝑑𝑒𝑛+𝛽7𝐼𝑛𝑐𝑜𝑚𝑒+𝛽8𝐻𝑎𝑟𝑑𝑠ℎ𝑖𝑝
 
Next, three separate regressions tested the relationship between housing status at Wave 2 
(independent variable) and the potential mediating variables of social support, current 
employment status, number of weeks worked in the past year, receipt of housing assistance, and 
amount of childcare per week, all measured at Wave 3 (dependent variables). In the case of 
number of weeks worked and amount of childcare, a linear regression was used:  
𝑊𝑒𝑒𝑘𝑠_𝑊𝑜𝑟𝑘𝑒𝑑 =  𝛽0 + 𝛽1𝐻𝑜𝑢𝑠𝑖𝑛𝑔 + 𝛽2𝑅𝑎𝑐𝑒 + 𝛽3𝐴𝑔𝑒 +  𝛽4𝐸𝑑𝑢𝑐𝑎𝑡𝑖𝑜𝑛 +  𝛽5𝑅𝑒𝑙𝑎𝑡𝑖𝑜𝑛𝑠ℎ𝑖𝑝 + 𝛽6𝐶ℎ𝑖𝑙𝑑𝑟𝑒𝑛 + 𝛽7𝐼𝑛𝑐𝑜𝑚𝑒 + 𝛽8𝐻𝑎𝑟𝑑𝑠ℎ𝑖𝑝  
𝐶ℎ𝑖𝑙𝑑𝑐𝑎𝑟𝑒 =  𝛽0 + 𝛽1𝐻𝑜𝑢𝑠𝑖𝑛𝑔 + 𝛽2𝑅𝑎𝑐𝑒 + 𝛽3𝐴𝑔𝑒 +  𝛽4𝐸𝑑𝑢𝑐𝑎𝑡𝑖𝑜𝑛 +  𝛽5𝑅𝑒𝑙𝑎𝑡𝑖𝑜𝑛𝑠ℎ𝑖𝑝 + 𝛽6𝐶ℎ𝑖𝑙𝑑𝑟𝑒𝑛 + 𝛽7𝐼𝑛𝑐𝑜𝑚𝑒 + 𝛽8𝐻𝑎𝑟𝑑𝑠ℎ𝑖𝑝 
For current employment status, social support, and receipt of housing assistance, binary 
logistic regressions were used; social support was coded as either high (1) or low (0) for these 
analyses.  
𝑝(𝑆𝑜𝑐𝑖𝑎𝑙_𝑠𝑢𝑝𝑝𝑜𝑟𝑡) =  
𝑒𝛽0+𝛽1𝐻𝑜𝑢𝑠𝑖𝑛𝑔+ 𝛽2𝑅𝑎𝑐𝑒+𝛽3𝐴𝑔𝑒+𝛽4𝐸𝑑𝑢𝑐𝑎𝑡𝑖𝑜𝑛+𝛽5𝑅𝑒𝑙𝑎𝑡𝑖𝑜𝑛𝑠ℎ𝑖𝑝+ 𝛽6𝐶ℎ𝑖𝑙𝑑𝑒𝑛+𝛽7𝐼𝑛𝑐𝑜𝑚𝑒+𝛽8𝐻𝑎𝑟𝑑𝑠ℎ𝑖𝑝
1 +  𝑒𝛽0+𝛽1𝐻𝑜𝑢𝑠𝑖𝑛𝑔+ 𝛽2𝑅𝑎𝑐𝑒+𝛽3𝐴𝑔𝑒+𝛽4𝐸𝑑𝑢𝑐𝑎𝑡𝑖𝑜𝑛+𝛽5𝑅𝑒𝑙𝑎𝑡𝑖𝑜𝑛𝑠ℎ𝑖𝑝+ 𝛽6𝐶ℎ𝑖𝑙𝑑𝑒𝑛+𝛽7𝐼𝑛𝑐𝑜𝑚𝑒+𝛽8𝐻𝑎𝑟𝑑𝑠ℎ𝑖𝑝
 
𝑝(𝐸𝑚𝑝𝑙𝑜𝑦𝑚𝑒𝑛𝑡_𝑠𝑡𝑎𝑡𝑢𝑠) =  
𝑒𝛽0+𝛽1𝐻𝑜𝑢𝑠𝑖𝑛𝑔+ 𝛽2𝑅𝑎𝑐𝑒+𝛽3𝐴𝑔𝑒+𝛽4𝐸𝑑𝑢𝑐𝑎𝑡𝑖𝑜𝑛+𝛽5𝑅𝑒𝑙𝑎𝑡𝑖𝑜𝑛𝑠ℎ𝑖𝑝+ 𝛽6𝐶ℎ𝑖𝑙𝑑𝑒𝑛+𝛽7𝐼𝑛𝑐𝑜𝑚𝑒+𝛽8𝐻𝑎𝑟𝑑𝑠ℎ𝑖𝑝
1 +  𝑒𝛽0+𝛽1𝐻𝑜𝑢𝑠𝑖𝑛𝑔+ 𝛽2𝑅𝑎𝑐𝑒+𝛽3𝐴𝑔𝑒+𝛽4𝐸𝑑𝑢𝑐𝑎𝑡𝑖𝑜𝑛+𝛽5𝑅𝑒𝑙𝑎𝑡𝑖𝑜𝑛𝑠ℎ𝑖𝑝+ 𝛽6𝐶ℎ𝑖𝑙𝑑𝑒𝑛+𝛽7𝐼𝑛𝑐𝑜𝑚𝑒+𝛽8𝐻𝑎𝑟𝑑𝑠ℎ𝑖𝑝
 
𝑝(𝐻𝑜𝑢𝑠𝑖𝑛𝑔_𝑎𝑠𝑠𝑖𝑠𝑡𝑎𝑛𝑐𝑒) =  
𝑒𝛽0+𝛽1𝐻𝑜𝑢𝑠𝑖𝑛𝑔+ 𝛽2𝑅𝑎𝑐𝑒+𝛽3𝐴𝑔𝑒+𝛽4𝐸𝑑𝑢𝑐𝑎𝑡𝑖𝑜𝑛+𝛽5𝑅𝑒𝑙𝑎𝑡𝑖𝑜𝑛𝑠ℎ𝑖𝑝+ 𝛽6𝐶ℎ𝑖𝑙𝑑𝑒𝑛+𝛽7𝐼𝑛𝑐𝑜𝑚𝑒+𝛽8𝐻𝑎𝑟𝑑𝑠ℎ𝑖𝑝
1 +  𝑒𝛽0+𝛽1𝐻𝑜𝑢𝑠𝑖𝑛𝑔+ 𝛽2𝑅𝑎𝑐𝑒+𝛽3𝐴𝑔𝑒+𝛽4𝐸𝑑𝑢𝑐𝑎𝑡𝑖𝑜𝑛+𝛽5𝑅𝑒𝑙𝑎𝑡𝑖𝑜𝑛𝑠ℎ𝑖𝑝+ 𝛽6𝐶ℎ𝑖𝑙𝑑𝑒𝑛+𝛽7𝐼𝑛𝑐𝑜𝑚𝑒+𝛽8𝐻𝑎𝑟𝑑𝑠ℎ𝑖𝑝
 
Step three involved the use of three binary logistic regressions to examine the impact of 
both housing status at Wave 2 and the mediator variable at Wave 3 (social support, current 
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employment status, weeks worked in the past year, receipt of housing assistance, and amount of 
childcare per week, respectively) on TANF receipt at Wave 4.  
𝑝(𝑇𝐴𝑁𝐹_𝑟𝑒𝑐𝑒𝑖𝑝𝑡) =  
𝑒𝛽0+𝛽1𝐻𝑜𝑢𝑠𝑖𝑛𝑔+𝛽2𝑆𝑢𝑝𝑝𝑜𝑟𝑡+ 𝛽3𝑅𝑎𝑐𝑒+𝛽4𝐴𝑔𝑒+𝛽5𝐸𝑑𝑢𝑐𝑎𝑡𝑖𝑜𝑛+𝛽6𝑅𝑒𝑙𝑎𝑡𝑖𝑜𝑛𝑠ℎ𝑖𝑝+ 𝛽7𝐶ℎ𝑖𝑙𝑑𝑒𝑛+𝛽8𝐼𝑛𝑐𝑜𝑚𝑒+𝛽9𝐻𝑎𝑟𝑑𝑠ℎ𝑖𝑝 
1 +  𝑒𝛽0+𝛽1𝐻𝑜𝑢𝑠𝑖𝑛𝑔+𝛽2𝑆𝑢𝑝𝑝𝑜𝑟𝑡+ 𝛽3𝑅𝑎𝑐𝑒+𝛽4𝐴𝑔𝑒+𝛽5𝐸𝑑𝑢𝑐𝑎𝑡𝑖𝑜𝑛+𝛽6𝑅𝑒𝑙𝑎𝑡𝑖𝑜𝑛𝑠ℎ𝑖𝑝+ 𝛽7𝐶ℎ𝑖𝑙𝑑𝑒𝑛+𝛽8𝐼𝑛𝑐𝑜𝑚𝑒+𝛽9𝐻𝑎𝑟𝑑𝑠ℎ𝑖𝑝
 
𝑝(𝑇𝐴𝑁𝐹_𝑟𝑒𝑐𝑒𝑖𝑝𝑡) =  
𝑒𝛽0+𝛽1𝐻𝑜𝑢𝑠𝑖𝑛𝑔+𝛽2𝐸𝑚𝑝𝑙𝑜𝑦𝑚𝑒𝑛𝑡+ 𝛽3𝑅𝑎𝑐𝑒+𝛽4𝐴𝑔𝑒+𝛽5𝐸𝑑𝑢𝑐𝑎𝑡𝑖𝑜𝑛+𝛽6𝑅𝑒𝑙𝑎𝑡𝑖𝑜𝑛𝑠ℎ𝑖𝑝+ 𝛽7𝐶ℎ𝑖𝑙𝑑𝑒𝑛+𝛽8𝐼𝑛𝑐𝑜𝑚𝑒+𝛽9𝐻𝑎𝑟𝑑𝑠ℎ𝑖𝑝 
1 +  𝑒𝛽0+𝛽1𝐻𝑜𝑢𝑠𝑖𝑛𝑔+𝛽2𝐸𝑚𝑝𝑙𝑜𝑦𝑚𝑒𝑛𝑡+ 𝛽3𝑅𝑎𝑐𝑒+𝛽4𝐴𝑔𝑒+𝛽5𝐸𝑑𝑢𝑐𝑎𝑡𝑖𝑜𝑛+𝛽6𝑅𝑒𝑙𝑎𝑡𝑖𝑜𝑛𝑠ℎ𝑖𝑝+ 𝛽7𝐶ℎ𝑖𝑙𝑑𝑒𝑛+𝛽8𝐼𝑛𝑐𝑜𝑚𝑒+𝛽9𝐻𝑎𝑟𝑑𝑠ℎ𝑖𝑝
 
𝑝(𝑇𝐴𝑁𝐹_𝑟𝑒𝑐𝑒𝑖𝑝𝑡) =  
𝑒𝛽0+𝛽1𝐻𝑜𝑢𝑠𝑖𝑛𝑔+𝛽2𝑊𝑒𝑒𝑘𝑠𝑊𝑜𝑟𝑘𝑒𝑑+ 𝛽3𝑅𝑎𝑐𝑒+𝛽4𝐴𝑔𝑒+𝛽5𝐸𝑑𝑢𝑐𝑎𝑡𝑖𝑜𝑛+𝛽6𝑅𝑒𝑙𝑎𝑡𝑖𝑜𝑛𝑠ℎ𝑖𝑝+ 𝛽7𝐶ℎ𝑖𝑙𝑑𝑒𝑛+𝛽8𝐼𝑛𝑐𝑜𝑚𝑒+𝛽9𝐻𝑎𝑟𝑑𝑠ℎ𝑖𝑝 
1 +  𝑒𝛽0+𝛽1𝐻𝑜𝑢𝑠𝑖𝑛𝑔+𝛽2𝑊𝑒𝑒𝑘𝑠𝑊𝑜𝑟𝑘𝑒𝑑+ 𝛽3𝑅𝑎𝑐𝑒+𝛽4𝐴𝑔𝑒+𝛽5𝐸𝑑𝑢𝑐𝑎𝑡𝑖𝑜𝑛+𝛽6𝑅𝑒𝑙𝑎𝑡𝑖𝑜𝑛𝑠ℎ𝑖𝑝+ 𝛽7𝐶ℎ𝑖𝑙𝑑𝑒𝑛+𝛽8𝐼𝑛𝑐𝑜𝑚𝑒+𝛽9𝐻𝑎𝑟𝑑𝑠ℎ𝑖𝑝
 
𝑝(𝑇𝐴𝑁𝐹_𝑟𝑒𝑐𝑒𝑖𝑝𝑡) =  
𝑒𝛽0+𝛽1𝐻𝑜𝑢𝑠𝑖𝑛𝑔+𝛽2𝐻𝑜𝑢𝑠𝑖𝑛𝑔𝐴𝑠𝑠𝑖𝑠𝑡𝑎𝑛𝑐𝑒+ 𝛽3𝑅𝑎𝑐𝑒+𝛽4𝐴𝑔𝑒+𝛽5𝐸𝑑𝑢𝑐𝑎𝑡𝑖𝑜𝑛+𝛽6𝑅𝑒𝑙𝑎𝑡𝑖𝑜𝑛𝑠ℎ𝑖𝑝+ 𝛽7𝐶ℎ𝑖𝑙𝑑𝑒𝑛+𝛽8𝐼𝑛𝑐𝑜𝑚𝑒+𝛽9𝐻𝑎𝑟𝑑𝑠ℎ𝑖𝑝 
1 +  𝑒𝛽0+𝛽1𝐻𝑜𝑢𝑠𝑖𝑛𝑔+𝛽2𝐻𝑜𝑢𝑠𝑖𝑛𝑔𝐴𝑠𝑠𝑖𝑠𝑡𝑎𝑛𝑐𝑒+ 𝛽3𝑅𝑎𝑐𝑒+𝛽4𝐴𝑔𝑒+𝛽5𝐸𝑑𝑢𝑐𝑎𝑡𝑖𝑜𝑛+𝛽6𝑅𝑒𝑙𝑎𝑡𝑖𝑜𝑛𝑠ℎ𝑖𝑝+ 𝛽7𝐶ℎ𝑖𝑙𝑑𝑒𝑛+𝛽8𝐼𝑛𝑐𝑜𝑚𝑒+𝛽9𝐻𝑎𝑟𝑑𝑠ℎ𝑖𝑝
 
𝑝(𝑇𝐴𝑁𝐹_𝑟𝑒𝑐𝑒𝑖𝑝𝑡) =  
𝑒𝛽0+𝛽1𝐻𝑜𝑢𝑠𝑖𝑛𝑔+𝛽2𝐶ℎ𝑖𝑙𝑑𝑐𝑎𝑟𝑒+ 𝛽3𝑅𝑎𝑐𝑒+𝛽4𝐴𝑔𝑒+𝛽5𝐸𝑑𝑢𝑐𝑎𝑡𝑖𝑜𝑛+𝛽6𝑅𝑒𝑙𝑎𝑡𝑖𝑜𝑛𝑠ℎ𝑖𝑝+ 𝛽7𝐶ℎ𝑖𝑙𝑑𝑒𝑛+𝛽8𝐼𝑛𝑐𝑜𝑚𝑒+𝛽9𝐻𝑎𝑟𝑑𝑠ℎ𝑖𝑝 
1 +  𝑒𝛽0+𝛽1𝐻𝑜𝑢𝑠𝑖𝑛𝑔+𝛽2𝐶ℎ𝑖𝑙𝑑𝑐𝑎𝑟𝑒+ 𝛽3𝑅𝑎𝑐𝑒+𝛽4𝐴𝑔𝑒+𝛽5𝐸𝑑𝑢𝑐𝑎𝑡𝑖𝑜𝑛+𝛽6𝑅𝑒𝑙𝑎𝑡𝑖𝑜𝑛𝑠ℎ𝑖𝑝+ 𝛽7𝐶ℎ𝑖𝑙𝑑𝑒𝑛+𝛽8𝐼𝑛𝑐𝑜𝑚𝑒+𝛽9𝐻𝑎𝑟𝑑𝑠ℎ𝑖𝑝
 
After statistically significant mediators were identified by standardizing and comparing 
coefficients and conducting the Sobel test (Step 4), a full model was tested to analyze the 
combined effects of housing status and all established mediators on TANF receipt. The same 
process was utilized for hypothesis four, replacing TANF receipt with TANF sanction.  
Research question 3, concerning the role of stressors, involves one moderation hypothesis 
and one mediation hypothesis. Interaction terms were utilized to test the potential moderating 
role of parenting stress, child health, maternal health, and maternal mental health in the 
relationship between housing status and TANF receipt, as specified in Hypothesis 5 (Table 6). 
To test each relationship, three separate logistic regression models were created in which TANF 
receipt was the dependent variable, housing status was the independent variable, and parenting 
stress, mother health rating, and maternal depression, respectively, were moderator variables. In 
each case, these moderators were measured as binary variables; parenting stress was coded as 
high (1) or low (0) around the median response, maternal health was coded as fair/poor (1) or 
excellent/very good/good (0), and maternal depression was coded as yes (1) or no (0). To test 
this moderating relationship, an interaction term - measuring the effect of the interaction between 
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housing status and the potential moderator in question - was added to the model. The equations 
for these models were as follows:  
𝑝(𝑇𝐴𝑁𝐹_𝑟𝑒𝑐𝑒𝑖𝑝𝑡) =  
𝑒𝛽0+𝛽1𝐻𝑜𝑢𝑠𝑖𝑛𝑔+𝛽2𝑃𝑎𝑟𝑒𝑛𝑡𝑆𝑡𝑟𝑒𝑠𝑠+ 𝛽3𝐻𝑜𝑢𝑠𝑖𝑛𝑔∗𝑃𝑎𝑟𝑒𝑛𝑆𝑡𝑟𝑒𝑠𝑠+ 𝛽4𝑅𝑎𝑐𝑒+𝛽5𝐴𝑔𝑒+𝛽6𝐸𝑑𝑢𝑐𝑎𝑡𝑖𝑜𝑛+𝛽7𝑅𝑒𝑙𝑎𝑡𝑖𝑜𝑛𝑠ℎ𝑖𝑝+ 𝛽8𝐶ℎ𝑖𝑙𝑑𝑒𝑛+𝛽9𝐼𝑛𝑐𝑜𝑚𝑒+𝛽10𝐻𝑎𝑟𝑑𝑠ℎ𝑖𝑝
1 +  𝑒𝛽0+𝛽1𝐻𝑜𝑢𝑠𝑖𝑛𝑔+𝛽2𝑃𝑎𝑟𝑒𝑛𝑡𝑆𝑡𝑟𝑒𝑠𝑠+ 𝛽3𝐻𝑜𝑢𝑠𝑖𝑛𝑔∗𝑃𝑎𝑟𝑒𝑛𝑡𝑖𝑛𝑔𝑆𝑡𝑟𝑒𝑠𝑠+ 𝛽4𝑅𝑎𝑐𝑒+𝛽5𝐴𝑔𝑒+𝛽6𝐸𝑑𝑢𝑐𝑎𝑡𝑖𝑜𝑛+𝛽7𝑅𝑒𝑙𝑎𝑡𝑖𝑜𝑛𝑠ℎ𝑖𝑝+ 𝛽8𝐶ℎ𝑖𝑙𝑑𝑒𝑛+𝛽9𝐼𝑛𝑐𝑜𝑚𝑒+𝛽10𝐻𝑎𝑟𝑑𝑠ℎ𝑖𝑝
 
𝑝(𝑇𝐴𝑁𝐹_𝑟𝑒𝑐𝑒𝑖𝑝𝑡) =  
𝑒𝛽0+𝛽1𝐻𝑜𝑢𝑠𝑖𝑛𝑔+𝛽2𝐻𝑒𝑙𝑎𝑡ℎ+ 𝛽3𝐻𝑜𝑢𝑠𝑖𝑛𝑔∗𝑃𝑎𝑟𝑒𝑛𝑆𝑡𝑟𝑒𝑠𝑠+ 𝛽4𝑅𝑎𝑐𝑒+𝛽5𝐴𝑔𝑒+𝛽6𝐸𝑑𝑢𝑐𝑎𝑡𝑖𝑜𝑛+𝛽7𝑅𝑒𝑙𝑎𝑡𝑖𝑜𝑛𝑠ℎ𝑖𝑝+ 𝛽8𝐶ℎ𝑖𝑙𝑑𝑒𝑛+𝛽9𝐼𝑛𝑐𝑜𝑚𝑒+𝛽10𝐻𝑎𝑟𝑑𝑠ℎ𝑖𝑝
1 +  𝑒𝛽0+𝛽1𝐻𝑜𝑢𝑠𝑖𝑛𝑔+𝛽2𝐻𝑒𝑎𝑙𝑡ℎ+ 𝛽3𝐻𝑜𝑢𝑠𝑖𝑛𝑔∗𝑃𝑎𝑟𝑒𝑛𝑡𝑖𝑛𝑔𝑆𝑡𝑟𝑒𝑠𝑠+ 𝛽4𝑅𝑎𝑐𝑒+𝛽5𝐴𝑔𝑒+𝛽6𝐸𝑑𝑢𝑐𝑎𝑡𝑖𝑜𝑛+𝛽7𝑅𝑒𝑙𝑎𝑡𝑖𝑜𝑛𝑠ℎ𝑖𝑝+ 𝛽8𝐶ℎ𝑖𝑙𝑑𝑒𝑛+𝛽9𝐼𝑛𝑐𝑜𝑚𝑒+𝛽10𝐻𝑎𝑟𝑑𝑠ℎ𝑖𝑝
 
𝑝(𝑇𝐴𝑁𝐹_𝑟𝑒𝑐𝑒𝑖𝑝𝑡) =  
𝑒𝛽0+𝛽1𝐻𝑜𝑢𝑠𝑖𝑛𝑔+𝛽2𝐷𝑒𝑝𝑟𝑒𝑠𝑠𝑖𝑜𝑛+ 𝛽3𝐻𝑜𝑢𝑠𝑖𝑛𝑔∗𝑃𝑎𝑟𝑒𝑛𝑆𝑡𝑟𝑒𝑠𝑠+ 𝛽4𝑅𝑎𝑐𝑒+𝛽5𝐴𝑔𝑒+𝛽6𝐸𝑑𝑢𝑐𝑎𝑡𝑖𝑜𝑛+𝛽7𝑅𝑒𝑙𝑎𝑡𝑖𝑜𝑛𝑠ℎ𝑖𝑝+ 𝛽8𝐶ℎ𝑖𝑙𝑑𝑒𝑛+𝛽9𝐼𝑛𝑐𝑜𝑚𝑒+𝛽10𝐻𝑎𝑟𝑑𝑠ℎ𝑖𝑝
1 +  𝑒𝛽0+𝛽1𝐻𝑜𝑢𝑠𝑖𝑛𝑔+𝛽2𝐷𝑒𝑝𝑟𝑒𝑠𝑠𝑖𝑜𝑛+ 𝛽3𝐻𝑜𝑢𝑠𝑖𝑛𝑔∗𝑃𝑎𝑟𝑒𝑛𝑡𝑖𝑛𝑔𝑆𝑡𝑟𝑒𝑠𝑠+ 𝛽4𝑅𝑎𝑐𝑒+𝛽5𝐴𝑔𝑒+𝛽6𝐸𝑑𝑢𝑐𝑎𝑡𝑖𝑜𝑛+𝛽7𝑅𝑒𝑙𝑎𝑡𝑖𝑜𝑛𝑠ℎ𝑖𝑝+ 𝛽8𝐶ℎ𝑖𝑙𝑑𝑒𝑛+𝛽9𝐼𝑛𝑐𝑜𝑚𝑒+𝛽10𝐻𝑎𝑟𝑑𝑠ℎ𝑖𝑝
 
A significant interaction term indicates a moderating relationship, based on the theoretical 
framework and existing literature base. In order to understand the magnitude of significant 
moderating effects, the effect will be plotted, and a slope test will be conducted (Dawson, 2014). 
Significant variables were added to a comprehensive model. 
Hypothesis 6 was tested using the same 4-step process already described; step one - 
establishing a relationship between housing status at Wave 2 (independent variable) and TANF 
sanction at Wave 4 (dependent variable) - was already completed in the analysis for Hypothesis 
4. Step two involved three separate binary logistic regressions testing the relationship between 
housing status at Wave 2 (independent variable) and parenting stress, maternal health, and 
maternal depression at Wave 3 (dependent variable): 
𝑝(𝑃𝑎𝑟𝑒𝑛𝑡_𝑠𝑡𝑟𝑒𝑠𝑠) =  
𝑒𝛽0+𝛽1𝐻𝑜𝑢𝑠𝑖𝑛𝑔+ 𝛽2𝑅𝑎𝑐𝑒+𝛽3𝐴𝑔𝑒+𝛽4𝐸𝑑𝑢𝑐𝑎𝑡𝑖𝑜𝑛+𝛽5𝑅𝑒𝑙𝑎𝑡𝑖𝑜𝑛𝑠ℎ𝑖𝑝+ 𝛽6𝐶ℎ𝑖𝑙𝑑𝑒𝑛+𝛽7𝐼𝑛𝑐𝑜𝑚𝑒+𝛽8𝐻𝑎𝑟𝑑𝑠ℎ𝑖𝑝
1 +  𝑒𝛽0+𝛽1𝐻𝑜𝑢𝑠𝑖𝑛𝑔+ 𝛽2𝑅𝑎𝑐𝑒+𝛽3𝐴𝑔𝑒+𝛽4𝐸𝑑𝑢𝑐𝑎𝑡𝑖𝑜𝑛+𝛽5𝑅𝑒𝑙𝑎𝑡𝑖𝑜𝑛𝑠ℎ𝑖𝑝+ 𝛽6𝐶ℎ𝑖𝑙𝑑𝑒𝑛+𝛽7𝐼𝑛𝑐𝑜𝑚𝑒+𝛽8𝐻𝑎𝑟𝑑𝑠ℎ𝑖𝑝
 
𝑝(𝐻𝑒𝑎𝑙𝑡ℎ) =  
𝑒𝛽0+𝛽1𝐻𝑜𝑢𝑠𝑖𝑛𝑔+ 𝛽2𝑅𝑎𝑐𝑒+𝛽3𝐴𝑔𝑒+𝛽4𝐸𝑑𝑢𝑐𝑎𝑡𝑖𝑜𝑛+𝛽5𝑅𝑒𝑙𝑎𝑡𝑖𝑜𝑛𝑠ℎ𝑖𝑝+ 𝛽6𝐶ℎ𝑖𝑙𝑑𝑒𝑛+𝛽7𝐼𝑛𝑐𝑜𝑚𝑒+𝛽8𝐻𝑎𝑟𝑑𝑠ℎ𝑖𝑝
1 +  𝑒𝛽0+𝛽1𝐻𝑜𝑢𝑠𝑖𝑛𝑔+ 𝛽2𝑅𝑎𝑐𝑒+𝛽3𝐴𝑔𝑒+𝛽4𝐸𝑑𝑢𝑐𝑎𝑡𝑖𝑜𝑛+𝛽5𝑅𝑒𝑙𝑎𝑡𝑖𝑜𝑛𝑠ℎ𝑖𝑝+ 𝛽6𝐶ℎ𝑖𝑙𝑑𝑒𝑛+𝛽7𝐼𝑛𝑐𝑜𝑚𝑒+𝛽8𝐻𝑎𝑟𝑑𝑠ℎ𝑖𝑝
 
𝑝(𝐷𝑒𝑝𝑟𝑒𝑠𝑠𝑖𝑜𝑛) =  
𝑒𝛽0+𝛽1𝐻𝑜𝑢𝑠𝑖𝑛𝑔+ 𝛽2𝑅𝑎𝑐𝑒+𝛽3𝐴𝑔𝑒+𝛽4𝐸𝑑𝑢𝑐𝑎𝑡𝑖𝑜𝑛+𝛽5𝑅𝑒𝑙𝑎𝑡𝑖𝑜𝑛𝑠ℎ𝑖𝑝+ 𝛽6𝐶ℎ𝑖𝑙𝑑𝑒𝑛+𝛽7𝐼𝑛𝑐𝑜𝑚𝑒+𝛽8𝐻𝑎𝑟𝑑𝑠ℎ𝑖𝑝
1 +  𝑒𝛽0+𝛽1𝐻𝑜𝑢𝑠𝑖𝑛𝑔+ 𝛽2𝑅𝑎𝑐𝑒+𝛽3𝐴𝑔𝑒+𝛽4𝐸𝑑𝑢𝑐𝑎𝑡𝑖𝑜𝑛+𝛽5𝑅𝑒𝑙𝑎𝑡𝑖𝑜𝑛𝑠ℎ𝑖𝑝+ 𝛽6𝐶ℎ𝑖𝑙𝑑𝑒𝑛+𝛽7𝐼𝑛𝑐𝑜𝑚𝑒+𝛽8𝐻𝑎𝑟𝑑𝑠ℎ𝑖𝑝
 
Step three tested the effects of these potential mediators, along with housing status, on TANF 
sanction: 
𝑝(𝑇𝐴𝑁𝐹_𝑠𝑎𝑐𝑡𝑖𝑜𝑛) =  
𝑒𝛽0+𝛽1𝐻𝑜𝑢𝑠𝑖𝑛𝑔+𝛽2𝑃𝑎𝑟𝑒𝑛𝑡𝑆𝑟𝑒𝑠𝑠+ 𝛽3𝑅𝑎𝑐𝑒+𝛽4𝐴𝑔𝑒+𝛽5𝐸𝑑𝑢𝑐𝑎𝑡𝑖𝑜𝑛+𝛽6𝑅𝑒𝑙𝑎𝑡𝑖𝑜𝑛𝑠ℎ𝑖𝑝+ 𝛽7𝐶ℎ𝑖𝑙𝑑𝑒𝑛+𝛽8𝐼𝑛𝑐𝑜𝑚𝑒+𝛽9𝐻𝑎𝑟𝑑𝑠ℎ𝑖𝑝 




𝑝(𝑇𝐴𝑁𝐹_𝑠𝑎𝑛𝑐𝑡𝑖𝑜𝑛) =  
𝑒𝛽0+𝛽1𝐻𝑜𝑢𝑠𝑖𝑛𝑔+𝛽2𝐻𝑒𝑎𝑙𝑡ℎ+ 𝛽3𝑅𝑎𝑐𝑒+𝛽4𝐴𝑔𝑒+𝛽5𝐸𝑑𝑢𝑐𝑎𝑡𝑖𝑜𝑛+𝛽6𝑅𝑒𝑙𝑎𝑡𝑖𝑜𝑛𝑠ℎ𝑖𝑝+ 𝛽7𝐶ℎ𝑖𝑙𝑑𝑒𝑛+𝛽8𝐼𝑛𝑐𝑜𝑚𝑒+𝛽9𝐻𝑎𝑟𝑑𝑠ℎ𝑖𝑝 
1 +  𝑒𝛽0+𝛽1𝐻𝑜𝑢𝑠𝑖𝑛𝑔+𝛽2𝑆𝑢𝑝𝑝𝑜𝑟𝑡+ 𝛽3𝑅𝑎𝑐𝑒+𝛽4𝐴𝑔𝑒+𝛽5𝐸𝑑𝑢𝑐𝑎𝑡𝑖𝑜𝑛+𝛽6𝑅𝑒𝑙𝑎𝑡𝑖𝑜𝑛𝑠ℎ𝑖𝑝+ 𝛽7𝐶ℎ𝑖𝑙𝑑𝑒𝑛+𝛽8𝐼𝑛𝑐𝑜𝑚𝑒+𝛽9𝐻𝑎𝑟𝑑𝑠ℎ𝑖𝑝
 
𝑝(𝑇𝐴𝑁𝐹_𝑠𝑎𝑛𝑐𝑡𝑖𝑜𝑛) =  
𝑒𝛽0+𝛽1𝐻𝑜𝑢𝑠𝑖𝑛𝑔+𝛽2𝐷𝑒𝑝𝑟𝑒𝑠𝑠𝑖𝑜𝑛+ 𝛽3𝑅𝑎𝑐𝑒+𝛽4𝐴𝑔𝑒+𝛽5𝐸𝑑𝑢𝑐𝑎𝑡𝑖𝑜𝑛+𝛽6𝑅𝑒𝑙𝑎𝑡𝑖𝑜𝑛𝑠ℎ𝑖𝑝+ 𝛽7𝐶ℎ𝑖𝑙𝑑𝑒𝑛+𝛽8𝐼𝑛𝑐𝑜𝑚𝑒+𝛽9𝐻𝑎𝑟𝑑𝑠ℎ𝑖𝑝 
1 +  𝑒𝛽0+𝛽1𝐻𝑜𝑢𝑠𝑖𝑛𝑔+𝛽2𝑆𝑢𝑝𝑝𝑜𝑟𝑡+ 𝛽3𝑅𝑎𝑐𝑒+𝛽4𝐴𝑔𝑒+𝛽5𝐸𝑑𝑢𝑐𝑎𝑡𝑖𝑜𝑛+𝛽6𝑅𝑒𝑙𝑎𝑡𝑖𝑜𝑛𝑠ℎ𝑖𝑝+ 𝛽7𝐶ℎ𝑖𝑙𝑑𝑒𝑛+𝛽8𝐼𝑛𝑐𝑜𝑚𝑒+𝛽9𝐻𝑎𝑟𝑑𝑠ℎ𝑖𝑝
 
  In step four, the Sobel test was calculated, and coefficients were standardized and 
compared in order to identify mediators and measure direct and indirect effects. Once again, a 
full model was then created which includes all established mediators. Finally, the results from 
research questions 2 and 3 were combined to inform comprehensive logistic regression models 
estimating the influence on family resources and stressors on TANF receipt and sanction for 
families experiencing homelessness, doubling-up, and other forms of housing insecurity. A full 




Table 3.1: Summary of research questions, hypotheses, and analytic approaches 
Question 1: What is the relationship between housing insecurity and TANF receipt and 
sanction for low-income families?  
Research Questions Hypotheses Analytic 
Approach 
Is there a relationship between 
housing status at W2 and TANF 
receipt at W3? 
1.  As level of housing hardship 
increases, the likelihood of TANF 




Is there a relationship between 
housing status at W2 and TANF 
sanction at W3?  
2.  As level of housing hardship 
increases, the likelihood of TANF 




Question 2: How do family resources impact TANF receipt and sanction for low-income 
families experiencing varying levels of housing security?  
Research Questions Hypotheses Analytic 
Approach 
Do social support, employment, 
housing assistance, and 
childcare at W3 mediate the 
relationship between housing 
status at W2 and TANF receipt 
at W4?  
3. Lower levels of social support, no 
current employment, fewer weeks 
worked in the past year, receipt of 
housing assistance, and fewer hours of 
childcare per week will mediate the 
relationship between housing status 






Do social support, employment, 
housing assistance, and 
childcare at W3 mediate the 
relationship between housing 
status at W2 and TANF 
sanction at W4? 
4. Lower levels of social support, no 
current employment, fewer weeks 
worked in the past year, receipt of 
housing assistance, and fewer hours of 
childcare per week will mediate the 
relationship between housing status 






Question 3: How do family stressors impact TANF receipt and sanction for low-income 
families experiencing varying levels of housing security?  
Research Questions Hypotheses Analytic 
Approach 
Do parenting stress, maternal 
health, and maternal depression 
at W3 moderate the relationship 
between housing status at W2 
and TANF receipt at W4?  
5. High parenting stress, poor 
maternal health, and the presence of 
maternal depression will moderate the 
relationship between housing status 







Do parenting stress, maternal 
health, and maternal depression 
at W3 mediate the relationship 
between housing status at W2 
and TANF sanction at W4? 
6. High parenting stress, poor 
maternal health, and the presence of 
maternal depression will mediate the 
relationship between housing status 











This chapter presents the results of the analyses used to inform my three research 
questions and six hypotheses, as outlined in Chapter 3. First, the results of preliminary univariate 
and bivariate analyses are provided. Next, findings for each of the six hypotheses are presented 
individually. The chapter concludes with analyses combining the results of these previous 
analyses to provide comprehensive models of TANF receipt and sanction.  
Preliminary analysis 
Prior to examination of the multivariate regression models utilized to inform my three 
research questions, a series of univariate and bivariate analyses were conducted. First, 
descriptive statistics for all independent, dependent, and mediator/moderator variables were 
examined. Descriptive characteristics of the full sample at Wave 2 are outlined in Table 4.1. 
Approximately 60% of the sample was securely housed at Wave 2. Of the remaining families 
experiencing some form of housing hardship, the majority were classified as insecurely housed 
(26.5% of sample), while 9.7% were classified as doubled-up and 4.3% had experienced 
homelessness.  
The majority of the sample was non-White, with 55.1% identifying as non-Hispanic 
black, 29.3% identifying as Hispanic, and 12.7% identifying as non-Hispanic White. Only 2.7% 
of the sample was classified as another race or ethnicity. Mothers ranged in age from 15 to 48, 
with the mean age being just over 25. Just under 18% of the sample was married, while 
approximately 35% was cohabitating with a partner and approximately 47% was single. Mothers 
reported having between one and ten children, averaging 2.33. Over one third of mothers had 
less than a high school education; 30.3% had earned a high school diploma or equivalent. 
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Another 30.1% had some college experience, while only 2.5% had earned a college degree. The 
mean yearly income of the sample was just over $15,000.  
Table 4.1: Descriptive Characteristics of the Full Sample at Wave 2 (N=2,468) 
Variable  n % M SD Range Missing n(%) 
Housing status 2468     0 
     Securely housed  1469 59.5     
     Insecurely housed 654 26.5     
     Doubled-up 240 9.7     
     Homeless 105 4.3     
Race  2462     6 (0.2) 
      Non-Hispanic White  314 12.7     
      Non-Hispanic Black  1359 55.1     
      Hispanic  723 29.3     
      Other  66 2.7     
Age 2468  25.32 5.57 15-48 0 
Education level 2464     4(0.2) 
      Less than high school 911 36.9     
      High school or equiv. 748 30.3     
      Some college  743 30.1     
      College or more  62 2.5     
Relationship status 2454     14(0.6) 
     Married 441 17.9     
     Cohabitating 857 34.7     
     Single 1156 46.8     
Number of children 2467  2.33 1.44 1-10 1(<0.1) 
Household income 2468  15299.03 11271.54 0-65000 0* 
Material hardship level 2468  1.01 1.31 0-7 0 
*Note: Household income was missing and imputed for approximately 9% of the sample. For more 
information on the method of imputation, see measures section.  
 
Nearly 30% of the sample reported receiving TANF in the last year at Wave 3. At Wave 
4, this was reduced to 24.1%. Of those who received TANF, the rate of sanction remained 







Table 4.2: Dependent variables: TANF receipt and sanction at Waves 3 and 4 (N=2,468) 
Variable  n % Missing n(%) 
Received TANF in last year (Wave 3) 2468  0 
     Yes 731 29.6  
     No 1737 70.4  
Sanctioned in last year (Wave 3) 726  5(0.7) 
     Yes 122 16.7  
     No 604 82.6  
Received TANF in last year (Wave 4) 2468  0 
     Yes 595 24.1  
     No 1873 75.9  
Sanctioned in last year (Wave 4) 586  9(1.5) 
     Yes 95 16.0  
     No 491 82.5  
 
Descriptive characteristics for the resource and stressor variables measured at Wave 3 are 
reported in Tables 4.3 and 4.4. Just over half of the sample was employed at the time of Wave 3 
data collection; mothers worked an average of approximately 28 weeks out of the last year. 
Mothers perceived they had access to an average of 3.57 instrumental social supports, in a 6-item 
index, and utilized an average of 17.5 hours of childcare per week. Furthermore, just over 30% 
of the sample was a recipient of government housing assistance. Most mothers reported being in 
excellent, very good, or good health, with only 16% of the sample reporting fair or poor health. 
Similarly, the majority of the sample (77.1%) did not have depression. The mean level of 









Table 4.3: Resource variables at Wave 3 (N=2,468)  
Variable  n % M SD Range  Missing n(%) 
Employment status 2462     6(0.2) 
      Currently employed 1323 53.6     
      Currently unemployed 1139 46.2     
Weeks worked in last year 2361  27.89 22.33 0-52 107(4.3) 
Level of social support 2468  3.57 1.83 0-6 0 
Receipt of housing assistance 2442     26(1.1) 
      Yes 748 30.3     
      No 1694 68.6     
Hours of childcare per week 2419  17.51 19.01 0-99 49(2.0) 
 
Table 4.4: Stress variables at Wave 3 (N=2,468) 
Variable  n % M SD Range  Missing n(%) 
Level of parenting stress  2437  2.27 0.69 1-4 31(1.3) 
Maternal health  2464     4(0.2) 
     Excellent 615 24.9     
     Very good 782 31.7     
     Good 672 27.2     
     Fair 344 13.9     
     Poor 51 2.1     
Maternal depression 2463     5(0.2) 
     Yes 560 22.7     
     No 1903 77.1     
 
Bivariate analyses. Chi-square tests for independence and ANOVAS were used to 
examine the relationship between housing status and all control, resource, and stressor, and 
dependent variables. Descriptive characteristics stratified by housing status and the results of 
these analyses can be found in Appendix A. These analyses show a significant association 
between housing status and all variables except hours of childcare per week. Next, chi-square 
tests for independence and t-tests were used to examine differences in control variables for those 
who had and had not received TANF and those who had and had not received a TANF sanction 
at Waves 3 and 4. Additionally, resource, and stressor variables were stratified by TANF receipt 
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and TANF sanction at Wave 4. The results of these analyses can be found in Appendix B. There 
were significant relationships between TANF receipt at both waves and all control variables. 
There were also significant differences in all resource and stressor variables for TANF recipients 
and non-recipients at Wave 4. Alternatively, TANF sanction at Wave 3 was not associated with 
any control variables, and at Wave 4, TANF sanction was only significantly associated with 
material hardship. At Wave 4, there was a statistically significant relationship between TANF 
sanction and both maternal depression and level of social support, but no other resource or 
stressor variables.  
Attrition. In order to examine whether study findings may be affected by attrition bias, a 
series bivariate analyses were conducted to compare the baseline characteristics of those 
included in the sample and those excluded (See Figure 3.1). The results of these chi-squares and 
t-tests are reported in Appendix D. Of the entire initial FFCWS sample of 4,898 mothers, 534 
(10.9%) were lost to follow-up between Wave 1 and 2. Because the sample for this dissertation 
included only mothers who reported household incomes below 200% of the poverty level at 
Wave 2, it was not possible to conduct analyses capturing comparisons between the study sample 
and those who would have been included in the sample had they completed Wave 2, nor was it 
possible to examine differences in sample baseline characteristics that were measured at Wave 2. 
However, analyses were conducted to examine differences in age, household income at Wave 1, 
and racial and ethnic categories between the entire Wave 2 FFCWS sample (n = 4,364) and those 
who did not complete Wave 2 (n = 534). Mothers who did not complete Wave 2 were slightly 
older with slightly less household income at Wave 1, on average. Furthermore, there were racial 
differences, with a disproportionate number of mothers of color lost to follow-up, compared to 
those who completed Wave 2 (Appendix D).  
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Of the 4,364 mothers who completed the second wave of data collection, 3,000 were at 
the 199% poverty level or below at Wave 2; it was from this group that the sample utilized in 
this dissertation was drawn. However, a combined 498 mothers were not interviewed at Wave 3 
or 4, and thus were excluded from the sample, along with 34 mothers who did not specify their 
TANF usage or housing status or reported residing in a jail or treatment center. Compared to the 
2,468 mothers who made up the sample in this research, these 532 mothers were not statistically 
different in age, household income, number of children, or housing status. However, chi-square 
tests revealed significant differences in race and ethnicity, education level, and relationship 
status. Mothers excluded from the sample were more likely to be Hispanic and less likely to be 
non-Hispanic Black. Furthermore, they were more likely to have some college experience, and 
less likely to be single (Appendix D).  
Research Question One  
My first research question was assessed using two cross-sectional binary logistic 
regressions (Table 4.5). The first tested the relationship between housing status and TANF 
receipt at Wave 3, controlling for mother race, age, relationship status, education level, number 
of children, household income, and level of material hardship. The model was statistically 
significant (χ2 [15, n=2444] = 381.331, p < .001), correctly classifying 73.2% of the cases. 
Pseudo R squared values were .144 (Cox & Snell) and .205 (Nagelkerke).  
As shown in in Table 4.5, analysis revealed a statistically significant relationship between 
homelessness and TANF receipt; while, compared to those who were stably housed, households 
who had experienced homelessness were 2.5 times more likely to receive TANF in Wave 3. 




Table 4.5: Summary of logistic regression analyses measuring effect of housing status at W2 

















Housing status       
    Insecurely housed .09 .12 1.09 -.10 .25 0.90 
    Doubled-up -.03 .17 0.97 -.04 .37 0.97 
    Homeless .92*** .23 2.52 -.08 .40 0.93 
Race       
    Black .65*** .17 1.92 .75 .49 2.12 
     Hispanic -.10 .19 0.91 .91† .53 2.48 
    Other .50 .35 1.64 .84 .80 2.31 
Age -.07*** .01 0.94 -.01 .02 0.99 
Relationship status       
    Cohabitating -.23* .11 0.80 .22 .22 1.25 
    Married -1.00*** .18 0.38 -.27 .47 0.77 
Education level       
    High school or equiv. -.25* .12 0.78 -.26 .25 0.77 
    Some college -.37** .12 0.69 .03 .26 1.03 
    College or more -2.95** 1.02 0.05 -19.44 40192.97 0.00 
Number of children .20*** .04 1.23 .05 .07 1.06 
Household income  -.04*** .01 0.97 .00 .01 1.00 
Level of material hardship .10* .04 1.10 .02 .08 1.02 
Constant .64* .30 1.89 -2.35** .73 0.10 
Note: Household income is measured in thousands of dollars.  
†p < .1.  *p < .05.  **p < .01.  ***p < .001. 
 
Furthermore, all control variables showed significant relationships with TANF receipt at 
p <.05. Compared to white mothers, mothers who identified as black were 1.9 times more likely 
to have received TANF; mothers classified as Hispanic or another race were not statistically 
different from those classified as white. Older mothers were less likely to be TANF recipients 
than younger mothers (OR = 0.94), those who were cohabitating or married were less likely to 
receive TANF compared to single mothers (OR = 0.80 and OR = 0.38, respectively), and those 
with more children were more likely to be TANF recipients compared to those with less children 
(OR = 1.23). Mothers with more education were also less likely to be TANF recipients than 
mothers who had not completed high school or its equivalent; as the level of education increased, 
the odds of TANF receipt decreased. Finally, both household income and the level of material 
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hardship were associated with TANF receipt, with higher levels of income and lower levels of 
material hardship unsurprisingly decreasing likelihood of receipt (OR = 0.97 and OR = 1.10, 
respectively).  
Next, logistic regression was used to examine the relationship between housing status at 
Wave 2 and TANF sanction at Wave 3 for mothers who reported TANF receipt, again 
controlling for mother race, age, relationship status, education level, number of biological 
children, household income, and level of material hardship. The model was not statistically 
significant (χ2 [15, n=719] = 7.821, p = .93). Pseudo R squared values estimated that the overall 
model explained a very small percentage of variance compared to the previous model focused on 
TANF receipt; Cox & Snell R squared was .011 while Nagelkerke R squared was .018. Table 4.5 
also outlines the variables in this model. No housing types were found to be significant 
predictors of the likelihood of TANF sanction. Furthermore, no control variables were significant 
at p < .05, though being Hispanic was near significance, with the likelihood of TANF sanction 
increasing by nearly 2.5 times for Hispanic mothers.  
Research Question Two 
My next two research questions were assessed with a series of longitudinal multivariate 
regressions examining TANF receipt and sanction four years after experiences of housing 
instability. First, the relationships between housing status at Wave 2 and TANF receipt and 
sanction at Wave 4 were examined, again controlling for race, age, relationship status, education 
level, number of children, household income, and level of material hardship. The first model, 
examining TANF receipt, was statistically significant (χ2 [15, n=2444] = 225.693, p < .001) and 
correctly classified 75.7% of cases. Pseudo R squared values were .088 (Cox & Snell) and .132 
(Nagelkerke). Table 4.6 outlines the variables in the model. Once again, homelessness was the 
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only housing status significantly associated with likelihood of TANF receipt; mothers who 
reported experiencing homelessness in Wave 2 were 2.8 times more likely to have received 
TANF in Wave 4, compared to mothers who were stably housed in Wave 2. Being black, 
younger, or single, and having a lower level of education, more children, or lower income all 
increased the likelihood of TANF sanction.  
Table 4.6: Summary of logistic regression analyses measuring effect of housing status at W2 
on TANF receipt and sanction at W4 
 
Predictor 
TANF Receipt TANF Sanction 
B SE B Odds Ratio B SE B Odds Ratio 
Housing status       
    Insecurely housed .09 .12 1.10 .23 .28 1.26 
    Doubled-up -.04 .18 0.96 -.11 .45 0.89 
    Homeless 1.04*** .22 2.84 .84* .37 2.31 
Race       
    Black .48** .17 1.62 .54 .47 1.71 
     Hispanic -.12 .19 0.89 .29 .52 1.33 
    Other .63† .34 1.87 1.37† .72 3.94 
Age -.05*** .01 0.96 -.04 .03 0.96 
Relationship status       
    Cohabitating -.23* .11 0.80 .24 .25 1.27 
    Married -.95*** .19 0.39 -.47 .57 0.63 
Education level       
    High school or equiv. -.26* .12 0.77 -.44 .30 0.64 
    Some college -.30* .13 0.74 .07 .28 1.07 
    College or more -1.57* .61 0.21 -20.48 28339.90 0.00 
Number of children .12** .04 1.13 -.06 .11 0.94 
Household income  -.02*** .01 0.98 -.00 .01 1.00 
Level of material hardship .05 .04 1.05 .13† .08 1.14 
Constant .01 .31 1.01 -1.31† .79 0.27 
Note: Household income is measured in thousands of dollars.  
†p < .1.  *p < .05.  **p < .01.  ***p < .001. 
 
The model investigating the relationship between housing status at Wave 2 and TANF 
sanction at Wave 4 was marginally statistically significant (χ2 [15, n=581] = 24.572, p = .056) 
and correctly classified 84% of cases. Pseudo R squared values were quite low at .041 (Cox & 
Snell) and .071 (Nagelkerke). Homelessness was the only variable significant at the .05 level in 
this model; mothers who had been homeless at Wave 2 were 2.3 times more likely to experience 
a sanction at Wave 4 (Table 4.6).  
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With an established relationship between homelessness at Wave 2 and TANF receipt and 
sanction at Wave 4, the remaining analyses explored this relationship through an examination of 
potential mediators and moderators. Research question 2 focused on the role of family resources, 
namely social support, employment, and housing assistance, on TANF receipt and sanction. In 
each instance, these variables were tested as potential mediators in the relationship between 
housing status - particularly homelessness - and TANF receipt or sanction.  
TANF Receipt. First, level of social support, employment status, number of weeks 
worked, receipt of housing assistance, having childcare, and number of hours of childcare per 
week – all measured at Wave 3 – were examined in relation to housing status at Wave 2 and 
TANF receipt at Wave 4. Baron and Kenny’s (1986) 4-step approach was utilized. The first step, 
identical for all mediators tested, was to establish a relationship between housing status at Wave 
2 and TANF receipt at Wave 4. The logistic regression testing this relationship has been outlined 
in Table 4.6, showing a relationship between homelessness at Wave 2 and TANF receipt at 
Wave 4. Next, regressions were utilized to establish a relationship between homelessness at 
Wave 2 and the six potential mediating variables, and to establish relationships between the 
mediating variables and TANF receipt, controlling for housing status. Tables 4.7-4.16 
summarize these models.  
Social support and TANF receipt. As shown in Table 4.7, housing status at Wave 2 was 
significantly associated with social support at Wave 3. As a whole, the logistic regression model 
used to test this relationship was significant (χ2 [15, n=2444] = 204.807, p < .001). The model 
correctly classified 61.7% of cases, and pseudo R squared values were .080 (Cox & Snell) and 
.107 (Nagelkerke). While mothers who had experienced housing insecurity and homelessness 
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were both statistically significantly less likely to report high social support compared to stably 
housed mothers, doubling-up was not a significant predictor of social support.  
Table 4.7: Summary of logistic regression analysis measuring effect of housing status at W2 
on social support at W3 
Predictor B SE B Odds Ratio 
Housing status    
    Insecurely housed -.32** .10 0.73 
    Doubled-up -.12 .15 0.82 
    Homeless -.61** .23 0.55 
Race    
    Black -.45** .14 0.64 
    Hispanic -.11 .15 0.90 
    Other -.68* .29 0.51 
Age -.02* .01 0.98 
Relationship status    
    Cohabitating .04 .20 1.04 
    Married .18 .13 1.20 
Education level    
    High school or equiv. .33** .11 1.39 
    Some college .38*** .11 1.47 
    College or more 1.19*** .32 3.28 
Number of children -.08* .04 0.92 
Household income  .03*** .00 1.03 
Level of material hardship -.16*** .04 0.86 
Constant .72** .26 2.05 
χ2(15, n=2444) = 204.807, p < .001 
Cox & Snell R squared = .080 
Nagelkerke R squared = .107 
Percentage of correctly classified cases: 61.7% 
Note: Household income is measured in thousands of dollars.  
†p < .1.  *p < .05.  **p < .01.  ***p < .001. 
 
Once homelessness at Wave 2 was established as a predictor of both social support at 
Wave 3 and TANF receipt at Wave 4, the effect of both housing status and social support on 
TANF receipt was examined using a third logistic regression, summarized in Table 4.8. Once 
again, the model was statistically significant (χ2[16, n=2444] = 231.074, p < .001). It correctly 
classified 75.8% of cases, and pseudo R squared values were .090 (Cox & Snell) and .135 
(Nagelkerke), showing very slight improvement over the initial model which excluded social 
support (Table 4.6). Mothers reporting a high level of social support at Wave 3 were 21% less 
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likely to be TANF recipients at Wave 4, compared to those reporting a low level of social 
support. Once again, homelessness was the only significant predictor of TANF receipt. All 
significant control variables in the model excluding social support remained significant in the 
fuller model. As suggested by Kraemer et al. (2002), the interaction between housing status and 
social support was also examined. However, the interaction terms were not significant, and thus 
not included in the model.  
Table 4.8: Summary of logistic regression analysis measuring effect of housing status at W2 
and social support at W3 on TANF receipt at W4 
Predictor B SE B Odds Ratio 
Housing status    
    Insecurely housed .07 .12 1.08 
    Doubled-up -.06 .18 0.95 
    Homeless 1.01*** .22 2.76 
High social support at W3 -.24* .10 0.79 
Race    
    Black .45** .17 1.58 
    Hispanic -.13 .19 0.88 
    Other .59† .34 1.81 
Age -.05*** .01 0.95 
Relationship Status    
    Cohabitating -.23* .11 0.80 
    Married -.93*** .19 0.39 
Education level    
    High school or equiv. -.24* .12 0.78 
    Some college -.28* .13 0.76 
    College or more -1.51* .61 0.22 
Number of children .12** .04 1.13 
Household income  -.02*** .01 0.98 
Level of material hardship .04 .04 1.04 
Constant .16 .32 1.18 
χ2(16, n=2444) = 231.074, p < .001 
Cox & Snell R squared = .090 
Nagelkerke R squared = .135 
Percentage of correctly classified cases: 75.8% 
Note: Household income is measured in thousands of dollars.  
†p < .1.  *p < .05.  **p < .01.  ***p < .001. 
 
In order to determine if level of perceived social support meets the threshold to be 
considered a mediator, two tests were used. First, the difference in coefficients was examined in 
order to determine the proportion of the effect of homelessness that was mediated by social 
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support. Because logistic regression was used – and therefore the scales of the coefficients could 
not be presumed to be equal – the coefficients were first standardized by being multiplied by the 
standard deviation of the particular model’s independent variable and divided by the standard 
deviation of the model’s dependent variable (MacKinnon & Dwyer, 1993). Only an estimated 
3.5% of the total effect of homelessness was mediated by perceived social support. Additionally, 
the Sobel test was utilized. Based on the Sobel test, perceived social support did not meet the 
cutoff to be considered a statistically significant mediator in the relationship between 
homelessness and TANF receipt (z = 1.02, p = .308).   
Employment status and TANF receipt. Next, employment status at Wave 3 was 
examined as a potential mediator. Logistic regression revealed that housing status at Wave 2 was 
a significant predictor of employment status at Wave 3, meeting the second criteria for mediation 
advanced by Baron and Kenny (1986). The results of this model are summarized in Table 4.9. 
The model was statistically significant (χ2[15, n=2438] = 196.067, p < .001). The model 
correctly classified 63.0% of cases; pseudo R squared were .077 (Cox & Snell) and .103 
(Nagelkerke).  
Homelessness was again the only statistically significant housing status; mothers who 
had been homeless at Wave 2 were less than half as likely to be currently employed at Wave 3 
compared to mothers who were stably housed (OR = 0.42). Additionally, mothers who were 
black, mothers who had reached a higher level of education at Wave 2, and mothers who had 
more income at Wave 2 were more likely to be employed, while mothers who were married and 
had more biological children at Wave 2 were less likely to be employed at the time of Wave 3 





Table 4.9: Summary of logistic regression analysis measuring effect of housing status at W2 
on employment status at W3 
Predictor B SE B Odds Ratio 
Housing status    
    Insecurely housed .06 .11 1.06 
    Doubled-up -.17 .15 0.85 
    Homeless -.87*** .23 0.42 
Race    
    Black .28* .14 1.32 
    Hispanic .18 .14 1.20 
    Other .22 .29 1.25 
Age .02† .01 1.02 
Relationship status    
    Cohabitating -.10 .10 0.90 
    Married -.55*** .13 0.58 
Education level    
    High school or equiv. .72*** .11 2.05 
    Some college .88*** .11 2.40 
    College or more 1.44*** .32 4.24 
Number of children -.13*** .04 0.88 
Household income  .02*** .00 1.02 
Level of material hardship .03 .04 1.03 
Constant -.82** .26 .044 
χ2(15, n=2438) = 196.067, p < .001 
Cox & Snell R squared = .077 
Nagelkerke R squared = .103 
Percentage of correctly classified cases: 63.0% 
Note: Household income is measured in thousands of dollars.  
†p < .1.  *p < .05.  **p < .01.  ***p < .001. 
 
Given that Wave 2 homelessness has been established as a predictor of Wave 3 
employment status and Wave 4 TANF receipt, a combined model was created to examine the 
effect of both homelessness at Wave 2 and employment status at Wave 3 on TANF receipt. This 
model is outlined in Table 4.10. The model was statistically significant (χ2[16, n=2438] = 
285.239 , p < .001), and correctly classified 75.3% of cases. Pseudo R squared values were .110 
(Cox & Snell) and .165 (Nagelkerke), again a slight improvement over the initial model 
excluding employment status at Wave 3 (Table 4.6). The addition of Wave 3 employment status 
reduced the impact of education level; in the fuller model, having a high school degree or some 
84 
 
college experience was no longer a significant predictor of TANF receipt. As with social support, 
there was no significant interaction between housing status at Wave 2 and employment status at 
Wave 3, and thus interaction terms were excluded from the model.  
Table 4.10: Summary of logistic regression analysis measuring effect of housing status at W2 
and employment status at W3 on TANF receipt at W4 
Predictor B SE B Odds Ratio 
Housing status    
    Insecurely housed .10 .12 1.11 
    Doubled-up -.12 .18 0.89 
    Homeless .92*** .23 2.51 
Employed at W3 -.80*** .11 0.45 
Race    
    Black .52** .18 1.68 
    Hispanic -.13 .19 0.88 
    Other .65† .35 1.92 
Age -.04*** .01 0.96 
Relationship status    
    Cohabitating -.24* .11 0.79 
    Married -1.05*** .19 0.35 
Education level    
    High school or equiv. -.12 .13 0.88 
    Some college -.15 .13 0.86 
    College or more -1.27* .62 0.28 
Number of children .09* .04 1.10 
Household income  -.02*** .01 0.98 
Level of material hardship .06 .04 1.06 
Constant .24 .32 1.27 
χ2(16, n=2438) = 285.239 , p < .001 
Cox & Snell R squared = .100 
Nagelkerke R squared = .165 
Percentage of correctly classified cases: 75.3% 
Note: Household income is measured in thousands of dollars.  
†p < .1.  *p < .05.  **p < .01.  ***p < .001. 
 
To determine the extent to which employment status mediates the relationship between 
homelessness and TANF receipt, the standardized coefficients were compared and the Sobel test 
was calculated. Employment status was determined to be a significant mediator (z = 3.40, p < 
.001), mediating an estimated 17.7% of the total effect of homelessness on TANF receipt. 
Weeks worked and TANF receipt. In addition to employment status at the time of data 
collection at Wave 3, number of weeks worked in the past year at Wave 3 was examined as a 
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potential mediator. To satisfy step two of Baron and Kenny’s (1986) approach, a linear 
regression was employed to determine the impact of housing status at Wave 2 on number of 
weeks worked in the past year in Wave 3. The results of this linear regression are outlined in 
Table 4.11. The model explained 10.3% of the variance in number of weeks worked (F [15, 
2329] = 17.822, p < .001). Homelessness was significantly associated with fewer hours worked. 
Additionally, married women and women with more biological children were likely to work 
fewer hours, while black women, women with a higher level of education, and women with 
higher incomes at Wave 2 were likely to work more hours in Wave 3.  
Table 4.11: Summary of linear regression analysis measuring effect of housing status at W2 
on number of weeks worked at W3 
Variable B SE B β t 
Housing status     
    Insecurely housed -.53 1.08 -.01 -.49 
    Doubled-up -1.92 1.60 -.03 -1.20 
    Homeless -9.86*** 2.25 -.09 -4.37 
Race     
    Black 3.51* 1.40 .08 2.51 
    Hispanic .10 1.48 .00 .07 
    Other .94 2.97 .01 .32 
Age .08 .09 .02 .91 
Relationship Status     
    Cohabitating -.89 1.02 -.02 -.87 
    Married -6.64*** 1.32 -.12 -5.02 
Education level     
    High school or equiv. 8.07*** 1.11 .17 7.25 
    Some college 9.78*** 1.15 .20 8.53 
    College or more 12.30*** 2.97 .09 4.15 
Number of children -1.31*** .35 -.09 -3.73 
Household Income  .27*** .04 .14 6.46 
Level of material hardship -.07 .36 -.00 -.20 
Constant 19.30*** 2.64  7.33 
F (15, 2329) = 17.822, p < .001 
R squared = .103 
Note: Household income is measured in thousands of dollars.  
†p < .1.  *p < .05.  **p < .01.  ***p < .001. 
The logistic regression measuring the direct and indirect effects of housing status at 
Wave 2 and weeks worked at Wave 3 on TANF receipt at Wave 4 is summarized in Table 4.12. 
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The model was again significant (χ2[16, n=2339] = 266.767 , p < .001), correctly categorizing 
76.4% of cases. Pseudo R squared values were .108 (Cox & Snell) and .162 (Nagelkerke), a 
small improvement over the initial model excluding potential mediators, outlined in Table 4.6. 
As with employment status, adding weeks worked to the model eliminated having only a high 
school degree and some college experience as significant predictors. There was no significant 
interaction between housing status and number of weeks worked, and thus interaction terms were 
excluded from the model. 
Table 4.12: Summary of logistic regression analysis measuring effect of housing status at W2 
and number of weeks worked at W3 on TANF receipt at W4 
Predictor B SE B Odds Ratio 
Housing status    
    Insecurely housed .09 .13 1.09 
    Doubled-up -.13 .19 0.88 
    Homeless .96*** .23 2.61 
Weeks worked at W3 -.02*** .00 0.98 
Race    
    Black .49** .18 1.64 
    Hispanic -.16 .20 0.86 
    Other .68† .35 1.97 
Age -.04*** .01 0.96 
Relationship Status    
    Cohabitating -.25* .12 0.78 
    Married -1.12*** .19 0.33 
Education level    
    High school or equiv. -.09 .13 0.92 
    Some college -.16 .14 0.85 
    College or more -1.27* .62 0.28 
Number of children .10* .04 1.11 
Household income  -.02** .01 0.99 
Level of material hardship .03 .04 1.03 
Constant .34 .32 1.41 
χ2(16, n=2339) = 266.767 , p < .001 
Cox & Snell R squared = .108 
Nagelkerke R squared = .162 
Percentage of correctly classified cases: 76.4% 
Note: Household income is measured in thousands of dollars.  
†p < .1.  *p < .05.  **p < .01.  ***p < .001. 
 
As with employment status, number of weeks worked was identified as a significant 
mediator between homelessness and TANF receipt, based on the Sobel test (z = 3.93, p < .001). 
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Using standardized coefficients, number of weeks worked in the last year was estimated to 
mediate about 60.5% of the total effect of homelessness on TANF receipt.   
Housing assistance and TANF receipt. Next, the receipt of housing assistance at Wave 3 
was examined as a potential mediator between homelessness at Wave 2 and TANF receipt at 
Wave 4. Satisfying step two of Baron and Kenny’s (1986) mediation requirements, homelessness 
at Wave 2 was shown to be a significant predictor of housing assistance at Wave 3, assessed with 
binary logistic regression (Table 4.13). The model was statistically significant (χ2([5, n=2418] = 
288.237, p < .001), and correctly predicted 72.1% of cases. Pseudo R squared values were .112 
(Cox & Snell) and .159 (Nagelkerke).  
Table 4.13: Summary of logistic regression analysis measuring effect of housing status at W2 
on receipt of housing assistance at W3  
Predictor B SE B Odds Ratio 
Housing Status    
    Insecurely housed -.34** .12 0.72 
    Doubled-up -.57** .18 0.57 
    Homeless .97*** .23 2.64 
Race    
    Black .91*** .18 2.49 
    Hispanic .35† .19 1.42 
    Other .52 .35 1.69 
Age -.02* .01 0.98 
Relationship status    
    Cohabitating -.19† .11 0.83 
    Married -.60*** .16 0.55 
Education level    
    High school or equiv. -.17 .12 0.85 
    Some college -.16 .12 0.85 
    College or more -.72† .41 0.49 
Number of children .17*** .04 1.19 
Household income  -.04*** .01 0.97 
Level of material hardship .03 .04 1.03 
Constant -.48 .30 0.62 
χ2(15, n=2418) = 288.237, p < .001 
Cox & Snell R squared = .112 
Nagelkerke R squared = .159 
Percentage of correctly classified cases: 72.1% 
Note: Household income is measured in thousands of dollars.  




While families who had experienced homelessness were 2.6 times more likely to report 
receiving housing assistance at Wave 3, interestingly those who were categorized as insecurely 
housed or doubled-up at Wave 2 were less likely to report housing assistance receipt, compared 
to families who were stably housed. Additionally, mothers who identified as black, who were 
older, and who had more children were statistically significantly more likely to be recipients of 
housing assistance at Wave three, while mothers who were married and mothers with higher 
incomes were statistically significantly less likely.  
Satisfying step three of Baron and Kenny’s (1986) approach, receipt of housing 
assistance at Wave 3 was shown to be a significant predictor of TANF receipt at Wave 4, 
controlling for housing status. The full model was statistically significant (χ2 [16, n=2418] = 
254.726, p < .001), and correctly predicted 75.6% of cases. Pseudo R squared values were .100 
(Cox & Snell) and .150 (Nagelkerke), once again a small improvement over the initial model 
excluding potential mediators. The variables in the model are outlined in Table 4.14. Compared 
to the initial model (Table 4.6), the addition of housing assistance at Wave 3 removes the 
statistical significance of having a high school degree in predicting TANF receipt, though having 
some college experience and having a college degree remain significant negative predictors of 
TANF receipt. Otherwise, the significant predictors remain the same. As with the previous 
potential mediators, there were no significant interactions between housing status and receipt of 




Table 4.14: Summary of logistic regression analysis measuring effect of housing status at W2 
and receipt of housing assistance at W3 on TANF receipt at W4 
Predictor B SE B Odds Ratio 
Housing status    
    Insecurely housed .13 .12 1.14 
    Doubled-up .04 .18 1.04 
    Homeless .93*** .23 2.53 
Housing assistance at W3 .62*** .11 1.86 
Race    
    Black .38* .18 1.47 
    Hispanic -.13 .20 0.88 
    Other .59† .34 1.80 
Age -.05*** .01 0.96 
Relationship status    
    Cohabitating -.21† .11 0.81 
    Married -.88*** .19 0.41 
Education level    
    High school or equiv. -.23† .13 0.80 
    Some college -.29* .13 0.75 
    College or more -1.50* .62 0.22 
Number of children .11** .04 1.12 
Household income  -.02** .01 0.98 
Level of material hardship .05 .04 1.05 
Constant -.26 .32 0.77 
χ2(16, n=2418) = 254.726, p < .001 
Cox & Snell R squared = .100 
Nagelkerke R squared = .150 
Percentage of correctly classified cases: 75.6% 
Note: Household income is measured in thousands of dollars.  
†p < .1.  *p < .05.  **p < .01.  ***p < .001. 
 
Receipt of housing assistance was shown to be a significant mediator within the 
relationship between homelessness and TANF receipt, based on the Sobel test (z = 3.44, p < 
.001). Standardized coefficients revealed that an estimated 14.4% of the total effect of 
homelessness on TANF receipt was mediated by receipt of housing assistance.  
Childcare and TANF receipt. Finally, amount of childcare was explored as a potential 
mediator between housing status and TANF receipt. Linear regression revealed no significant 
relationship between housing status at Wave 2 and number of hours of childcare utilized per 
week in Wave 3 (Table 4.15), showing that childcare does not act as a mediator. However, 
amount of childcare was shown to be a statistically significant predictor of TANF receipt at 
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Wave 4. Having more hours of childcare per week decreased the likelihood of TANF receipt at 
Wave 4 (Table 4.16). Subsequently, this variable was added to the full model.  
Table 4.15: Summary of linear regression analysis measuring effect of housing status at W2 
on number of hours focus child is in care at W3 
Variable B SE B β t 
Housing status     
    Insecurely housed -.50 .92 -.01 -.55 
    Doubled-up -.83 1.34 -.01 -.62 
    Homeless -3.05 1.92 -.03 -1.59 
Race     
    Black 5.68*** 1.19 .15 4.79 
    Hispanic 2.77* 1.26 .07 2.19 
    Other 1.46 2.53 .01 .58 
Age -.07 .08 -.02 -.90 
Relationship status     
    Cohabitating -2.98** .87 -.08 -3.43 
    Married -7.41*** 1.12 -.15 -6.64 
Education level     
    High school or equiv. 4.92*** .94 .12 5.21 
    Some college 7.49*** .97 .18 7.74 
    College or more 13.85*** 2.50 .12 5.53 
Number of children -1.02** .30 -.08 -3.38 
Household income  .12** .04 .07 3.47 
Level of material hardship .91** .31 .06 2.96 
Constant 13.47*** 2.24  6.02 
F (15, 2387) = 15.509, p < .001 
R squared = .089 
Note: Household income is measured in thousands of dollars.  





Table 4.16: Summary of logistic regression analysis measuring effect of housing status at W2 
and number of hours focus child is in care at W3 on TANF receipt at W4 
Predictor B SE B Odds Ratio 
Housing status    
    Insecurely housed .09 .12 1.09 
    Doubled-up -.06 .18 0.94 
    Homeless 1.09*** .23 2.99 
Amount of childcare at W3 -.02*** .00 0.99 
Race    
    Black .56** .18 1.75 
    Hispanic -.11 .20 0.90 
    Other .70* .34 2.01 
Age -.05*** .01 0.95 
Relationship status    
    Cohabitating -.28* .11 0.75 
    Married -1.03*** .19 0.36 
Education level    
    High school or equiv. -.21 .13 0.81 
    Some college -.21 .13 0.81 
    College or more -1.39* .62 0.25 
Number of children .12** .04 1.12 
Household income  -.02*** .01 0.98 
Level of material hardship .06 .04 1.07 
Constant .35 .32 1.42 
χ2(16, n=2397) = 258.726, p < .001 
Cox & Snell R squared = .102 
Nagelkerke R squared = .153 
Percentage of correctly classified cases: 75.8% 
Note: Household income is measured in thousands of dollars.  
†p < .1.  *p < .05.  **p < .01.  ***p < .001. 
 
TANF receipt and family resources - Full model. Taken together, the preceding analyses 
indicate that employment status, number of weeks worked, and receipt of housing assistance 
mediate the effect of housing status on TANF receipt. While social support, and the number of 
hours of childcare are significant predictors of TANF receipt, they did not meet the criteria for 
mediation. All five variables were added to a full model of family resources predicting TANF 
receipt (Table 4.17). The full model showed improvement over previous models (χ2[20, n=2266] 
= 312.903, p < .001), explaining between 12.9% (Cox & Snell R squared) and 19.4% 
(Nagelkerke R squared) of the variance and correctly predicting 77.2% of cases. While many 
variables remained significant, social support at Wave 3 and amount of childcare at Wave 3 no 
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longer were significant predictors of TANF receipt at the .05 level – both variables for which 
mediation hypotheses were unsupported. Additionally, mothers’ education was no longer a 
significant control variable at any level and being classified as a race or ethnicity other than 
white, black, or Hispanic became statistically significant. Even while controlling for mediators, 
mothers who had been homeless at Wave 2 were 2.4 times more likely to be TANF recipients at 
W4 than mothers who were stably housed.  
Table 4.17: Summary of full logistic regression model measuring effect of housing status at 
W2 and family resources at W3 on TANF receipt at W4 
Predictor B SE B Odds Ratio 
Housing status    
    Insecurely housed .10 .13 1.10 
    Doubled-up -.10 .20 0.90 
    Homeless .89*** .24 2.42 
High social support at W3 -.14 .11 0.87 
Employed at W3 -.45** .15 0.64 
Weeks worked at W3 -.01* .00 0.99 
Housing assistance at W3 .55*** .11 1.74 
Amount of childcare at W3 -.01† .00 0.99 
Race    
    Black .45* .19 1.57 
    Hispanic -.15 .20 0.86 
    Other .71* .36 2.03 
Age -.05*** .01 0.95 
Relationship status    
    Cohabitating -.27* .12 0.76 
    Married -1.07*** .20 0.34 
Education level    
    High school or equiv. -.03 .13 0.97 
    Some college -.12 .14 0.89 
    College or more -1.06† .62 0.35 
Number of children .09* .04 1.09 
Household income  -.01* .01 0.99 
Level of material hardship .05 .04 1.05 
Constant .41 .35 1.50 
χ2(20, n=2266) = 312.903, p < .001 
Cox & Snell R squared = .129 
Nagelkerke R squared = .194 
Percentage of correctly classified cases: 77.2% 
Note: Household income is measured in thousands of dollars.  




TANF sanction. The same procedures described above were conducted to explore 
potential mediation by the six resource variables within the relationship between homelessness at 
Wave 2 and TANF sanction at Wave 4. Steps 1 and 2 of Baron and Kenny’s (1986) 4-step 
process have already been completed in the examination of TANF receipt. The following section 
will focus on steps 3 and 4, referring to the previously considered regression models to satisfy 
steps 1 and 2. 
Social support and TANF sanction. While homelessness was demonstrated to have a 
significant effect on level of perceived social support (Table 4.7), perceived social support at 
Wave 3 was not shown to be a significant predictor of TANF sanction (Table 4.18). 
Table 4.18: Summary of logistic regression analysis measuring effect of housing status at W2 
and level of social support at W3 on TANF sanction at W4 
Predictor B SE B Odds Ratio 
Housing status    
    Insecurely housed .22 .28 1.25 
    Doubled-up -.14 .45 0.87 
    Homeless .81* .38 2.24 
High social support at W3 -.19 .24 0.83 
Race    
    Black .53 .47 1.70 
    Hispanic .28 .52 1.32 
    Other 1.35† .72 3.84 
Age -.04 .03 0.96 
Relationship status    
    Cohabitating .24 .25 1.27 
    Married -.46 .57 0.63 
Education level    
    High school or equiv. -.44 .30 0.65 
    Some college .08 .28 1.09 
    College or more -20.53 28346.30 0.00 
Number of children -.07 .11 0.94 
Household income  -.00 .01 1.00 
Level of material hardship .13 .08 1.14 
Constant -1.17 .81 0.31 
χ2(16, n=581) = 25.165, p =.067 
Cox & Snell R squared = .042 
Nagelkerke R squared = .072 
Percentage of correctly classified cases: 84.2% 
Note: Household income is measured in thousands of dollars.  




Furthermore, the statistical significance of the model was reduced with the addition of 
level of social support at Wave 3 (χ2 [16, n=581] = 25.165, p =.067), compared to the initial 
model (Table 4.6). This is incongruent with bivariate analyses, which showed a significant 
difference in social support among mothers who had been sanctioned and those who had not 
(Appendix B). Additionally, there was no significant interaction between housing status at Wave 
2 and social support at Wave 3; therefore, interaction terms were excluded from the model. 
Taken together, this does not provide support for the hypothesis that social support mediates the 
relationship between homelessness and TANF sanction, nor is it a significant covariate when 
controlling for other factors. Perceived level of social support at Wave 3 was therefore not 
included in the final model predicting TANF sanction.  
Employment status and TANF sanction. Having satisfied step one (Table 4.6) and step 
two (Table 4.9) of Baron and Kenny’s mediation requirements, a logistic regression was utilized 
to examine the impact of employment status on TANF sanction, controlling for housing status. 
As with TANF receipt, there was an association between employment status at Wave 3 and 
TANF sanction at Wave 4, though this relationship was only marginally significant (p=.08; 
Table 4.19). The model as a whole was significant (χ2[16, n=578] = 28.277, p =.029), and was 
slightly stronger than the initial model excluding potential mediating variables (Table 4.6). 
Pseudo R squared values were .048 (Cox & Snell) and .081 (Nagelkerke), and the model 
correctly classified 83.9% of cases. There was no significant interaction between housing status 
at Wave 2 and employment status at Wave 3, therefore interaction terms were excluded from the 
model. While comparison of the standardized coefficients revealed that an estimated 12.5% of 
the total effect of homelessness at Wave 2 on TANF sanction at Wave 4 was mediated by 
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employment status at Wave 3, the Sobel test revealed that this mediation was not statistically 
significant (z = 1.60, p = 0.11). 
Table 4.19: Summary of logistic regression analysis measuring effect of housing status at W2 
and employment status at W3 on TANF sanction at W4 
Predictor B SE B Odds Ratio 
Housing status    
    Insecurely housed .25 .28 1.28 
    Doubled-up -.26 .47 0.77 
    Homeless .81* .37 2.24 
Employment status at W3 -.46† .26 0.63 
Race    
    Black .57 .47 1.77 
    Hispanic .23 .53 1.26 
    Other 1.40† .73 4.04 
Age -.04 .03 0.96 
Relationship status    
    Cohabitating .24 .25 1.27 
    Married -.52 .58 0.59 
Education level    
    High school or equiv. -.39 .30 0.68 
    Some college .13 .29 1.14 
    College or more -20.25 28358.90 0.00 
Number of children -.09 .11 0.91 
Household income  -.00 .01 1.00 
Level of material hardship .15† .08 1.16 
Constant -1.18 .79 0.31 
χ2(16, n=578) = 28.277, p =.029 
Cox & Snell R squared = .048 
Nagelkerke R squared = .081 
Percentage of correctly classified cases: 83.9% 
Note: Household income is measured in thousands of dollars.  
†p < .1.  *p < .05.  **p < .01.  ***p < .001. 
 
Weeks worked and TANF sanction. Next, the hypothesized mediating role of number of 
weeks worked in the last year was tested using a logistic regression modeling the effects of 
weeks worked at Wave 3 on TANF sanction at Wave 4, controlling for housing status at Wave 2 
(Table 4.20). This regression did not demonstrate a relationship between the number of weeks 
worked and TANF sanction, providing no support for the hypothesized mediation. However, 
when interaction between housing status at Wave 2 and number of weeks worked at Wave 3 was 
included in the model, there was a marginally significant interaction term representing the 
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interaction between homelessness and the number of weeks worked (p=.066). There was no 
significant interaction between doubling-up or being insecurely housed and number of weeks 
worked, however. With the addition of the interaction terms, the model as a whole was 
statistically significant (χ2 [16, n=551] = 30.714, p =.043). Pseudo R squared estimates were 
between .054 (Cox & Snell) and .092 (Nagelkerke), and the model correctly classified 84.0% of 
cases.  
Table 4.20: Summary of logistic regression analysis measuring effect of housing status at W2 
and number of weeks worked at W3 on TANF sanction at W4 
Predictor B SE B Odds Ratio 
Housing status    
    Insecurely housed .26 .41 1.30 
    Doubled-up .43 .58 1.54 
    Homeless 1.43** .48 4.19 
Weeks worked at W3 .00 .01 1.00 
Interaction terms    
    Insecurely housed X Weeks worked -.00 .01 1.00 
    Doubled-up X Weeks worked -.02 .02 0.98 
    Homeless X Weeks worked -.05† .02 0.95 
Race    
    Black .51 .48 1.67 
    Hispanic .29 .53 1.33 
    Other 1.41† .73 4.11 
Age -.04 .03 0.96 
Relationship status    
    Cohabitating .29 .26 1.34 
    Married -.72 .66 0.49 
Education level    
    High school or equiv. -.38 .31 0.69 
    Some college .20 .30 1.22 
    College or more -20.40 28277.77 0.00 
Number of children -.08 .11 0.92 
Household income  -.01 .01 1.00 
Level of material hardship .14† .08 1.15 
Constant -1.16 .83 0.31 
χ2(16, n=551) = 30.714, p =.043 
Cox & Snell R squared = .054 
Nagelkerke R squared = .092 
Percentage of correctly classified cases: 84.0% 
Note: Household income is measured in thousands of dollars.  




Plotting this interaction term indicated that, for homeless families, working more weeks 
in the year reduced the likelihood of TANF sanction, while for non-homeless families, the 
amount of weeks worked did not impact the likelihood of TANF sanction. A sub-group analysis 
estimating the impact of number of weeks worked on TANF sanction for only families who had 
experienced homelessness in Wave 2 revealed a statistically significant odds ratio of 0.90 (Table 
4.21). Even with the substantially reduced sample size, this model was statistically significant 
(χ2[12, n=52] = 24.229, p =.019). Pseudo R squared estimates were .372 (Cox & Snell) and .533 
(Nagelkerke), and the model correctly predicted 76.7% of cases. No control variables were 
significant predictors of TANF sanction for homeless families at the .05 level, although number 
of children and level of material hardship were marginally significant.  
Table 4.21: Summary of logistic regression sub-group analysis measuring effect of number of 
weeks worked at W3 on TANF sanction at W4 for mothers categorized as homeless at W2 
Predictor B SE B Odds Ratio 
Weeks worked at W3 -.11** .04 0.90 
Race    
    Black 2.14 1.95 8.47 
    Hispanic .95 1.83 2.60 
    Other 23.78 17414.31 21322016820.00 
Age -.02 .09 0.98 
Relationship status    
    Cohabitating .73 1.01 2.08 
    Married -36.25 24627.55 0.00 
Education level    
    High school or equiv. -1.13 1.14 0.32 
    Some college .41 1.38 1.51 
Number of children -1.13† .67 0.32 
Household income  -.09 .07 0.92 
Level of material hardship .50† .30 1.64 
Constant 1.45 2.69 4.28 
χ2(12, n=52) = 24.23, p =.02 
Cox & Snell R squared = .33 
Nagelkerke R squared = .53 
Percentage of correctly classified cases: 76.7% 
Note: Household income is measured in thousands of dollars.  




Housing assistance and TANF sanction. Like with social support, receipt of housing 
assistance at Wave 3 was not shown to have a significant relationship with TANF sanction at 
Wave 4, based on results from a logistic regression (χ2[16, n=574] = 25.048, p =.069; Table 
4.22). The interaction between housing status at Wave 2 and housing assistance at Wave 3 was 
insignificant, and thus was excluded from the model. This was consistent with chi-square 
analysis finding no association between housing assistance and sanction (Appendix B). While 
homelessness at Wave 2 was a significant predictor of housing assistance at Wave 3 (Table 
4.13), receipt of housing assistance did not meet mediation criteria, thus rejecting the hypothesis. 
Consequently, housing assistance was not included in the full model predicting TANF sanction.   
Table 4.22: Summary of logistic regression analysis measuring effect of housing status at W2 
and receipt of housing assistance at W3 on TANF sanction at W4 
Predictor B SE B Odds Ratio 
Housing status    
    Insecurely housed .26 .28 1.29 
    Doubled-up -.12 .45 0.89 
    Homeless .81* .38 2.24 
Housing assistance at W3 .11 .24 1.12 
Race    
    Black .52 .47 1.68 
    Hispanic .26 .52 1.30 
    Other 1.34† .72 3.80 
Age -.04 .03 0.97 
Relationship Status    
    Cohabitating .25 .25 1.28 
    Married -.48 .57 0.62 
Education level    
    High school or equiv. -.46 .30 0.63 
    Some college .07 .28 1.08 
    College or more -20.51 28325.25 0.00 
Number of children -.08 .11 0.92 
Household income  -.00 .01 1.00 
Level of material hardship .13 .08 1.14 
Constant -1.32† .80 0.27 
χ2(16, n=574) = 25.048, p =.069 
Cox & Snell R squared = .043 
Nagelkerke R squared = .072 
Percentage of correctly classified cases: 84.0% 
Note: Household income is measured in thousands of dollars.  




Childcare and TANF sanction. Because housing status at Wave 2 was not shown to be 
associated with the number of hours of childcare at Wave 3 (Table 4.15), there is not support for 
the hypothesis that childcare mediates the relationship between housing status and TANF 
sanction. Furthermore, in line with bivariate results (Appendix B), logistic regression revealed 
that the amount of childcare at Wave 3 was not associated with TANF sanction (χ2[16, n=566] = 
25.717, p =.058; Table 4.23), nor were there any significant interactions between housing status 
and amount of childcare. Therefore, amount of childcare per week was not included in the fuller 
models predicting TANF sanction.  
Table 4.23: Summary of logistic regression analysis measuring effect of housing status at W2 
and amount of childcare at W3 on TANF sanction at W4 
Predictor B SE B Odds Ratio 
Housing status    
    Insecurely housed .28 .28 1.32 
    Doubled-up -.02 .45 0.98 
    Homeless .85* .37 2.34 
Amount of childcare at W3 -.01 .01 0.99 
Race    
    Black .58 .47 1.78 
    Hispanic .31 .52 1.36 
    Other 1.37† .72 3.92 
Age -.04 .03 0.97 
Relationship status    
    Cohabitating .25 .26 1.29 
    Married -.52 .58 0.60 
Education level    
    High school or equiv. -.48 .31 0.62 
    Some college .11 .29 1.11 
    College or more -20.55 28385.83 0.00 
Number of children -.05 .11 0.95 
Household income  -.00 .01 1.00 
Level of material hardship .15† .08 1.16 
Constant -1.38† .80 0.25 
χ2(16, n=566) = 25.717, p =.058 
Cox & Snell R squared = .044 
Nagelkerke R squared = .075 
Percentage of correctly classified cases: 83.6% 
Note: Household income is measured in thousands of dollars.  




TANF sanction and family resources - Full model. Overall, the previous analyses do not 
provide sufficient evidence to support the hypothesis that family resources, including social 
support, employment, housing assistance, and childcare, act as mediators in the relationship 
between housing status and TANF sanction. While employment status at Wave 3 was marginally 
significantly associated with likelihood of TANF sanction at Wave 4, the relationship between 
homelessness at Wave 2, employment status at Wave 3, and TANF sanction at Wave 4 did not 
meet the statistical threshold for mediation. Furthermore, the number of weeks worked at Wave 3 
did not predict TANF sanction at Wave 4 for the full sample. However, a significant interaction 
between homelessness and number of weeks worked did indicate that, for homeless families 
specifically, working more weeks decreased the likelihood of TANF sanction. Level of social 
support, receipt of housing assistance, and amount of childcare at Wave 3 all had no statistically 
significant effect on TANF sanction, and thus were excluded from the full model. This model, 
presented in Table 4.24, showed improvement over the initial model excluding these variables 
(Table 4.6).  
The model is statistically significant (χ2[20, n=549] = 32.577, p < .05), and correctly 
classified 84% of cases. Pseudo R squared values were .058 (Cox & Snell) and .098 
(Nagelkerke). However, the addition of weeks worked and the interaction between housing status 
and weeks worked lowered the p-value of employment status, so that it was no longer marginally 
significant. Taken together, this ultimately suggests that experiences of homelessness have a 
unique effect on the risk of TANF sanction, in part because homelessness may moderate the 





Table 4.24: Summary of full logistic regression model measuring effect of housing status at 
W2 and family resources at W3 on TANF sanction at W4 
Predictor B SE B Odds Ratio 
Housing status    
    Insecurely housed .26 .41 1.30 
    Doubled-up .21 .62 1.23 
    Homeless 1.42** .48 4.12 
Employed at W3 -.47 .31 0.63 
Weeks worked at W3 .01 .01 1.01 
Interaction terms    
Insecurely housed X Weeks worked -.00 .01 1.00 
Doubled-up X Weeks worked -.02 .02 0.98 
Homeless X Weeks worked -.04† .02 0.97 
Race    
    Black .52 .48 1.68 
    Hispanic .23 .53 1.26 
    Other 1.43* .73 4.19 
Age -.04 .03 0.96 
Relationship status    
    Cohabitating .28 .26 1.32 
    Married -.75 .66 0.47 
Education level    
    High school or equiv. -.34 .31 0.72 
    Some college .19 .31 1.21 
    College or more -20.34 28262.65 0.00 
Number of children -.09 .11 0.92 
Household income  -.01 .01 0.99 
Level of material hardship .16† .08 1.17 
Constant -1.08 .84 0.34 
χ2(20, n=549) = 32.577, p = .038 
Cox & Snell R squared = .058 
Nagelkerke R squared = .098 
Percentage of correctly classified cases: 84.0% 
Note: Household income is measured in thousands of dollars.  
†p < .1.  *p < .05.  **p < .01.  ***p < .001. 
 
Research Question Three 
My last research question explored the role of family stressors, namely parenting stress 
and maternal mental and physical health on TANF receipt and sanction. I hypothesized that 
higher levels of parenting stress, poorer overall health, and the presence of maternal depression 
would moderate the relationship between housing status and TANF receipt and mediate the 
relationship between housing status and TANF sanction.  
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TANF Receipt. First, these stressor variables – all measured at Wave 3 – were examined 
in relation to housing status at Wave 2 and TANF receipt at Wave 4. Interaction terms were 
utilized to examine potential moderation.  
Parenting stress and TANF receipt. No significant interactions were found in a logistic 
regression measuring the effect of housing status and parenting stress on TANF receipt (χ2[16, 
n=2413] = 231.347, p < .001; Table 4.25). Therefore, there is no support for the hypothesis that 
parenting stress moderates the relationship between housing status and TANF receipt. 
Furthermore, while bivariate analyses did show an association between parenting stress and 
TANF receipt (Appendix B), parenting stress was not found to be a significant predictor of 
TANF receipt when controlling for other factors, even when interaction terms were removed 
from the model (χ2[16, n=2413] = 228.874, p < .001; Table 4.26). Accordingly, parenting stress 












Table 4.25: Summary of logistic regression analysis measuring effect of housing status at W2 
and parenting stress at W3 on TANF receipt at W4 
Predictor B SE B Odds Ratio 
Housing status    
    Insecurely housed .06 .19 1.06 
    Doubled-up .18 .26 1.20 
    Homeless .85** .34 2.33 
High parenting stress at W3 .05 .13 1.05 
Interactions    
    Insecurely housed X High parenting stress .05 .24 1.05 
    Doubled- up X High parenting stress -.39 .35 0.67 
    Homeless X High parenting stress .40 .44 1.50 
Race    
    Black .49** .18 1.63 
    Hispanic -.15 .19 0.86 
    Other .70* .34 2.02 
Age -.05*** .01 0.96 
Relationship status    
    Cohabitating -.24* .11 0.79 
    Married -.96*** .19 0.38 
Education level    
    High school or equiv. -.26* .13 0.77 
    Some college -.28* .13 0.76 
    College or more -1.60** .61 0.20 
Number of children .13** .04 1.13 
Household income  -.02*** .01 0.98 
Level of material hardship .05 .04 1.05 
Constant -.01 .32 0.99 
χ2(19, n=2413) = 231.347, p < .001 
Cox & Snell R squared = .091 
Nagelkerke R squared = .137 
Percentage of correctly classified cases: 75.5% 
Note: Household income is measured in thousands of dollars.  










Table 4.26: Summary of logistic regression analysis measuring effect of housing status at W2 
and parenting stress at W3 on TANF receipt at W4 
Predictor B SE B Odds Ratio 
Housing status    
    Insecurely housed .09 .12 1.09 
    Doubled-up -.05 .18 0.95 
    Homeless 1.08*** .23 2.93 
High parenting stress at W3 .05 .10 1.05 
Race    
    Black .49** .18 1.64 
    Hispanic -.14 .19 0.87 
    Other .68* .34 1.97 
Age -.05*** .01 0.96 
Relationship status    
    Cohabitating -.24* .11 0.79 
    Married -.96*** .19 0.38 
Education level    
    High school or equiv. -.26* .13 0.77 
    Some college -.29* .13 0.75 
    College or more -1.57* .61 0.21 
Number of children .13** .04 1.13 
Household income  -.02*** .01 0.98 
Level of material hardship .05 .04 1.05 
Constant -.02 .32 0.98 
χ2(16, n=2413) = 228.874, p < .001 
Cox & Snell R squared = .090 
Nagelkerke R squared = .135 
Percentage of correctly classified cases: 75.8% 
Note: Household income is measured in thousands of dollars.  
†p < .1.  *p < .05.  **p < .01.  ***p < .001. 
 
Maternal health and TANF receipt. As with parenting stress, there was no statistically 
significant interaction between maternal health at Wave 3 and housing status at Wave 2 (χ2[19, 
n=2440] = 239.592, p < .001; Table 4.27). Accordingly, the hypothesis that maternal health 
moderates the relationship between housing status and TANF receipt is unsupported. However, 
maternal health at Wave 3 was established to be a significant predictor of TANF receipt at Wave 
4. When interaction terms were removed from the model, mothers who reported fair or poor 
health were 1.5 times more likely to be TANF recipients than those who reported their health to 
be excellent, very good, or good (Table 4.28). 
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Table 4.27: Summary of logistic regression analysis measuring effect of housing status at W2 
and maternal health at W3 on TANF receipt at W4 
Predictor B SE B Odds Ratio 
Housing status    
    Insecurely housed .06 .13 1.07 
    Doubled-up -.17 .20 0.85 
    Homeless 1.20*** .26 3.31 
Poor maternal health at W3 .37* .18 1.44 
Interactions    
    Insecurely housed X Poor maternal health .08 .29 1.08 
    Doubled- up X Poor maternal health .51 .43 1.71 
    Homeless X Poor maternal health -.66 .49 0.52 
Race    
    Black .48** .17 1.62 
    Hispanic -.14 .19 0.90 
    Other .55 .34 1.73 
Age -.05*** .01 0.95 
Relationship status    
    Cohabitating -.24* .11 0.79 
    Married -.98*** .19 0.38 
Education level    
    High school or equiv. -.24† .12 0.79 
    Some college -.27* .13 0.76 
    College or more -1.50* .61 0.22 
Number of children .12** .04 1.12 
Household income -.02*** .01 0.98 
Level of material hardship .04 .04 1.04 
Constant .02 .31 1.02 
χ2(19, n=2440) = 239.592, p < .001 
Cox & Snell R squared = .094 
Nagelkerke R squared = .140 
Percentage of correctly classified cases: 75.7% 
Note: Household income is measured in thousands of dollars.  










Table 4.28: Summary of logistic regression analysis measuring effect of housing status at W2 
and maternal health at W3 on TANF receipt at W4 
Predictor B SE B Odds Ratio 
Housing status    
    Insecurely housed .08 .12 1.08 
    Doubled-up -.06 .18 0.94 
    Homeless 1.01*** .22 2.75 
Poor maternal health at W3 .40** .13 1.49 
Race    
    Black .48** .17 1.62 
    Hispanic -.15 .19 0.90 
    Other .58† .34 1.79 
Age -.05*** .01 0.95 
Relationship status    
    Cohabitating -.24* .11 0.79 
    Married -.96*** .19 0.38 
Education level    
    High school or equiv. -.24† .12 0.79 
    Some college -.27* .13 0.76 
    College or more -1.53* .61 0.22 
Number of children .12** .04 1.13 
Household income -.02*** .01 0.98 
Level of material hardship .04 .04 1.04 
Constant .03 .31 1.03 
χ2(16, n=2440) = 235.639, p < .001 
Cox & Snell R squared = .092 
Nagelkerke R squared = .138 
Percentage of correctly classified cases: 75.6% 
Note: Household income is measured in thousands of dollars.  
†p < .1.  *p < .05.  **p < .01.  ***p < .001. 
 
The model was statistically significant (χ2[16, n=2440] = 235.639, p < .001), correctly 
classifying 75.6% of cases. Pseudo R squared values were .092 (Cox & Snell) and .138 
(Naglekerke), only a very slight improvement over the initial model (Table 4.6).  
Although the moderation hypothesis was rejected, the association between poor health 
and TANF receipt and prior research establishing a link between housing hardship and poor 
health indicated that a mediating relationship may exist. Therefore, Baron and Kenny’s (1989) 
four step approach was also employed. Satisfying step two of this approach, a logistic regression 
established a relationship between homelessness at Wave 2 and fair or poor maternal health at 
107 
 
Wave 3 (χ2([5, n=2440] = 104.531, p < .001; Table 4.29). Homelessness at Wave 2 increased the 
odds of reporting fair or poor health at Wave 3 by 75%.  
Table 4.29: Summary of logistic regression analysis measuring effect of housing status at W2 
on poor maternal health at W3  
Predictor B SE B Odds Ratio 
Housing status    
    Insecurely housed .18 .14 1.20 
    Doubled-up .26 .21 1.30 
    Homeless .56* .25 1.75 
Race    
    Black -.18 .19 0.84 
    Hispanic .28 .19 1.33 
    Other .61† .35 1.84 
Age .04*** .01 1.04 
Relationship status    
    Cohabitating .08 .13 1.09 
    Married -.21 .18 0.82 
Education level    
    High school or equiv. -.23 .14 0.80 
    Some college -.47** .15 0.63 
    College or more -1.22* .54 0.30 
Number of children .08† .04 1.08 
Household income  -.02** .01 0.98 
Level of material hardship .14** .04 1.15 
Constant -2.77*** .33 0.06 
χ2(15, n=2440) = 104.531, p < .001 
Cox & Snell R squared = .042 
Nagelkerke R squared = .072 
Percentage of correctly classified cases: 84.0% 
Note: Household income is measured in thousands of dollars.  
†p < .1.  *p < .05.  **p < .01.  ***p < .001. 
 
Having met the first three requirements for mediation, the Sobel test was utilized to 
determine if maternal health was a statistically significant mediator between homelessness and 
TANF receipt, and standardized coefficients were compared to calculate the proportion of effect 
mediated. The Sobel test indicated that maternal health status does not quite meet the statistical 
threshold for mediation (z = 1.81, p = .07), and would account for only 4.2% of the total effect, 
as revealed by the standardized coefficients. Taken together, this does not provide any evidence 
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for mediation or moderation, but it does corroborate prior literature pointing to maternal health 
as a significant covariate in predicting TANF receipt.  
Maternal Depression and TANF receipt. Logistic regression measuring the effect of the 
interaction between housing status and maternal depression on TANF receipt revealed no 
significant interactions, once again providing no support for the hypothesis that depression 
moderates the relationship between housing status and TANF receipt (χ2[19, n=2439] = 227.95, 
p < .001; Table 4.30).  
Table 4.30: Summary of logistic regression analysis measuring effect of housing status at W2 
and maternal depression at W3 on TANF receipt at W4 
Predictor B SE B Odds Ratio 
Housing status    
    Insecurely housed .14 .14 1.15 
    Doubled-up -.03 .20 0.97 
    Homeless 1.08*** .26 2.95 
Maternal depression at W3 .19 .16 1.21 
Interactions    
    Insecurely housed X Poor maternal health -.20 .26 0.82 
    Doubled- up X Poor maternal health -.09 .40 0.92 
    Homeless X Poor maternal health -.16 .49 0.85 
Race    
    Black .48** .17 1.61 
    Hispanic -.12 .19 0.89 
    Other .63† .34 1.88 
Age -.05*** .01 0.96 
Relationship status    
    Cohabitating -.23* .11 0.80 
    Married -.96*** .19 0.38 
Education level    
    High school or equiv. -.25* .12 0.78 
    Some college -.29* .13 0.75 
    College or more -1.55* .61 0.21 
Number of children .12** .04 1.13 
Household income -.02*** .01 0.98 
Level of material hardship .05 .04 1.05 
Constant -.03 .32 0.97 
χ2(19, n=2439) = 227.95, p < .001 
Cox & Snell R squared = .089 
Nagelkerke R squared = .133 
Percentage of correctly classified cases: 75.8% 
Note: Household income is measured in thousands of dollars.  




Furthermore, maternal depression itself was not a statistically significant predictor of 
TANF receipt, even when interaction terms were removed from the model (χ2[16, n=2439] = 
227.344, p < .001; Table 4.31). As with parenting stress, this contrasted with the significant 
bivariate association (Appendix B), and it excluded possible mediation.  
Table 4.31: Summary of logistic regression analysis measuring effect of housing status at W2 
and maternal depression at W3 on TANF receipt at W4 
Predictor B SE B Odds Ratio 
Housing status    
    Insecurely housed .08 .12 1.09 
    Doubled-up -.05 .18 0.95 
    Homeless 1.04*** .22 2.83 
Maternal depression at W3  .11 .12 1.11 
Race    
    Black .48** .17 1.61 
    Hispanic -.11 .19 0.89 
    Other .62† .34 1.87 
Age -.05*** .01 0.96 
Relationship status    
    Cohabitating -.23* .11 0.79 
    Married -.96*** .19 0.38 
Education level    
    High school or equiv. -.25* .12 0.78 
    Some college -.29* .13 0.75 
    College or more -1.55* .61 0.21 
Number of children .12** .04 1.13 
Household income -.02*** .01 0.98 
Level of material hardship .05 .04 1.05 
Constant -.01 .31 0.99 
χ2(16, n=2439) = 227.34, p < .001 
Cox & Snell R squared = .089 
Nagelkerke R squared = .133 
Percentage of correctly classified cases: 75.6% 
Note: Household income is measured in thousands of dollars.  
†p < .1.  *p < .05.  **p < .01.  ***p < .001. 
 
Combined, these analyses do not support any hypothesized relationship between 
homelessness and family stressors as it relates to TANF receipt. No moderating relationships 
were found, and while poor maternal health was revealed to be a significant predictor of TANF 
receipt, it did not meet the statistical threshold for mediation.  
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TANF Sanction. Next, Baron and Kenny’s (1986) 4-step process was utilized to examine 
the role of family stressors within the relationship between homelessness and TANF sanction.  
Parenting Stress and TANF sanction. A binary logistic regression measuring the effect 
of housing status at Wave 2 on reporting high or low parenting stress at Wave 3 indicated no 
significant relationship between housing status and parenting stress (Table 4.32). In fact, the only 
significant predictors of parenting stress were mother’s age (OR = .98), level of material hardship 
(OR = 1.11), and, unsurprisingly, number of biological children (OR = 1.12). The model was 
significant (χ2[15, n=2413] =35.374, p < .01), but Cox & Snell and Nagelkerke Pseudo R 
squared values were quite low (.015 and .020, respectively), and the model correctly classified 
only 57.7% of cases.  
Table 4.32: Summary of logistic regression analysis measuring effect of housing status at W2 
on parenting stress at W3  
Predictor B SE B Odds Ratio 
Housing status    
    Insecurely housed .13 .10 1.13 
    Doubled-up .12 .15 1.13 
    Homeless -.04 .21 0.96 
Race    
    Black .13 .13 1.14 
    Hispanic .16 .14 1.18 
    Other .36 .29 1.43 
Age -.02* .01 0.98 
Relationship status    
    Cohabitating -.03 .10 0.97 
    Married -.04 .12 0.96 
Education level    
    High school or equiv. -.11 .11 0.90 
    Some college -.13 .11 0.88 
    College or more .20 .28 1.22 
Number of children .11** .04 1.12 
Household income -.00 .00 1.00 
Level of material hardship .11** .04 1.11 
Constant .35 .25 1.43 
χ2(15, n=2413) = 35.374, p < .01 
Cox & Snell R squared = .015 
Nagelkerke R squared = .020 
Percentage of correctly classified cases: 57.7% 
Note: Household income is measured in thousands of dollars.  
†p < .1.  *p < .05.  **p < .01.  ***p < .001. 
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Moreover, parenting stress at Wave 3 was not found to be a significant predictor of 
TANF sanction at Wave 4 in a binary logistic regression model including housing status, nor was 
the model statistically significant at the .05 level (χ2[16, n=573] = 24.169, p < .1; Table 4.33). 
Therefore, there is no evidence to support the hypothesis that parenting stress mediates the 
relationship between homelessness and TANF sanction. There were no significant interactions 
between housing status and parenting stress in the regression predicting TANF sanction, and thus 
they were excluded from the model. Combined, these analyses provide no evidence for the 
hypothesis that parenting stress mediates the relationship between homelessness and TANF 
sanction.  
Table 4.33: Summary of logistic regression analysis measuring effect of housing status at W2 
and parenting stress at W3 on TANF sanction at W4 
Predictor B SE B Odds Ratio 
Housing status    
    Insecurely housed .25 .28 1.28 
    Doubled-up -.09 .45 0.91 
    Homeless .82* .37 2.28 
High parenting stress at W3 -.11 .24 0.90 
Race    
    Black .52 .47 1.68 
    Hispanic .30 .52 1.35 
    Other 1.36† .73 3.89 
Age -.04 .03 0.96 
Relationship status    
    Cohabitating .24 .25 1.28 
    Married -.46 .57 0.63 
Education level    
    High school or equiv. -.45 .30 0.64 
    Some college .06 .28 1.06 
    College or more -20.52 28303.96 0.00 
Number of children -.06 .11 0.95 
Household income  -.00 .01 1.00 
Level of material hardship .14† .08 1.15 
Constant -1.24 .80 0.29 
χ2(16, n=573) = 24.169, p < .1 
Cox & Snell R squared = .041 
Nagelkerke R squared = .070 
Percentage of correctly classified cases: 83.8% 
Note: Household income is measured in thousands of dollars.  




Maternal Health and TANF sanction. A relationship was previously established 
between homelessness at Wave 2 and poor maternal health at Wave 3 (Table 4.29), meeting the 
second requirement of Baron and Kenney’s (1986) three-step mediation testing process. 
However, maternal health itself was not a significant predictor of TANF sanction in a logistic 
regression controlling for housing status. Thus, the requirements for mediation were not met, and 
the hypothesis is rejected ((χ2[19, n=579] = 34.823, p < .05; Table 4.34).  
Table 4.34: Summary of logistic regression analysis measuring effect of housing status at W2 
and maternal health at W3 on TANF sanction at W4 
Predictor B SE B Odds Ratio 
Housing status    
    Insecurely housed .15 .32 1.17 
    Doubled-up -1.27† .77 0.28 
    Homeless 1.00* .40 2.72 
Poor maternal health at W3 -.04 .46 0.96 
Interactions    
    Insecurely housed X Poor maternal health .29 .66 1.34 
    Doubled- up X Poor maternal health 2.57* 1.03 13.11 
    Homeless X Poor maternal health -.86 .99 0.42 
Race    
    Black .47 .48 1.60 
    Hispanic .20 .53 1.22 
    Other 1.04 .74 2.83 
Age -.04 .03 0.96 
Relationship status    
    Cohabitating .24 .25 1.27 
    Married -.47 .58 0.62 
Education level    
    High school or equiv. -.48 .30 0.62 
    Some college .12 .29 1.13 
    College or more -20.32 28402.41 0.00 
Number of children -.05 .11 0.96 
Household income -.00 .01 1.00 
Level of material hardship .14† .08 1.15 
Constant -1.25 .81 0.29 
χ2(19, n=579) = 34.823, p < .05 
Cox & Snell R squared = .058 
Nagelkerke R squared = .099 
Percentage of correctly classified cases: 83.6% 
Note: Household income is measured in thousands of dollars.  




Interestingly, though, the model did include a statistically significant interaction between 
doubling-up and maternal health. No other interaction terms were significant. Plotting this 
interaction term indicated that poor maternal health increased the risk of TANF sanction for 
doubled-up families but had no effect on TANF sanction for homeless or otherwise housing-
insecure families, as compared to those who were securely housed. A sub-group analysis 
estimating the influence of health status on TANF sanction for mothers who had been doubled-
up at Wave 2 indicated that, for these mothers, reporting fair or poor health at Wave 3 drastically 
increased the risk of TANF sanction at Wave 4 (OR = 46.93). Health status was the only 
significant predictor in the model, which was statistically significant (χ2[12, n=55] = 21.756, p < 
.05; Table 4.35). Pseudo R squared values were fairly high at .327 (Cox & Snell) and .580 
(Naglekerke), and the model correctly predicted 80.5% of cases.  
Table 4.35: Summary of logistic regression sub-group analysis measuring effect of maternal 
health at W3 on TANF Sanction at W4 for families categorized as doubled-up at W2 
Predictor B SE B Odds Ratio 
Poor maternal health at W3 3.85* 1.89 46.93 
Race 19.20 17567.10 217198178.00 
    Black 21.94 17567.10 3389093087.00 
    Hispanic 21.39 17567.10 1946057756.00 
    Other -.69 .48 0.50 
Age 19.20 17567.10 217198178.00 
Relationship status    
    Cohabitating .80 1.56 2.23 
    Married 2.90 43864.31 18.12 
Education level    
    High school or equiv. 3.13 2.03 22.85 
    Some college 4.80 2.93 122.05 
Number of children -.59 1.06 0.55 
Household income -.02 .07 0.99 
Level of material hardship .79 .89 2.21 
Constant -12.50 17567.10 0.00 
χ2(12, n=55) = 21.756, p < .05 
Cox & Snell R squared = .327 
Nagelkerke R squared = .580 
Percentage of correctly classified cases: 80.5% 
Note: Household income is measured in thousands of dollars.  




This analysis is considerably limited, however, by the low sample size. Cross-tabulations 
reveal that only 15 doubled-up mothers indicated poor or fair health at Wave 3; of these 15, 6 
(40%) had experienced a sanction, compared to the 2 of 40 (5%) mothers reporting good health 
who had experienced received a sanction. While Pearson chi-square tests show a statistically 
significant difference in rates of TANF sanction among doubled-up mothers in poor health 
compared to those in good, very good, or excellent health – and does not indicate any differences 
in TANF sanction by health status for non-doubled-up families – further research with a larger 
sample of families who had been doubled-up and experienced poor health is needed.  
Maternal Depression and TANF sanction. To test maternal depression as a potential 
mediator in the relationship between housing status and TANF sanction, a binary logistic 
regression was first utilized in order to examine the impact of housing status at Wave 2 on 
maternal depression at Wave 3. The model indicated that, compared to those who were securely 
housed, mothers classified as insecurely housed at Wave 2 had a higher likelihood of depression 
at Wave 3 (OR = 1.354), but there was no statistically significant association with doubling-up or 
homelessness. The model was significant (χ2[15, n=2439] = 109.741, p < .001, Table 4.36), but 
accounted for only 4.4% to 6.7% of the variance, as estimated by Cox & Snell and Nagelkerke 
Pseudo R squared values, respectively. The model correctly classified 77.7% of cases.   
These results do not support the hypothesis that depression mediates the effect of 
homelessness on TANF sanction. However, there is some agreement that the establishment of a 
direct relationship between the independent and dependent variable in step one of Baron and 
Kenny’s (1986) mediation process is not required to indicate mediation (Kenny & Judd, 2014). 
In this instance, then, maternal depression was examined as a potential mediator between 
housing insecurity and TANF sanction.  
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Table 4.36: Summary of logistic regression analysis measuring effect of housing status at W2 
on maternal depression at W3  
Predictor B SE B Odds Ratio 
Housing status    
    Insecurely housed .30* .12 1.35 
    Doubled-up .19 .18 1.21 
    Homeless .09 .24 1.10 
Race    
    Black .00 .16 1.00 
    Hispanic -.30† .17 0.74 
    Other .13 .32 1.14 
Age -.01 .01 0.99 
Relationship status    
    Cohabitating .06 .11 1.06 
    Married -.10 .16 0.90 
Education level    
    High school or equiv. -.08 .13 0.92 
    Some college .01 .13 1.01 
    College or more -.43 .38 0.65 
Number of children .00 .04 1.00 
Household income -.01 .01 0.99 
Level of material hardship .29*** .04 1.33 
Constant -1.21*** .30 0.30 
χ2(15, n=2439) = 109.741, p < .001 
Cox & Snell R squared = .044 
Nagelkerke R squared = .067 
Percentage of correctly classified cases: 77.7% 
Note: Household income is measured in thousands of dollars.  
†p < .1.  *p < .05.  **p < .01.  ***p < .001. 
 
Depression was revealed to be a significant predictor of TANF sanction when controlling 
for housing status in a binary logistic regression, meeting step three of Baron and Kenny’s 
(1986) requirements for mediation. There were no significant interactions between depression 
and housing status, and thus interaction terms were excluded from the regression. The model was 
statistically significant (χ2[16, n=579] =31.448, p < .05; Table 4.37), and correctly predicted 
83.8% of cases. Pseudo R squared values were .053 (Cox & Snell) and .090 (Nagelkerke), an 





Table 4.37: Summary of logistic regression analysis measuring effect of housing status at W2 
and maternal depression at W3 on TANF sanction at W4 
Predictor B SE B Odds Ratio 
Housing status    
    Insecurely housed .21 .29 1.23 
    Doubled-up -.16 .45 0.85 
    Homeless .83* .38 2.29 
Maternal depression at W3 .68** .25 1.96 
Race    
    Black .57 .48 1.77 
    Hispanic .34 .53 1.40 
    Other 1.31† .74 3.72 
Age -.04 .03 0.96 
Relationship status    
    Cohabitating .19 .25 1.21 
    Married -.52 .57 0.60 
Education level    
    High school or equiv. -.41 .30 0.67 
    Some college .14 .29 1.15 
    College or more -20.46 28292.10 0.00 
Number of children -.07 .11 0.93 
Household income -.00 .01 1.00 
Level of material hardship .10 .08 1.11 
Constant -1.48† .80 0.23 
χ2(16, n=579) =31.448, p < .05 
Cox & Snell R squared = .053 
Nagelkerke R squared = .090 
Percentage of correctly classified cases: 83.8% 
Note: Household income is measured in thousands of dollars.  
†p < .1.  *p < .05.  **p < .01.  ***p < .001. 
 
Having met steps two and three, the relevant coefficients in the three binary logistic 
models were standardized then compared, and the Sobel test was calculated in order to determine 
if maternal depression mediated a relationship between housing insecurity and TANF sanction. 
While the estimated proportion of mediated effect was .20, maternal depression did not quite 
meet the threshold for statistically significant mediation (z = 1.87, p = .061). Therefore, the 
hypothesis was rejected, but depression was included as a significant covariate in the full model 
predicting TANF sanction.  
TANF sanction and family stressors - Full model Altogether, the preceding models do 
not provide sufficient support for the hypothesis that family stressors mediate the relationship 
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between housing status and TANF sanction. However, there was weak evidence of a moderating 
role of health status; families who were doubled-up at Wave 2 and in poor health  at Wave 3 
were significantly more likely to receive a TANF sanction. Additionally, maternal depression 
was shown to be a statistically significant predictor of TANF sanction. As a mediator, though, it 
did not quite reach statistical significant at the .05 level. When these variables were combined 
into a full model, they remained significant (Table 4.38).  
Table 4.38: Summary of full logistic regression model measuring effect of housing status at 
W2 and family stressors at W3 on TANF sanction at W4 
Predictor B SE B Odds Ratio 
Housing Status    
    Insecurely housed .13 .32 1.14 
    Doubled-up -1.31† .77 0.27 
    Homeless .99* .41 2.70 
Maternal depression at W3 .67** .26 1.96 
Poor maternal health at W3 -.18 .47 0.84 
Interaction terms    
    Insecurely housed X Poor maternal health .28 .67 1.33 
    Doubled-up X Poor maternal health 2.63* 1.03 13.93 
    Homeless X Poor maternal health -.84 .98 0.43 
Race    
    Black .48 .48 1.62 
    Hispanic .28 .54 1.32 
    Other 1.00 .75 2.71 
Age -.04 .03 0.96 
Relationship status    
    Cohabitating .20 .26 1.23 
    Married -.56 .58 0.57 
Education level    
    High school or equiv. -.45 .31 0.64 
    Some college .18 .29 1.20 
    College or more -20.37 28225.79 0.00 
Number of children -.05 .11 0.95 
Household income  -.00 .01 1.00 
Level of material hardship .12 .08 1.12 
Constant -1.44† .82 0.24 
χ2(20, n=579) = 41.549, p < .01 
Cox & Snell R squared = .069 
Nagelkerke R squared = .118 
Percentage of correctly classified cases: 83.9% 
Note: Household income is measured in thousands of dollars.  




The model (χ2[20, n=579] = 41.549, p < .01) showed improvement over the initial model 
estimating the influence of housing status on TANF sanction (Table 4.6). Pseudo R squared 
values were .069 (Cox & Snell) and .118 (Nagelkerke), and the model correctly classified 83.9% 
of cases.  
Comprehensive model of family resources and stressors influencing TANF receipt 
Combining the results of my second and third research questions, a comprehensive model 
estimating the effects of housing status, family resources, and family stressors of TANF receipt 
was examined, again using logistic regression. The model was significant (χ2[21, n=2265] = 
322.470, p < .001, Table 4.39), explaining an estimated 13.3% (Cox & Snell R squared) to 20% 
(Nagelkerke R squared) of the variance. The model correctly classified 77.5% of cases. Taken 
together, this comprehensive model upholds the importance of homelessness as a predictor of 
TANF receipt. Families who had experienced homelessness at Wave 2 were 2.37 times more 
likely to be TANF recipients at Wave 4 compared to families who were stably housed.  
In this full model, employment status, weeks worked, receipt of housing assistance, 
amount of childcare, and poor health remained significant, while social support became 
insignificant. The odds of TANF receipt were 34% lower for mothers who were employed at 
Wave 3, compared to those who were unemployed. Furthermore, every additional week worked 
during the previous year, as well as each additional hour of childcare per week, each reduced the 
odds of TANF receipt by approximately one percent. Housing assistance had a positive effect on 
likelihood of TANF receipt; recipients of housing assistance at Wave 3 were 1.72 times more 
likely to receive TANF than those without governmental housing assistance. Finally, mothers 
who reported being in fair or poor health at Wave 2 were 1.53 times more likely to be TANF 
recipients at Wave 4, compared to mothers who reported being in excellent, very good, or good 
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health. The addition of resource and stressor variables also reduced the significance of level of 
education and number of children, so that they were no longer significant predictors of TANF 
receipt at the p < .05 level.  
Table 4.39: Summary of full logistic regression model measuring effect of housing status at 
W2 and family resources & stressors at W3 on TANF receipt at W4 
Predictor B SE B Odds Ratio 
Housing status    
    Insecurely housed .09 .13 1.09 
    Doubled-up -.12 .20 0.89 
    Homeless .86*** .24 2.37 
High social support at W3 -.11 .11 0.90 
Employed at W3 -.41** .15 0.66 
Weeks worked at W3 -.01* .00 0.99 
Housing assistance at W3 .55*** .12 1.72 
Amount of childcare at W3 -.01* .00 0.99 
Poor maternal health at W3 .43** .14 1.53 
Race    
    Black .46* .19 1.58 
    Hispanic -.18 .20 0.83 
    Other .68† .36 1.97 
Age -.06*** .01 0.95 
Relationship status    
    Cohabitating -.28* .12 0.76 
    Married -1.09*** .20 0.34 
Education level    
    High school or equiv. -.02 .13 0.98 
    Some college -.09 .14 0.91 
    College or more -1.02 .62 0.36 
Number of children .08† .04 1.09 
Household income -.01* .01 0.99 
Level of material hardship .04 .04 1.04 
Constant .43 .35 1.54 
χ2(21, n=2265) = 322.470, p < .001 
Cox & Snell R squared = .133 
Nagelkerke R squared = .200 
Percentage of correctly classified cases: 77.5% 
Note: Household income is measured in thousands of dollars.  
†p < .1.  *p < .05.  **p < .01.  ***p < .001. 
 
Comprehensive model of family resources and stressors influencing TANF sanction 
As with TANF receipt, the results of research questions 2 and 3 were combined to inform 
a comprehensive model predicting TANF sanction (Table 4.40). This model showed substantial 
improvement over the initial model excluding resource and stressor variables (Table 4.6). The 
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regression was statistically significant (χ2[25, n=548] = 51.036, p < .0), and correctly classified 
83.9% of cases. Pseudo R squared values were between .089 (Cox & Snell) and .152 
(Nagelkerke).  
Table 4.40: Summary of full logistic regression model measuring effect of housing status at 
W2 and family resources & stressors at W3 on TANF sanction at W4 
Predictor B SE B Odds Ratio 
Housing status    
    Insecurely housed .17 .45 1.19 
    Doubled-up -1.58 1.12 0.21 
    Homeless 1.60** .53 4.95 
Employed at W3 -.42 .32 .066 
Weeks worked at W3 .01 .01 1.01 
Interaction terms    
    Insecurely housed X Weeks worked -.01 .01 0.99 
    Doubled-up X Weeks worked -.02 .03 0.98 
    Homeless X Weeks worked -.05† .03 0.95 
Maternal depression at W3 .67* .27 1.96 
Poor maternal health at W3 -.41 .50 0.66 
Interaction terms    
    Insecurely housed X Poor maternal health .36 .71 1.44 
    Doubled-up X Poor maternal health 3.61** 1.31 36.99 
    Homeless X Poor maternal health -.83 1.03 0.44 
Race    
    Black .43 .49 1.53 
    Hispanic .21 .55 1.24 
    Other 1.07 .76 2.91 
Age -.04 .03 0.96 
Relationship status    
    Cohabitating .25 .27 1.28 
    Married -.81 .67 0.45 
Education level    
    High school or equiv. -.36 .32 0.70 
    Some college .29 .32 1.34 
    College or more -20.32 28391.85 0.00 
Number of children -.06 .11 0.94 
Household income  -.01 .01 1.00 
Level of material hardship .16† .09 1.17 
Constant -1.26 .88 0.28 
χ2(25, n=548) = 51.036, p < .01 
Cox & Snell R squared = .089 
Nagelkerke R squared = .152 
Percentage of correctly classified cases: 83.9% 
Note: Household income is measured in thousands of dollars.  




Again, homelessness remained a significant risk factor in predicting TANF sanction; 
families experiencing homelessness at Wave 2 were almost five times more likely to have 
received a TANF sanction at Wave 4. In this full model, employment status, which had initially 
not reached the statistical threshold for mediation, based on the Sobel test, became insignificant. 
Maternal depression remained a significant predictor; mothers who were depressed at Wave 3 
were almost two times more likely to have received a TANF sanction at Wave 4 (OR = 1.96). 
Furthermore, the interaction between homelessness and weeks worked remained marginally 
significant, and the interaction between doubling-up and maternal health remained significant at 
.01. As with the initial model, no other control variables were significant at p < .05, although 





DISCUSSION      
This final chapter discusses the findings presented in Chapter 4, situating them within the 
existing literature base. Table 5.1 summarizes the research questions, hypotheses, and results of 
this dissertation. These findings are then interpreted in greater depth, and implications for each 
are discussed. Then, study strengths and limitations are outlined and implications for policy, 






Table 5.1: Summary of Research Questions, Hypotheses, Analytic Approaches, and Findings 
Question 1: What is the relationship between housing insecurity and TANF receipt and sanction for low-income families?  
Research Questions Hypotheses Findings 
Is there a relationship 
between housing status at 
W2 and TANF receipt at 
W3? 
1.  As level of housing 
hardship increases, the 
likelihood of TANF receipt 
will increase.  
Partially supported. Homelessness at Wave 2 was the only housing status 
shown to have a statistically significant impact on the likelihood of TANF 
receipt at Wave 3, with homelessness increasing likelihood of TANF receipt.  
Is there a relationship 
between housing status at 
W2 and TANF sanction at 
W3?  
2.  As level of housing 
hardship increases, the 
likelihood of TANF sanction 
will increase. 
Not supported. No housing status had a statistically significant impact on the 
likelihood of TANF sanction at Wave 3.    
Question 2: How do family resources impact TANF receipt and sanction for low-income families experiencing varying levels of housing 
security?  
Research Questions Hypotheses Findings 
Do family resources at W3 
mediate the relationship 
between housing status at 
W2 and TANF receipt at 
W4?  
3.  Lower levels of social 
support, no current 
employment, fewer weeks 
worked in the past year, 
receipt of housing assistance, 
and fewer hours of childcare 
per week will mediate the 
relationship between housing 
status and TANF receipt.  
Partially supported. Homelessness was the only housing status at W2 
significantly associated with TANF receipt at W4.  
 
Social support and amount of childcare per week at W3 were significant 
predictors of W4 TANF receipt but did not meet the statistical requirements for 
mediation. Social support was no longer significant when additional resource 
and stressor variables were added to the model.  
 
Employment status, number of weeks worked, and receipt of housing assistance 
at W3 were all found to mediate the relationship between homelessness at W2 
and TANF receipt at W4.  
Do family resources at W3 
mediate the relationship 
between housing status at 
W2 and TANF sanction at 
W4? 
4. Lower levels of social 
support, no current 
employment, fewer weeks 
worked in the past year, 
receipt of housing assistance, 
and fewer hours of childcare 
per week will mediate the 
relationship between housing 
status and TANF sanction. 
Not supported. Homelessness was the only housing status at W2 significantly 
associated with TANF sanction at W4. 
 
Social support at W3 was not shown to have a statistically significant effect on 
TANF sanction at W4.  
 
Employment status at W3 was a significant predictor of TANF sanction, but did 
not meet the statistical requirements for mediation. When additional resource 





Table 5.1: (continued) 
  Weeks worked at W3 was not shown to have a significant effect on TANF 
sanction at W4. However, there was a marginally significant interaction 
between homelessness and number of weeks worked.  
 
Receipt of housing assistance and amount of childcare per week at W3 were not 
shown to have a statistically significant effect on TANF sanction at W4.   
Question 3: How do family stressors impact TANF receipt and sanction for low-income families experiencing varying levels of housing 
security?  
Research Questions Hypotheses Findings 
Do family stressors at W3 
moderate the relationship 
between housing status at 
W2 and TANF receipt at 
W4?  
5. High parenting stress, poor 
maternal health, and the 
presence of maternal 
depression will moderate the 
relationship between housing 
status and TANF receipt.  
Not supported. There were no significant interaction terms between housing 
status at W2 and parenting stress, maternal health, or depression at W3.   
 
Parenting stress and maternal depression at W3 had no statistically significant 
association with TANF receipt at W4.  
 
Poor maternal health at W3 was a significant predictor of TANF receipt at W4.  
Do family stressors at W3 
mediate the relationship 
between housing status at 
W2 and TANF sanction at 
W4? 
6. Higher levels of parenting 
stress, poorer maternal health, 
and the presence of maternal 
depression will mediate the 
relationship between housing 
status and TANF sanction. 
Not supported. There were no significant mediating relationships between 
housing status at W2 and parenting stress, maternal health, or maternal 
depression.  
 
Parenting stress at W3 had no statistically significant association with TANF 
sanction at W4.  
 
Poor maternal health at W3 had no statistically significant association with 
TANF sanction at W4. However, there was a significant interaction between 
doubling-up at W2 and health status at W3.  
 
Maternal depression at W3 was significantly associated with a higher likelihood 






Relationship between housing status and TANF participation  
 I hypothesized a relationship between housing status at Wave 2 and TANF receipt and 
sanction at Waves 3 and 4, with the likelihood of both TANF receipt and sanction increasing as 
the severity of housing hardship increased. This hypothesis was partially supported (Tables 4.5 
and 4.6). At no time was housing insecurity or doubling-up significantly associated with either 
TANF receipt or sanction.  However, homelessness was significantly associate with TANF 
receipt at both Waves 3 and 4, with homeless families more likely to receive TANF at both 
waves (OR = 2.52 and 2.84, respectively). The addition of relevant resource and stressor 
variables, measured at Wave 3, slightly reduced the odds ratio to 2.37 for homeless families at 
Wave 4 (Table 4.39).  Insofar as TANF is viewed as a helpful and needed financial resource for 
families experiencing severe hardship, this is a positive indication that these families are being 
connected to some stabilizing resources, particularly given evidence that TANF receipt lowers 
the risk of future housing insecurity (Fertig & Reingold, 2008). At the same time, nearly 44 
percent of homeless families in this study’s sample did not receive TANF at Wave 3, and nearly 
half of homeless families did not receive TANF at Wave 4 (Appendix A). This may due to a 
combination of factors, including TANF policies that reduce participation like diversion 
programs, time limits, sanctions, and eligibility rules, as well as mothers’ awareness of TANF 
availability and perceptions of welfare.  The findings of research questions 2 and 3 help inform 
an understanding of the factors that influence TANF participation for these families, which will 
be discussed in the following sections.  
Notably, the rates of TANF participation found in this dissertation were higher than many 
previous estimates of TANF participation among homeless families, which have ranged from 
approximately 10 to 60 percent for families entering, enrolled in, or exiting a homeless services 
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program or shelter (Burt et al., 2010; Burt et al., 2016; Institute for Children, Poverty, & 
Homelessness, 2015; National Alliance to End Homelessness, 2010; Nunez & Fox, 1999).  As 
with this sample, these rates have been shown to drop over extended periods of time (Burt et al., 
2016); Khadduri et al., 2017). This higher estimate of TANF receipt among homeless families 
may be explained, in part, by the larger timeframe captured in the data; respondents in this 
sample reported on both homelessness episodes and TANF receipt within the last 12 months, at 
the time of data collection, rather than a current snapshot of their housing and TANF 
participation status. The age of the data may have also affected participation rates, as TANF 
participation has fallen over time for eligible families (Crouse & Waters, 2015).  
Nevertheless, the rate of non-participation among families with histories of homelessness 
is concerning, particularly given the level of hardship homeless families and children are known 
to face. Although some of this sample may have regained economic stability over time and no 
longer qualified for TANF receipt, drawing on prior findings, it is highly probable that many of 
these families were still experiencing financial need. For instance, past research has found that 
approximately half of families who had been TANF recipients while homeless but were no 
longer receiving TANF 20 months later report no employment income, and ongoing housing 
instability during that period was associated with lower levels of TANF receipt (Khadduri et al., 
2017).  Future research should further explore the wellbeing and level of economic stability of 
these families over time.  
While homelessness was not associated with risk of TANF sanction at Wave 3, there was 
a strong association two years later at Wave 4. Families who reported experiences of 
homelessness at Wave 2 were 2.31 times more likely to have received a TANF sanction at Wave 
4, when not controlling for any additional resource or stressor variables. In the final model 
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including relevant stressor and resource variables, homelessness at Wave 2 was shown to 
increase the likelihood of TANF sanction at Wave 4 by nearly five times (OR = 4.95), compared 
to families who were stably housed. Very little prior literature has examined likelihood of TANF 
sanction among homeless families. However, the finding of this dissertation that approximately 
15.5% of families who had experienced homelessness at Wave 2 were sanctioned at Wave 3, and 
about 28% were sanctioned at Wave 4 (Appendix A), is somewhat in line with a previous 
research finding that about 30% of homeless TANF recipients reported a reduction or end of 
TANF benefits within the past six months. Furthermore, roughly half of these families reported 
their homeless status to be the cause of this benefit disruption, supporting the conclusion of this 
dissertation that homelessness itself may play a unique role in prompting later sanction (Nunez & 
Fox, 1999). While the majority of TANF recipients who had experienced homelessness did not 
receive a sanction, the increased risk of sanction for these families deserves attention. The 
increased risk of sanction at Wave 4 was somewhat surprising, given the lack of an association at 
Wave 3. Future research should continue to explore differences in sanction likelihood over time 
for these families, in order to understand the factors that may increase likelihood of sanction as 
more time passes. Furthermore, the likelihood of sanction during and directly after experiences 
of homelessness should also be explored in greater depth. Future studies should also explore the 
impact of TANF sanction on family wellbeing, financial stability, and future TANF participation 
for homeless families, compared to families who have not experienced housing insecurity.  
Resources affecting relationship between housing status and TANF participation 
 In the final model predicting TANF receipt, employment status, number of weeks worked 
in the last year, receipt of housing assistance, and the amount of childcare per week at Wave 3 all 
were shown to impact likelihood of TANF receipt at Wave 4 (Table 4.39). There is evidence to 
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support the hypotheses that employment status, number of weeks worked, and receipt of housing 
assistance act as mediators in the relationship between homelessness and TANF receipt, while 
childcare was not shown to be associated with housing status, and thus was rejected as a 
mediator. While social support was a significant predictor of TANF receipt in the initial model 
excluding other resource variables (Table 4.8), the Sobel test indicated that social support did not 
meet the statistical threshold for mediation, and moreover, it was no longer a significant 
predictor of TANF receipt once additional resource variables were added to the model. Taken 
together, these findings provide partial support for hypothesis 3 (Table 5.1).  
 There were much fewer statistically significant variables influencing the odds of TANF 
sanction in the comprehensive model (Table 4.40). On their own, no resource variables were 
significant predictors of sanction, providing no evidence of mediation to support hypothesis 4 
(Table 5.1). However, there was a marginally significant interaction between homelessness at 
Wave 2 and weeks worked in the past year at Wave 3, indicating that fewer weeks worked 
increased the likelihood of TANF sanction for homeless families, but had no impact on 
likelihood of sanction for families who did not experience homelessness. For each resource 
variable, these findings will be situated within the prior literature base, and their implications 
will be considered in turn.  
 Social support. While housing status is closely tied with social support, the level of 
perceived social support reported by mothers in this sample did not mediate the relationship 
between homelessness and TANF receipt or sanction. Social support was initially found to be a 
significant predictor of TANF receipt, with mothers reporting a high level of perceived 
instrumental support having a lower odds of TANF receipt (Table 4.8). However, when 
additional resource variables were added to the model, this relationship was no longer 
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statistically significant. This is not altogether surprising when considering that social support is 
often used to secure child care and stable employment (Lindsey, 1996; Livermore & Powers, 
2006; Ziersch & Arthurson, 2005). Surprisingly, social support was never shown to be a 
significant predictor of TANF sanction, though bivariate analysis revealed that mothers who had 
been sanctioned had a statistically significantly lower average level of social support compared 
to mothers who had not been sanctioned.   
Overall, the connection between housing insecurity and lower social support is aligned 
with previous research findings (Fertig & Reingold, 2008; Greenbaum et al., 2008; Keene & 
Geronimus, 2011; Letiecq et al., 1998; McChesney, 1992; Shinn et al.,1991; Toohey et al., 
2004). However, in contrast to previous research (Letiecq et al., 1998), doubling-up was not 
found to be a significant predictor of social support, when compared to stably housed families. 
This provides additional evidence that, as a whole, doubled-up families may not experience the 
same disadvantages and level of insecurity faced by homeless or otherwise-insecure families, 
and doubling-up may actually act as a protective factor. At the same time, these findings do not 
rule out the possibility that doubled-up families are at a greater risk of instability in the future. 
Future research should examine longer-term outcomes of families living doubled-up and should 
seek to understand what additional factors might determine whether doubling-up serves as a 
protective factor or a risk factor for families. For instance, group-based trajectory analyses might 
help researchers understand if sub-groups of doubled-up families experience different outcomes 
over time, and the factors that predict membership in those subgroups. This would allow 
policymakers and social work practitioners better identify doubled-up families in need of 
additional supports, and direct those supports, including TANF, towards those families.  
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Taken together, these results do not point to the notion that families with higher levels of 
available instrumental support tend to rely on these support networks rather than participating in 
TANF, nor do they support the conclusion that families with lower support struggle to meet 
TANF requirements, increasing the likelihood of sanction. While social support may have some 
slight influence on whether a family receives TANF, the results of this dissertation and previous 
research (Henley et al., 2005; Livermore & Powers, 2006; Ziersh & Arthurson, 2005) point to it 
likely doing so through its effect on other factors, namely employment. Therefore, policies and 
practices designed to target TANF participation towards those most in need – including families 
who are homeless, recently homeless, or at risk of homelessness – and help those families 
maintain participation over time, should not necessarily be focused on level of support.   
 Employment. Both the number of weeks worked in the past year and mothers’ current 
employment status at Wave 3 partially mediated the relationship between homelessness at Wave 
2 and TANF receipt at Wave 4, in line with previous findings that housing insecurity acts as a 
barrier to stable employment (Desmond, 2016; Desmond & Gershenson, 2016; Ziersch & 
Arthurson, 2005), and fewer work experiences and periods of unemployment are associated with 
a greater likelihood of TANF receipt (Purtell et al., 2012; Teitler et al., 2007). Weeks worked 
was a particularly strong mediator, estimated to mediate 60.5 percent of the total effect of 
homelessness, when other resource and stressor variables were not included in the model.  
Just over 65 percent of homeless families were not employed at the time of Wave 3 data 
collection; in total, homeless mothers had worked an average of 17.83 weeks out of the past year 
at Wave 3 (Appendix A). Multivariate regressions revealed that homeless mothers were less than 
half as likely to be currently employed at Wave 3 (Table 4.9), and homelessness at Wave 2 
reduced the estimated number of weeks mothers had worked in the last year at Wave 3 by nearly 
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10 weeks (Table 4.11). In the final comprehensive model (Table 4.39), being employed at Wave 
3 was associated with a 34% decrease in the odds of TANF receipt while every additional week 
worked in the last year reduced the odds of TANF receipt by approximately one percent.  
While this provides evidence that those with most financial need are enrolling in TANF, 
it also may point to a need for more generous TANF benefits, expanded income eligibility, and a 
more graduated reduction of benefits with increased earnings, so that employed mothers who 
have previously faced significant difficulty meeting their basic housing needs are better able to 
access support in meeting those needs, and mothers who continue to face unstable employment, 
unemployment, and underemployment after a housing crisis receive enough financial support to 
avoid additional housing hardships. In research, policy, and practice, particular attention should 
be paid to the 41 percent of non-recipients who were unemployed at Wave 3 (Appendix B) who, 
based on previous research, are likely to have multiple barriers to employment ((Blank & Kovak, 
2009; Loprest & Nichols, 2011).  More studies are needed that specifically examine trajectories 
of housing instability within this group.  
While employment status at Wave 3 was a marginally significant predictor of TANF 
sanction at Wave 4, with mothers who reported being employed less likely to have received a 
sanction than mothers who were not (Table 4.19), it did not reach the statistical threshold for 
mediation, nor was it significant when additional resource and stressor variables were added to 
the comprehensive model (Table 4.40). Furthermore, there was no statistically significant 
relationship between weeks worked in the last year at Wave 3 and TANF sanction at Wave 4, 
again ruling out possible mediation. However, there was evidence of moderation, with the 
number of weeks worked influencing likelihood of TANF sanction only for homeless families 
(Tables 4.20 and 4.21). These findings are somewhat at odds with prior research supporting a 
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relationship between TANF sanction and fewer employment experiences or more barriers to 
employment (Bloom & Winstead, 2002; Cherlin et al., 2002; Hasenfeld et al., 2004; Kalil et al., 
2002; Pavetti & Bloom, 2001). This may be due, at least in part, to the amount of time between 
Waves 3 and 4.  
Alternatively, these findings may support the notion that multiple employment barriers 
compound one another to reduce the likelihood of TANF sanction, rather than employment 
history alone. Keeping in mind that the most common causes of a sanction are missed 
appointments or missing paperwork, rather than failure to fulfill work requirements (Cherlin et 
al., 2002; Moffitt, 2003), it is logical that these employment barriers may also limit mothers’ 
abilities to meet additional TANF requirements, thus increasing the likelihood of sanction. This 
could explain the statistically significant interaction between homelessness and weeks worked; 
homelessness can act as a barrier to employment, and it may also make it harder for mothers to 
keep appointments with caseworkers, submit necessary paperwork, and fulfill other TANF 
participation requirements. Thus, the combination of homelessness and inconsistent employment 
impacts TANF sanction in ways that do not affect more stably housed families. This 
compounding of barriers to participation requirements was highlighted in qualitative work by 
Yabarra (2011), who found that a subset of individuals who had failed to complete Wisconsin’s 
extended TANF application process had documented learning disabilities, along with additional 
hardships - including housing hardships - that together hampered their ability to complete the 
extensive application requirements.  
More research is needed to better understand if and how homelessness and employment 
history interact to increase the risk of TANF sanction. Future research in this area should 
incorporate data indicating the reasons sanctions were applied. However, this finding may have 
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significant implications for TANF policy decisions and social work practice with homeless 
families.  Families currently experiencing homelessness or with histories of homelessness may 
require additional leniency in enforcing employment and other requirements. For instance, 
federal policy could allow states to consider participation in a homeless services program as a 
“work activity”, much as many states allow enrollment in educational programs or employment 
readiness programs to fulfill work requirements. Alternatively, homeless recipients could be 
excluded from work requirements for a period of time without counting against the state’s 
employment quotas. In either case, TANF caseworkers would have less incentive to divert hard-
to-employ homeless families from enrollment and more flexibility to work with homeless 
families who have difficulty sustaining employment. Homeless families may also need to be 
granted more exceptions to additional TANF requirements, including less severe consequences 
for missed meetings or missing paperwork. Homeless service providers may need to prioritize 
services that help parents maintain or regain employment after losing their housing, including 
providing transportation and childcare. Homeless service providers may also need to increase 
their awareness of the various other requirements their clients must meet to maintain TANF 
enrollment and provide services that ease the burden of these requirements. For instance, local 
homeless services systems could develop a system allowing the digital storage and sharing of 
families’ important documents, so that lost immunization records, for example, do not interfere 
with TANF participation.  
In contrast to previous research tying episodes of housing-instability including eviction 
and other involuntary moves to job loss (Desmond, 2016), regressions showed that insecurely-
housed but not homeless families were not more likely to be unemployed at Wave 3 (Table 4.9), 
nor did these housing statuses influence the number of weeks worked in the past year (Table 
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4.11). Homelessness, however, was significantly associated with both employment outcomes. 
Once again, this may be due to the significant amount of time between survey waves. While 
frequent or involuntary moves may lead to unstable employment in the short term, it may not 
have the same long-term effects on employment as experiences of literal homelessness. 
Alternatively, the conceptualization of housing instability as encompassing frequent moves, 
trouble paying housing costs, eviction, and moving in with others due to financial problems, as 
measured in this dissertation, might be too broad to fully capture the effects of more serious 
levels of instability, like eviction, found in prior studies. In either case, this may also help explain 
why housing instability was not associated with likelihood of TANF receipt. Future research 
should continue to investigate the effects of specific types of housing instability on employment 
outcomes, both in the long and short term.  
 Housing assistance. In alignment with previous research findings supporting connections 
between receipt of housing assistance and both TANF receipt (Jacob & Ludwig, 2012; Mills et 
al., 2006; Quane et al., 2002) and prior homelessness (Leopold, 2012; Park et al., 2014), analyses 
in this dissertation supported the hypothesis that receipt of housing assistance partially mediates 
the relationship between experiences of homelessness and TANF receipt. Overall, the 30% of the 
full sample that reported receiving housing assistance (Table 4.3) is slightly above the estimate 
that only a quarter of eligible families receive federal assistance (Rice & Sar, 2009). It is 
important to note, however, that, in this dissertation housing assistance captures a broader range 
of assistance - including public housing, section 8 housing, and other federal, state, and local 
government programs that help families pay rent - rather than only the major federally-funded 
project-based public housing and voucher programs that are the focus of much of the prior 
research on housing assistance.  
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In this context, the rate of receipt of housing assistance among homeless families was 
quite high; 61% of families who had been homeless at Wave 2 received housing assistance at 
Wave 3, compared to approximately 32% of stably housed families, only 21% of doubled-up 
families, and 27% of insecurely-housed families (Appendix A).  Binary logistic regression 
estimated that homeless families were 2.6 times more likely to receive housing assistance at 
Wave 3, while insecurely-housed and doubled-up families were both less likely to receive 
housing assistance, compared to stably housed families (Table 4.13). This is at odds with prior 
research, which has found a higher percentage of families living doubled-up prior to receipt of 
housing assistance (Leopold, 2012). In the final comprehensive model controlling for housing 
status and additional resource and stressor variables, housing assistance at Wave 3 was shown to 
increase the odds of TANF receipt at Wave 4 by 1.72 times (Table 4.39).  
 These results may indicate that connections to other service systems help facilitate 
connections to TANF; housing assistance programs sometimes include case management and 
other supports, which may provide information about TANF eligibility or help families apply for 
benefits. Alternatively, there may be some self-selection bias; families who are likely to apply 
for and utilize housing assistance once it is offered may also be more willing to use other safety-
net programs. Likewise, if housing assistance acts to limit employment, this may also increase 
likelihood of TANF receipt. In the final comprehensive model of TANF receipt, however, 
housing assistance remained a significant predictor of TANF receipt, controlling for both Wave 3 
employment status and weeks worked. In this model, receipt of housing assistance at Wave 3 
was estimated to increase the odds of TANF receipt at Wave 4 by 1.72 times, indicating that 
housing assistance impacts likelihood of TANF receipt regardless of its impact on employment. 
Housing assistance at Wave 3 was not associated with TANF sanction at Wave 4, indicating that, 
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while this type of support may increase access to TANF, it has no impact on families’ ability to 
meet program requirements. Further research is needed to more fully understand the underlying 
mechanisms connecting housing assistance and TANF receipt. However, housing assistance and 
homeless service programs that deliberately assist families in accessing other safety-net benefits, 
while also helping parents work towards stable and adequate employment, have significant 
potential.   
 Childcare. In a linear regression, housing status at Wave 2 was not associated with the 
amount of childcare families utilized per week at Wave 3 (Table 4.15). Homeless families 
received an average of just over 16 hours of childcare per week, compared to approximately 17 
hours utilized by securely housed families. While the hypothesis that childcare mediates the 
relationship between housing status and TANF receipt was therefore rejected, childcare was still 
found to influence likelihood of TANF receipt (Table 4.16). In the final comprehensive model, 
each additional hour of childcare per week reduced the odds of TANF receipt by approximately 
one percent (Table 4.39). Consequently, while this study did not provide evidence that, over 
time, homeless families are particularly burdened by a lack of childcare compared to other low-
income families, childcare is still an important resource to consider when assessing the resources 
that allow families to provide for themselves. Past research has found a lack of childcare among 
homeless families (Nunez & Fox, 1999) which prevents participation in a range of social service 
programs (Burt et al., 2010; Gelberg et al., 2004; National Center for Homeless Education, 2011; 
Thomas & So, 2016; Wood & Valdez, 1991). This prior research did not include comparisons to 
stably-housed families, nor did it examine other forms of housing insecurity. The results of this 
research indicate that while homeless families may require additional childcare supports, they are 
not especially lacking in childcare when compared to other low-income families, nor does a lack 
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of childcare limit TANF participation. Instead, lower amounts of childcare increase the 
likelihood of TANF receipt, likely because it limits employment opportunities.  
 Future research should examine connections between childcare and employment in 
predicting likelihood of TANF receipt. Furthermore, additional investigation into the role of 
TANF-associated childcare subsidies is warranted. As with housing assistance, amount of 
childcare provided per week at Wave 3 was not associated with TANF sanction at Wave 4 (Table 
4.40), in contradiction with prior literature establishing a connection between sanction and lack 
of childcare (Cherlin et al., 2002; Kalil et al., 2002; Pavetti & Bloom, 2001). Taken altogether, 
these results indicate that family resources play a much smaller role in allowing families to 
continue to receive TANF benefits without sanction than initially hypothesized, providing little 
support for the application of family stress theory in research examining TANF participation. 
These findings do support the conclusion that homelessness itself plays a unique role in 
increasing the risk of future sanction, regardless of the resources a family can bring to bear to 
increase family stability.  
Stressors affecting relationship between housing status and TANF participation.  
 Poor maternal health was the only stressor variable shown to significantly impact 
likelihood of TANF receipt; high levels of parenting stress and the presence of maternal 
depression had no statistically significant effect, both independently and in interaction with 
housing status. While mothers reporting poor or fair health at Wave 3 were 1.53 times more 
likely to receive TANF at Wave 4 (Table 4.39), there was no significant interactions with 
housing status to indicate moderation, nor did health meet the statistical threshold for mediation. 
Thus, hypothesis 5 is not supported (Table 5.1). As predictors of TANF sanction, maternal 
depression was the only stressor variable to independently influence likelihood of sanction. In 
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the full model, mothers with depression at Wave 3 were shown to be almost two times more 
likely to have received a sanction at Wave 4 (Table 4.40), compared to mothers without 
depression. Nonetheless, depression did not meet the statistical requirements for mediation, and 
thus hypothesis 6 was also rejected (Table 5.1). However, there was some weak evidence of 
moderation, based on a significant interaction between doubling-up and poor maternal health. 
While this indicated that maternal health may be a significant predictor of TANF for doubled-up 
families, sample size issues limit interpretation of this finding. As with family resources, findings 
and implications for each stressor variable are considered in the following sections.  
 Parenting stress. Analyses uncovered no evidence that parenting stress moderates the 
relationship between housing status and TANF receipt (Table 4.25), nor was parenting stress 
found to be a significant predictor of TANF receipt when controlling for other factors (Tables 
4.26 and 4.39). This contradicted with bivariate analyses, which revealed a small but statistically 
significant difference in the level of parenting stress between recipients and non-recipients, with 
TANF recipients reporting a higher level of stress (Appendix B). Furthermore, parenting stress 
was not a significant predictor of TANF sanction, in line with preliminary t-test results 
(Appendix B). Logistic regression also revealed no significant relationships between housing 
status at Wave 2 and high or low parenting stress at Wave 3 (Table 4.32), although preliminary 
analysis using ANOVA did reveal a significant difference (Appendix A). Parenting stress was 
therefore not significant as a mediator of housing status and TANF sanction.  
This finding contrasts with previous literature supporting a connection between housing 
insecurity, particularly more severe forms like homelessness or eviction, and higher levels of 
parenting stress (Desmond & Kimbro, 2015; Gorzka, 1999; Warren & Font, 2015). The research 
by Desmond & Kimbro (2015) and Warren & Font (2015) both utilized the same dataset as this 
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dissertation. However, findings revealed that housing insecurity was associated with parenting 
stress in the same wave; parents who had experienced a housing crisis within the last 12 months 
reported higher parenting stress at the time of data collection. As with other findings of this 
research, it is possible that this effect fades over time, so that there is no longer a statistically 
significant association in later waves, as was measured in this dissertation. Furthermore, 
Desmond and Kimbro’s work focused specifically on eviction; the broader conceptualization of 
housing insecurity used in this dissertation may have masked the individual effects of eviction on 
parenting stress. Warren and Font, on the other hand, utilized an even broader definition of 
housing insecurity than this research, including frequent moves, evictions, and homelessness 
under one umbrella of housing insecurity.  
 Overall health. Mother’s self-reported health status was also not found to act as a 
moderator in the relationship between housing status and TANF receipt (Table 4.27), though 
health was a significant predictor of TANF receipt on its own, with mothers reporting fair or 
poor health at Wave 3 1.5 times more likely to be TANF recipients at Wave 4 than mothers in 
good, very good, or excellent health (Table 4.28). Although homelessness at Wave 2 was also 
found to be associated with mothers’ health (Table 4.29), there was no statistically significant 
mediation. Still, these analyses are broadly in line with previous research finding significant 
impacts of housing problems on health (Burgard et al., 2012; Desmond & Kimbro, 2015; Park et 
al., 2011; Weinreb et al., 2006) and health on TANF receipt (Acs et al., 2005; Zedlowski, 2002). 
At the same time, prior evidence that poor health may also limit TANF application (Moffitt et 
al., 2003) and participation (Blank & Kovak, 2009; Loprest & Nichols, 2011) might help explain 
why, in this analysis, health status did not meet the statistical threshold for mediation.  
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 Maternal health status at Wave 3 was not found to predict TANF sanction at Wave 4, 
once again providing no support for the hypothesis that health mediates the relationship between 
housing status and likelihood of sanction. This finding is at odds with previous findings 
supporting a higher risk of sanction among recipients in poor health (Cherlin et al., 2002; 
Hasenfeld et al., 2004; Kalil et al., 2002; Pavetti & Bloom, 2001). This discrepancy may be 
partially due to the measurement of health status in this research. Maternal health was self-
reported using a five-point scale ranging from excellent to poor, and did not capture actual health 
diagnoses or impacts of health on daily life. There was, however, a significant interaction 
between doubling-up and maternal health, indicating that poor maternal health increased the risk 
of TANF sanction only for doubled-up families (Table 4.34). Interpretation of this finding is 
limited significantly by the small numbers of doubled-up families that reported fair or poor 
health at Wave 3 and sanction at Wave 4; of the 55 doubled-up mothers who received TANF at 
Wave 4, only 15 indicated that they were in poor or fair health, and only 8 had received a 
sanction.  
 Depression. As with both parenting stress and overall maternal health, maternal 
depression did not moderate the relationship between housing status and TANF receipt (Table 
4.30). Taken altogether, these results provide no support for the hypothesis that family stressors 
interact with the stresses of housing insecurity to moderate impact on likelihood of TANF 
receipt. Surprisingly, maternal depression also did not have an independent impact of TANF 
receipt (Table 4.31), in contrast with a bivariate chi-squared analysis indicating that TANF 
recipients had a higher rate of depression than non-recipients (Appendix B), and with previous 
literature (Acs et al., 2005; Zedlowski, 2002).  
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 Also unexpectedly, homelessness and doubling-up at Wave 2 were both not statistically 
significant predictors of depression at Wave 3, although housing-insecurity was significant 
(Table 4.36). This finding contradicts previous research supporting associations between 
multiple types of housing insecurity and poor mental health (Bassuk & Beardslee, 2014; Burgard 
et al., 2012; Cannuscio et al., 2012; Currie & Tekin, 2015; Desmond & Kimbro, 2015; Houle, 
2014; Osypuk et al., 2012; Weinreb et al., 2006). While, once again, this may be due, in part, to 
the length of time between survey waves of the secondary data used in this dissertation, long-
term effects of housing insecurity on poor mental health have been found. Some of the strongest 
longitudinal evidence of the long-term effects of housing insecurity on depression was found by 
Desmond and Kimbro (2015). It is important to note that their study focused on eviction, which 
is in line with this dissertation’s results showing a significant relationship between Wave 2 
housing-insecurity – which includes eviction – and Wave 3 depression.  Additional research 
should be conducted to more closely examine the long-term effects of specific housing crises on 
maternal mental health.  
Although depression acted as a statistically significant predictor of TANF sanction, 
(Table 4.37), Baron and Kenny’s requirements for mediation were not met for the hypothesis that 
depression mediates the relationship between homelessness and TANF sanction.  However, a 
Sobel test examining potential mediation between housing-insecurity and TANF sanction was 
marginally significant. Future research with a larger sample size should more fully examine this 
relationship. Combined, these analyses considering the role of family stressors on TANF receipt 
and sanction provide no support for hypotheses 5 and 6, in contradiction with family stress 
theory, particularly the Double ABCX Model, which posits that a pileup of stressors affect 
family coping over time. This may point to a poor fit in applying this model to understanding 
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TANF participation and other external coping strategies. As this is a new area of application of 
family stress theory, future research should continue to examine if and how pileup influences 
TANF participation over time.  
Study Strengths and Limitations 
 This study benefits from several strengths. First, the study utilized a comprehensive, 
longitudinal, multi-city data set in order to examine a large sample of low-income families 
experiencing housing insecurity. The Fragile Families and Child Wellbeing Study (FFCWS) was 
particularly useful to this dissertation due to its success in following low-income and highly 
mobile families over time, providing a relatively large sample of families who have experienced 
homelessness. Next, the examination of homelessness, doubling-up, and other forms of housing-
insecurity as separate phenomenon adds significant contributions to the literature base, which 
often lumps distinct experiences together. At the same time, further division of the housing-
insecure group used in this dissertation may be necessary in future research. This is particularly 
the case for eviction, as there is some evidence that eviction carries significant and lasting 
consequences that may not be associated with the other housing crises included in this group, 
like frequent moves or trouble paying rent. Finally, the multivariate, longitudinal logistic models 
utilized in this dissertation substantially expanded upon previous methods used in the limited 
existing research specifically examining TANF usage among homeless and otherwise housing-
insecure families.  
Still, this dissertation has several limitations. First, the age of the data may limit 
generalizability. This is particularly problematic when considering how policy and service 
environments change over time. However, there are several benefits to using older FFCWS data, 
rather than relying on more recent waves of data collection. First, because the dataset follows a 
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single cohort of children and parents over time, using data from younger mothers with younger 
children increases the sample of homeless mothers and TANF recipients. Next, using data from 
Waves 2, 3, and 4 allowed for an even amount of time to pass between each wave, and shortened 
the gap between waves as much as possible. Finally, choosing to focus on the period of time 
before the Great Recession alleviated concerns about the added effects of economic and 
contextual factors on TANF receipt, While TANF participation and housing insecurity during the 
Great Recession will be interesting to explore in future research, it was outside the scope of this 
project.  
A related limitation is the amount of time between survey waves. While, as stated above, 
these time gaps were minimized within the data available from the FFCWS, the two-year gap 
may have reduced the strength of longitudinal relationships that would have been statistically 
significant if measured at an earlier date. More needs to be known about how the negative 
consequences of homelessness and housing insecurity affect families both directly after a 
housing crisis and over longer periods of time. As discussed earlier, it is possible that certain 
resource and stressor variables would have been uncovered as significant mediators or 
moderators given a shorter amount of time between survey waves. Furthermore, data collected 
sooner after a housing crisis is initially measured may provide a better indication of the 
immediate effects of housing status on program participation, rather than two years later, as 
measured in this study.  
Additionally, while the FFCWS does provide one of the best datasets to compare homeless, 
doubled-up, housing-insecure, and low-income but securely housed families over time, the 
number of families experiencing homelessness and doubling-up is still quite small, and limits 
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interpretation of some findings. This is especially problematic for analyses examining TANF 
sanction, which already limits the sample to mothers who have reported receipt of TANF.  
The reliance on secondary data used in this dissertation also limits the availability and 
conceptualization of several measures. For instance, child health was found to be an important 
covariate in previous literature. However, child health variables in the FFCWS were directed 
only towards the focus child and did not capture the poor health of any other children in the 
household. Furthermore, the very small number of mothers who reported their child to be in poor 
or fair health limited possible analyses, and thus child health was excluded from this study. 
Additionally, the measurement of TANF sanction changed from Wave 3 to Wave 4, with Wave 4 
capturing a broader sample of respondents who had been sanctioned. There were also some 
limitations in the measurement of included resource and stressor variables. Social support 
captured only perceived instrumental support, but did not reflect emotional support, or the 
amount of support mothers actually received. Housing assistance broadly captured any assistance 
provided by the federal, state, or local government, and is not directly comparable to much of the 
previous research on housing assistance, which generally focus on federally-funded project-
based public housing, federal housing vouchers, or both. The amount of childcare utilized per 
week captured only care provided to the focus child and may have excluded other children in the 
household who were not in care. Additionally, maternal health was based on self-report general 
health, and did not capture confirmed diagnoses, nor did it measure the impact of health on 
mothers’ daily life.   
Furthermore, while this dissertation utilized national secondary data, results are not 
nationally representative. Survey weights were provided to make the data nationally 
representative, but they were not used in order to preserve sample size. Due to the FFCWS 
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sampling strategy, respondents from the four cities that were not randomly selected would have 
been excluded if weights were used. This would have significantly limited the available sample 
of families experiencing homelessness. Therefore, the findings of this study cannot necessarily 
be generalized to national urban populations. Similarly, analyses in this dissertation did not take 
into account regional variations in TANF policy, as geographic and contextual data was not 
publicly available. Future research should take advantage of this contractual data, which may 
point to some of the structural forces influencing TANF participation for housing-insecure 
families. 
Given these multiple limitations, there is a clear need for new longitudinal data specifically 
examining TANF and other safety-net program participation among homeless and housing-
insecure populations. Future primary research studies should be designed to capture information 
about TANF participation among a large sample of families who are homeless, at-risk of 
homelessness, doubled-up, and otherwise housing-insecure. This data collection should also 
capture information about families’ financial situations, overall wellbeing, and program 
participation prior to, during, and directly following a housing crisis, as well as for an extended 
period of time after.  
Finally, while the multivariate regression models utilized in this dissertation did build 
substantially upon the very limited existing research examining TANF participation among 
families experiencing various forms of housing-insecurity, more advanced models are now 
needed to more fully understand the complicated relationships between housing status, resources, 
stressors, and TANF receipt and sanction. Specifically, structural equation modeling (SEM) can 
be very useful in future research in this area, particularly in considering the latent variables 
underlying these potential mediating and moderating relationships and taking into account 
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potential changes in control variables over time. The findings of this dissertation provide an 
important and needed basis for this future research, particularly given the dearth of previous 
research focused specifically on housing insecurity and TANF participation. 
Policy and Practice Implications 
 With limitations noted, the findings from this dissertation have important implications for 
policy and social work practice. While homeless families did receive TANF at much higher rates 
than securely housed families, doubled-up families, and otherwise insecurely-housed families, 
nearly 44 percent of families who had experienced homelessness at Wave 2 did not receive 
TANF at Wave 3 and nearly 50 percent did not receive TANF at Wave 4. Given the financial 
and material hardships faced by homeless families, and the short- and long-term consequences of 
homelessness, particularly on children, this is concerning, and points to the need to address 
barriers to TANF participation in both policy and practice. This might include a variety of 
strategies. Homeless and previously homeless families could be prioritized for TANF 
enrollment, and local welfare offices could be tasked with conducting outreach to enroll 
homeless families. Collaboration between state welfare offices and local homeless service 
providers can aid in this process; TANF caseworkers could be co-located in shelters and on-site 
housing programs in order to encourage application and ease participation burdens. Cross-
trainings between TANF caseworkers and homeless service providers could help homeless 
service providers better understand TANF requirements, could help eliminate potential TANF 
caseworker bias about homeless families, and give these caseworkers a better understanding of 
the needs of their homeless caseloads.  
TANF policies at both the state and federal level should also allow for greater flexibility 
for homeless recipients. This might include extending or pausing time limits for families while 
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they are experiencing a housing crisis or ongoing housing instability, increasing income 
eligibility limits for families experiencing a verifiable housing crisis, or reducing or redefining 
participation requirements for these families – for example, allowing participation in a homeless 
services program to count as work activities and giving more amnesty to homeless families who 
miss appointments with caseworkers or have missing paperwork. The primacy of the need to 
ease participation requirements for a period of time during and following an episode of 
homelessness is even clearer in light of this dissertation’s finding that homeless families are 
nearly 5 times more likely to be sanctioned at Wave 4. There is a clear and strong link between 
experiences of homelessness and later TANF sanction, which exists regardless of other potential 
covariates, including the resource and stressor variables initially hypothesized to mediate this 
relationship. Furthermore, employment stability was found to have a unique effect on the 
likelihood of sanction for homeless families, indicating a need for increased attention to the 
employability of homeless parents, as well as a need to ease the employment requirements of 
families with a history of homelessness. Therefore, families with a history of homelessness may 
need distinct supports in order to remain in good standing within state TANF programs.  
Homeless service providers should also work to provide these supports. Homeless service 
providers can encourage TANF application and provide additional support and assistance to 
families during the application period. Social support, childcare, parenting stress, and maternal 
health were not shown to have a significant effect on likelihood of TANF sanction. However, 
given previous findings indicating these factors have important implications for employment 
stability and TANF participation, they should not be completely ignored. Shelter programs that 
provide childcare and transportation vouchers can help homeless mothers attend required 
meetings with TANF caseworkers and participate in required employment activities. 
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Homelessness advocate should continue to push for service systems that minimize stress and 
disruptions to parenting routines, including providing shelters that incorporate private spaces and 
home-like environments. Because steady employment seems to play a vital role in risk of 
sanction for TANF recipients with histories of homelessness, service providers should continue 
to prioritize services that help their clients obtain and maintain employment. Data from this 
dissertation supports limited prior research findings that TANF participation drops over time for 
families who have experienced homelessness. Therefore, programs that provide longer-term 
supportive case management to homeless and formerly homeless families regardless of their 
current housing situation may be helpful. While entrance into a shelter, temporary housing 
program, government-provided housing assistance, or other homeless assistance program might 
provide short-term case management that helps to initiate TANF and other safety-net benefit 
receipt, families may need additional support to maintain these benefits over time, until they are 
able to reach an appropriate level of self-sufficiency. The significant relationship between 
experiences of homelessness and risk of sanction four years later lends additional evidence of the 
need for long-term case management, particularly given that this relationship was not found two 
years after the homeless experience, at Wave 3.  
 It was surprising to see less of a link between other, less severe housing hardships and 
TANF participation over time. If TANF is to be used as a resource to prevent homelessness, 
more needs to be done to target TANF participation towards families experiencing a broader 
range of housing insecurity. For families that become homeless, shelter staff and homeless 
service caseworkers may be filling an important role in helping their clients enroll in TANF and 
other safety-net programs. More outreach to identify and direct safety-net resources towards 
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families experiencing less severe forms of housing insecurity, but at risk of homelessness, may 
be needed.  
Theoretical Implications and Directions for Future Research 
This dissertation extended the use of family stress theory to consider factors that may 
affect coping strategies that are external to family processes, in this case, TANF participation. 
Specifically, the Double ABCX model of family stress was used to theorize how family 
resources and stressors might impact TANF receipt and sanction for families who have 
experienced homelessness, doubling-up, and other housing-instability, compared to securely 
housed low-income families. The results of this dissertation provide limited support of this 
theory’s adaptation to welfare program participation. While the model did provide a useful 
framework for investigating the specific role of resources and stressors in understanding the 
factors that affect TANF participation for housing insecure families, it does not reach far enough 
in providing a holistic understanding of the factors that affect families facing extreme hardship. 
In particular, consideration of the structural factors that systemically work to both limit TANF 
enrollment and create additional stressors and hardship among homeless and deeply 
impoverished families should be more deeply incorporated into any framework guiding inquiry 
in this area. These structural factors are wide-ranging, and include the policies and practices of 
state TANF programs – for instance, diversion strategies – and homeless services programs – for 
instance, restrictive shelter hours of operation – as well as broad economic and social factors that 
perpetuate inequality.  
Families experiencing tremendous economic hardship, including those who have been 
homeless, may operate under a different set of mezzo and macro factors that influence how 
resources, perceptions, and additional stressors impact their overall wellbeing and coping 
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strategies. For instance, while instrumental social support can act as an important safety net, the 
support networks of families experiencing housing crisis may also be facing extreme hardship, 
and thus may act as a drain on resources as much as they act as a support (e.g. Shinn et al., 
1991). This may be further complicated by the complex service systems these families must 
navigate, which may provide an additional source of support, but also have immense control over 
the day to day lives of extremely impoverished families. Additional research can help better 
illuminate how these structural factors interact with family- and individual-level characteristics. 
Qualitative inquiry may be especially useful in guiding additional theory-building in this area, 
particularly in identifying the structural factors homeless and housing-insecure families 
themselves recognize as barriers to stability.  
While these theoretical limitations should not be overlooked, the model was still useful in 
the examination of family resources and stressors and provides avenues for future inquiry. Some 
family resources, including mothers’ employment and receipt of housing assistance, were found 
to mediate the relationship between homelessness and TANF receipt. Further, amount of 
childcare was shown to impact likelihood of TANF receipt, though it did not act as a mediator. 
Additionally, for homeless families specifically, fewer weeks worked during the year was found 
to increase the likelihood of TANF sanction. In the future, research should also incorporate 
family knowledge and perceptions of TANF to understand how they, along with resources, 
impact TANF participation. Future research should also consider additional resources that may 
play a role in determining the likelihood of TANF receipt and sanction. The role of social 
support, employment, housing assistance, and childcare should also continue to be investigated, 




The role of family stressors in contributing to a pileup of stress that inhibits coping 
through TANF receipt is less clear. Neither hypothesis concerning family stressors was 
significant, although poor maternal health was shown to impact TANF receipt as a covariate, and 
maternal depression was shown to impact TANF sanction. The role of pileup should continue to 
be investigated. Future research should incorporate data that can more fully capture the 
additional stress placed on families stemming specifically from their housing crisis in order to 
understand if and how this stress impacts TANF participation, and if this relationship is 
influenced by the addition of other family stressors.  
Additionally, future research should expand the application of family stress theory to 
examine the level of adaptation families reach after TANF receipt or non-receipt. Examination of 
the economic circumstances, housing status, and overall wellbeing of housing-insecure families 
after TANF receipt or sanction was outside the scope of this dissertation, but is a crucially 
important area for future investigation. More complex statistical models, including SEM and 
group trajectory analysis, can help uncover what factors affect multiple outcomes in housing, 
TANF participation, and wellbeing. Future research should also seek to more fully understand 
the experiences of homeless families, homeless service providers, and TANF caseworkers as 
they relate to TANF participation among homeless families. Qualitative methods can help 
develop a deeper understanding of the experiences of homeless families in making decisions 
about TANF participation, the application process, experiences with TANF caseworkers, and 
navigating TANF polices and participation requirements. As noted earlier, this research can 
guide the development of a more comprehensive theoretical framework which takes into account 
the structural factors influencing TANF participation, as well as how families facing severe 
material hardship utilize resources and experience stressors. Similarly, researchers should 
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investigate understandings of TANF among homeless service providers and TANF caseworkers’ 
perceptions and experiences working with homeless and housing-insecure recipients. Future 
research should also continue to explore TANF participation among families experiencing less 
severe forms of housing insecurity and those at risk of homelessness.  
As discussed earlier, future data collection and analysis should build off this research and 
its limitations. New data is needed to understand the current landscape of housing insecurity and 
TANF participation. A large-scale, longitudinal study focused specifically on the overall 
wellbeing of homeless, at-risk of homelessness, and other housing-insecure families, as well as 
their participation in safety-net programs, would be extremely valuable, particularly in exploring 
trajectories of housing-insecurity, TANF participation, and overall wellbeing over time. At the 
same time, the FFCWS dataset should continue to be explored, particularly in examinations of 
TANF participation during the Great Recession, and in analyses incorporating geographic and 
contextual variables influencing program participation. Analyses using both Fragile Families 
data and newly collected data should expand on the research methods and findings of this 
dissertation by utilizing more complex statistical models, particularly structural equation 
modeling and group trajectory analysis.   
Conclusion 
 This dissertation utilized binary logistic regression to examine the mediating and 
moderating role of family resources and stressors in determining the likelihood of TANF receipt 
and sanction among families experiencing varying levels of housing insecurity. Analyses 
uncovered significant associations between homelessness and both TANF receipt and sanction. 
Employment status, number of weeks worked in the last year, and receipt of housing assistance 
were all found to mediate the relationship between homelessness and TANF receipt, while social 
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support and amount of childcare were significant covariates. While the number of weeks worked 
interacted with homelessness to impact TANF sanction, no other family resources were 
significant. Family stressors were not found to moderate TANF receipt or mediate TANF 
sanction. However, poor maternal health was a significant predictor of TANF receipt, while 
maternal depression was a significant predictor of TANF sanction.  
 These research findings indicate three fundamental takeaways. First, experiences of 
homelessness have long-term impacts on homeless families that extend to TANF program 
participation and exist regardless of additional stressors and the availability of resources. 
Families who have experienced homelessness are more likely to be TANF recipients both two 
and four years later. However, their risk of sanction is also significantly higher than securely-
housed families four years after an episode of homeless experience, with those homeless families 
being nearly five times more likely to have received a sanction. While more research is needed to 
understand why a statistically significant relationship exists between homelessness and TANF 
sanction four years – but not two years – later is needed, this finding has worrisome implications 
for the overall wellbeing and level of stability of severely housing-insecure families over long 
periods of time, and points to a specific need for longer-term supports for families with 
experiences of homelessness.  
Second, employment was found to be a key factor in predicting likelihood of both TANF 
receipt and sanction, specifically for homeless families. Employment steadiness, as measured by 
the number of weeks worked per year, was shown to be particularly important, mediating the 
relationship between homelessness and TANF receipt and possibly having a unique effect on the 
likelihood of TANF sanction for homeless families, as indicated by a marginally significant 
interaction. To reduce the likelihood of sanction among homeless families, strategies focusing on 
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employment may therefore be especially effective. Again, further research in this area is 
warranted.  
Finally, this research provides a better understanding of the rate of TANF participation 
among families who have experienced homelessness and other forms of housing insecurity. A 
significant proportion of families facing severe material and economic hardship in the form of 
homelessness do not utilize TANF, especially over longer time periods. Additional research is 
needed to continue to investigate the factors influencing participation among these families, with 
an express focus on structural forces, and strategies to increase participation among homeless 
and housing-insecure families should be developed.  
 Taken together, these findings indicate the need for TANF policies and practices to 
consider the housing status of potential and current recipients. Collaborations between homeless 
service providers and TANF workers could help ease participation burdens and reduce TANF 
sanction among homeless families. Furthermore, findings point to the need for more efforts to 
help families at-risk of homelessness access TANF benefits as a preventative strategy. Future 
research should focus on the well-being and stability of doubled-up and otherwise housing-
insecure families in order to more fully understand which families may need additional supports. 
This dissertation points to the potential for family stress theories to be broadened to include 
external coping strategies including welfare program participation. Future research should 
continue to explore this avenue, incorporating an investigation into the structural factors that 
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APPENDIX A:  
SAMPLE CHARACTERISTICS STRATIFIED BY HOUSING STATUS 
Table A.1: Categorical Descriptive Characteristics at Wave 2, by Housing Status at Wave 2 (N=2,468) 




Variable  n % n % n % n %  
Mother race  26.80*** 
      Non-Hispanic White  9 8.6% 24 10% 114 17.4% 167 11.4%  
      Non-Hispanic Black  66 62.9% 125 52.1% 349 53.4% 819 55.8%  
      Hispanic  27 25.7% 80 33.3% 179 27.4% 437 29.7%  
      Other  3 2.9% 11 4.6% 11 1.7% 41 2.8%  
Mother education  22.57** 
      Less than high school 46 43.8% 104 43.3% 249 38.1% 512 34.9%  
      High school or equiv.  27 25.7% 73 30.4% 168 25.7% 480 32.8%  
      Some college  31 29.5% 60 25.0% 221 33.8% 431 29.4%  
      College or more  1 1.0% 3 1.3% 16 2.4% 42 2.9%  
Mother relationship status  102.30*** 
     Married 10 9.6% 17 7.1% 114 17.5% 300 20.5%  
     Cohabitating 22 21.2% 48 20.2% 234 36% 553 37.8%  
     Single 72 69.2% 173 72.7% 302 46.5% 609 41.7%  
†p < .1.  *p < .05.  **p < .01.  ***p < .001. 
 
 
Table A.2: Linear Descriptive Characteristics at Wave 2, by Housing Status at Wave 2 (N=2,468) 






Variable  M SD M SD M SD M SD F 
Mother age 25.56 6.60 22.43 4.83 25.07 5.20 25.88 5.62 27.94*** 
Number of children 2.34 1.40 1.65 1.09 2.41 1.53 2.41 1.42 20.61*** 
Household income 9.82 10.34 17.17 12.79 14.68 10.47 15.66 11.29 11.79*** 
Material hardship 1.99 1.73 0.67 1.13 1.65 1.48 .71 1.07 115.53*** 
Note: Household income is measured in thousands of dollars.  








Table A.3: Dependent variables: TANF receipt and sanction at Wave 3 and 4, by Housing Status at 
Wave 2 (N=2,468)  






Variable  n % n % n % n %  
Received TANF (W3) 42.60*** 
     Yes 59 56.2% 70 29.2% 208 31.8% 394 26.8%  
     No 46 43.8% 170 70.8% 446 68.2% 1075 73.2%  
Sanctioned (W3) 0.40 
     Yes 9 15.5% 11 15.7% 33 16.0% 69 17.6%  
     No 49 84.5% 59 84.3% 173 84.0% 323 82.4%  
Received TANF (W4) 45.09*** 
     Yes 53 50.5% 57 23.8% 166 25.4% 319 21.7%  
     No 52 49.5% 183 76.3% 488 74.6% 1150 78.3%  
Sanctioned (W4) 8.09* 
     Yes 15 28.3% 8 14.5% 30 18.2% 42 13.4%  
     No 38 71.7% 47 85.5% 135 81.8% 271 86.6%  
†p < .1.  *p < .05.  **p < .01.  ***p < .001. 
 
 
Table A.4: Categorical Resource and Stressor variables at Wave 3, by Housing Status at Wave 2 
(N=2,468)  






Variable  n % n % n % n %  
Mother Employment 17.42** 
      Currently employed 36 34.3% 125 52.5% 363 55.7% 779 54.5%  
      Currently unemployed 69 65.7% 113 47.5% 289 44.3% 668 45.5%  
Receipt of housing assistance 60.74*** 
     Yes 64 61.0% 51 21.3% 172 26.7% 461 31.7%  
     No 41 39.0% 188 78.7% 473 73.3% 992 68.3%  
Maternal health 15.76** 
     Excellent/very good/good 76 72.4% 202 84.2% 534 81.9% 1257 85.7%  
     Fair/poor 29 27.6% 38 15.8% 118 18.1% 210 14.3%  
Maternal depression 30.55*** 
     Yes 30 28.6% 54 22.5% 194 29.8% 282 19.2%  
     No 75 71.4% 186 77.5% 458 70.2% 1184 80.8%  






Table A.5: Linear Resource and Stressor variables at Wave 3, by Housing Status at Wave 2 
(N=2,468)  
 






Variable  M SD M SD M SD M SD F 
Weeks worked last year 17.83 19.99 28.08 22.16 27.78 21.98 28.64 22.53 7.50*** 
Level of social support  2.71 1.77 3.61 1.76 3.28 1.78 3.75 1.83 18.38*** 
Level of parenting stress 2.32 0.74 2.26 0.67 2.33 0.68 2.23 0.68 3.54* 
Hours of childcare/week 16.12 18.33 18.56 19.34 17.78 19.04 17.32 19.00 0.51 





APPENDIX B:  
SAMPLE CHARACTERISTICS STRATIFIED BY TANF RECEIPT AND SANCTION 
 
Table B.1: Categorical Descriptive Characteristics at Wave 2, by TANF receipt at Wave 3 (N=2,468)  
 TANF recipient TANF non-recipient  
Variable  n % n %  
Mother race   96.61*** 
      Non-Hispanic White  60 8.2% 254 14.7%  
      Non-Hispanic Black  513 70.3% 846 48.8%  
      Hispanic  140 19.2% 583 33.7%  
      Other  17 2.3% 49 2.8%  
Mother education  48.57*** 
      Less than high school 328 44.9% 583 33.6%  
      High school or equiv.  214 29.3% 534 30.8%  
      Some college  187 25.6% 556 32.1%  
      College or more  1 0.1% 61 3.5%  
Mother relationship status  106.47*** 
     Married 49 6.8% 392 22.7%  
     Cohabitating 244 33.7% 613 35.5%  
     Single 432 59.6% 724 41.9%  




Table B.2: Linear Descriptive Characteristics at Wave 2, by TANF receipt at Wave 3 (N=2,468)  
 TANF recipient TANF non-recipient  
Variable  M SD M SD t 
Mother age 24.32 5.31 25.74 5.63 5.81*** 
Number of children 2.51 1.57 2.25 1.38 -4.11*** 
Household income 11.17 9.88 17.04 11.37 12.16*** 
Material hardship 1.18 1.36 0.94 1.28 -4.06*** 
Note: Household income is measured in thousands of dollars.  










Table B.3: Categorical Descriptive Characteristics at Wave 2, by TANF sanction at Wave 3 (N=726)  
 TANF sanction No TANF sanction  
Variable  n % n %  
Mother race   2.12 
      Non-Hispanic White  6 4.9% 53 8.8%  
      Non-Hispanic Black  88 72.1% 424 70.3%  
      Hispanic  25 20.5% 112 18.6%  
      Other  3 2.5% 14 2.3%  
Mother education  1.21 
      Less than high school 57 47.2% 267 44.2%  
      High school or equiv.  31 25.6% 182 30.1%  
      Some college  33 27.3% 154 25.5%  
      College or more  0 0.0% 1 0.2%  
Mother relationship status  1.99 
     Married 6 5.0% 43 7.2%  
     Cohabitating 46 38.7% 196 32.6%  
     Single 67 56.3% 362 60.2%  




Table B.4: Linear Descriptive Characteristics at Wave 2, by TANF sanction at Wave 3 (N=726)  
 TANF sanction No TANF sanction  
Variable  M SD M SD t 
Mother age 24.34 5.32 24.29 5.30 -0.09 
Number of children 2.59 1.79 2.49 1.52 -0.62 
Household income 10.99 9.59 11.25 9.96 0.27 
Material hardship 1.17 1.51 1.18 1.34 0.06 
Note: Household income is measured in thousands of dollars.  





Table B.6: Linear Descriptive Characteristics at Wave 2, by TANF receipt at Wave 4 (N=2,468)  
 TANF recipient TANF non-recipient  
Variable  M SD M SD t 
Mother age 24.39 5.56 25.61 5.55 4.70*** 
Number of children 2.46 1.46 2.29 1.43 -2.42* 
Household income 11.92 9.71 16.37 11.52 8.50*** 
Material hardship 1.15 1.42 0.97 1.27 -3.01** 
Note: Household income is measured in thousands of dollars.  










Table B.5: Categorical Descriptive Characteristics at Wave 2, by TANF receipt at Wave 4 (N=2,468)  
 TANF recipient TANF non-recipient  
Variable  n % n %  
Mother race  57.14*** 
      Non-Hispanic White  53 8.9% 261 14.0%  
      Non-Hispanic Black  405 68.3% 954 51.0%  
      Hispanic  118 19.9% 605 32.4%  
      Other  17 2.9% 49 2.6%  
Mother education  28.11*** 
      Less than high school 263 44.3% 648 34.7%  
      High school or equiv.  171 28.8% 577 30.9%  
      Some college  157 26.4% 586 31.3%  
      College or more  3 0.5% 59 3.2%  
Mother relationship status  77.12*** 
     Married 42 7.1% 399 21.4%  
     Cohabitating 198 33.4% 659 35.4%  
     Single 352 59.5% 804 43.2%  





Table B.7: Categorical Descriptive Characteristics at Wave 2, by TANF sanction at Wave 4 (N=586)  
 TANF sanction No TANF sanction  
Variable  n % n %  
Mother race   3.20 
      Non-Hispanic White  7 7.4% 44 9.0%  
      Non-Hispanic Black  66 69.5% 333 68.1%  
      Hispanic  17 17.9% 101 20.7%  
      Other  5 5.3% 11 2.2%  
Mother education  3.02 
      Less than high school 46 48.4% 213 43.5%  
      High school or equiv.  21 22.1% 148 30.2%  
      Some college  28 29.5% 127 25.9%  
      College or more  0 0.0% 2 0.4%  
Mother relationship status  2.10 
     Married 4 4.3% 37 7.6%  
     Cohabitating 36 38.3% 159 32.5%  
     Single 54 57.4% 293 59.9%  




Table B.8: Linear Descriptive Characteristics at Wave 2, by TANF sanction at Wave 4 (N=586)  
 TANF sanction No TANF sanction  
Variable  M SD M SD t 
Mother age 23.38 4.76 24.59 5.70 1.95† 
Number of children 2.25 1.28 2.49 1.49 1.46 
Household income 11.29 9.42 11.94 9.72 0.60 
Material hardship 1.44 1.62 1.10 1.38 -2.14* 
Note: Household income is measured in thousands of dollars.  


















Variable  n % n %  
Mother Employment 77.58*** 
      Currently employed 225 38.0% 1098 58.7%  
      Currently unemployed 367 62.0% 772 41.3%  
Receipt of housing assistance 98.97*** 
     Yes 227 47.1% 471 25.4%  
     No 311 52.9% 1383 74.6%  
Mother-rated health status  14.79*** 
     Excellent/very good/good 468 78.9% 1601 85.6%  
     Fair/poor 125 21.1% 270 14.4%  
Maternal depression  6.79** 
     Yes 158 26.6% 402 21.5%  
     No 435 73.4% 1468 78.5%  
†p < .1.  *p < .05.  **p < .01.  ***p < .001.  
 
 
Table B.10: Linear Resource and Stressor variables at Wave 3, by TANF receipt at Wave 4 (N=2,468)  
 TANF recipient TANF non-recipient  
Variable  M SD M SD t 
Weeks worked last year 21.13 21.28 30.01 22.24 8.36*** 
Level of social support  3.15 1.81 3.71 1.82 6.55*** 
Level of parenting stress  2.32 0.69 2.25 0.68 -2.38* 
Hours of childcare/week 14.53 18.43 18.45 19.10 4.35*** 
















No TANF  
sanction 
 
Variable  n % n %  
Mother Employment 1.62 
      Currently employed 30 31.9% 190 38.9%  
      Currently unemployed 64 68.1% 299 61.1%  
Receipt of housing assistance 0.70 
     Yes 49 51.6% 227 46.9%  
     No 46 48.4% 257 53.1%  
Mother-rated health status  0.68 
     Excellent/very good/good 72 75.8% 389 79.6%  
     Fair/poor 23 24.2% 100 20.4%  
Maternal depression  9.24** 
     Yes 37 38.9% 117 23.9%  
     No 58 61.1% 372 76.1%  
†p < .1.  *p < .05.  **p < .01.  ***p < .001.  
 
 
Table B.12: Linear Resource and Stressor variables at Wave 3, by TANF sanction at Wave 4 
(N=2,468)  
 TANF sanction No TANF sanction  
Variable  M SD M SD t 
Weeks worked last year 19.04 19.90 21.36 21.51 0.95 
Level of social support 2.77 1.80 3.23 1.79 2.30* 
Level of parenting stress 2.37 0.68 2.32 0.70 -0.73 
Hours of childcare/week 13.87 17.53 14.65 18.69 0.37 





APPENDIX C:  
CORRELATION MATRIX OF ALL STUDY VARIABLES 
 
Table C.1: Correlation matrix of all study variables 
Measure  1 2 3 4 5 6 7 8 9 10 11 12 13 14 
1. Housing status: Secure (w2) -        
      
2. Housing status: Insecure (w2) - -       
      
3. Housing status: Doubled-up (w2) - - -      
      
4. Housing status: Homeless (w2) - - - -     
      
5. TANF recipient (w3)  -.07** .03 -.05* -.00 -    
      
6. TANF sanction (w3)   -.02 -.01 -.01 -.01 - -   
      
7. TANF recipient (w4) -.07** .02 -.00 .13*** .43*** -.02 -  
      
8. TANF sanction (w4)  -.08* .03 -.02 .10* .08† .15** - -       
9. Employment status (w3) .02 .02 -.01 -.08*** -.26*** -.02 -.18*** -.05 -      
10. Weeks worked (w3) .04† .00 .00 -.10*** -.28*** -.04 -.16*** -.03 .69*** -     
11. Social support: High (w3) .10*** -.08*** .01 -.08*** -.11*** -.05 -.11*** -.05 .11*** .13*** -    
12.Housing assistance (w3) .03 -.05* -.07** .14*** .31*** .06 .20*** .04 -.15*** -.11*** -.07** -   
13. Amount of childcare (w3) -.01 .01 .02 -.02 -.09*** -.02 -.09*** .00 .48*** .42*** .05* -.06** -  
14. Parenting stress (w3) -.05* .05* .01 .01 .08*** .03 .03 -.00 -.07** -.06** -.09*** .03 .02 - 
15. Maternal health: Fair/poor (w3) -.06** .03† -.00 .07** .06** .02 .08*** .03 -.10*** -.08*** -.12*** .04† -.03 .09*** 
16. Maternal depression (w3) -.10*** .10*** -.00 .03 .08*** .03 .05** .13** -.09*** -.06** -.15*** .05* .03 .17*** 
17. Race: White -.05* .09*** -.03 -.03 -.09*** -.05 -.07** -.02 -.01 -.01 .07*** -.13*** -.06** -.02 
18. Race: Black  .02 -.02 -.02 .03 .20*** .02 .15*** .01 .05** .10*** -.10*** .19*** .14*** .01 
19. Race: Latino .01 -.03 .03 -.02 -.15*** .02 -.12*** -.03 -.06** -.10*** .06** -.11*** -.10*** -.00 
20. Race: Other  .01 -.04† .04† .00 -.01 .00 .01 .07† .01 -.00 -.02 -.02 -.01 .02 
21. Maternal age .14*** -.01 -.20*** -.01 -.12*** .00 -.12*** -.08† .05* .03 -.05* -.03 -.04† -.01 
22. Relationship: Single (w2) -.13*** -.01 .17*** .09*** .16*** -.03 .14*** -.02 .04† .05* -.08*** .13*** .13*** .02 
23. Relationship: Cohabitating (w2) .07*** .01 -.10*** -.06** -.02 .05 -.02 .05 .01 .02 .02 -.02 -.03 -.00 
24. Relationship: Married (w2) .08*** -.01 -.09*** -.05* -.19*** -.03 -.16*** -.05 -.06** -.09*** .09*** -.14*** -.13*** -.02 
25. Maternal education (w2) .03 .02 -.05* -.03 -.13*** -.01 -.09*** -.01 .22*** .23*** .10*** -.07*** .21*** -.03 
26. Number of children (w2) .09*** .04† -.19*** .00 .08*** .02 .05** -.05 -.06** -.06** -.11*** .11*** -.09*** .05* 
27. Household income (w2) .04* -.02 .04* -.12*** -.24*** -.01 -.17*** -.03 .12*** .16*** .20*** -.23*** .06** -.03 
28. Level of material hardship (w2) -.27*** .31*** -.10*** .13*** .08*** -.00 .06** .08* -.00 -.02 -.13*** .03 .06** .06** 
179 
 
†p < .1.  *p < .05.  **p < .01.  ***p < .001.
Table C.1: (continued)     
Measure  15 16 17 18 19 20 21 22 23 24 25 26 27 28 
1. Housing status: Secure (w2)           
    
2. Housing status: Insecure (w2)           
    
3. Housing status: Doubled-up (w2)           
    
4. Housing status: Homeless (w2)           
    
5. TANF recipient (w2)            
    
6. TANF recipient (w4)             
    
7. TANF sanction (w2)           
    
8. TANF sanction (w4)            
    
9. Employment status (w3)           
    
10. Weeks worked (w3)               
11. Social support: High (w3)               
12.Housing assistance (w3)               
13. Amount of childcare (w3)               
14. Parenting stress (w3)               
15. Maternal health: Fair/poor (w3) -              
16. Maternal depression (w3) .21*** -             
17. Race: White -.01 .03 -            
18. Race: Black  -.06** .04† - -           
19. Race: Latino .07** -.07** - - -          
20. Race: Other  .03 .01 - - - -         
21. Maternal age .08*** -.01 .01 -.03 .02 .01 -        
22. Relationship: Single (w2) .01 .03 -.09*** .24*** -.18*** -.01 -.06** -       
23. Relationship: Cohabitating (w2) .01 .01 .03 -.06** .06** -.03 -.08*** - -      
24. Relationship: Married (w2) -.03 -.05* .09*** -.23*** .17*** .05* .17*** - - -     
25. Maternal education (w2) -.09*** .00 .07** .12*** -.19*** .04* .17*** .00 -.05* .06** -    
26. Number of children (w2) .09*** .02 -.05* .10*** -.07*** -.03 .45*** -.06** .04† .04* -.07** -   
27. Household income (w2) -.08*** -.06** .16*** -.16*** .05* .03 .08*** -.23*** .08*** .20*** .23*** -.02 -  
28. Level of material hardship (w2) .08*** .19*** .09*** .00 -.08*** .01 .05* .07** -.02 -.07** .06** .07** -.06** - 
Note: All correlations used pairwise deletion. Thus, sample size varies for each correlation.      
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APPENDIX D:  
COMPARISON OF CHARACTERISTICS OF THOSE INCLUDED AND EXCLUDED 
IN STUDY SAMPLE 
 
Table D.1: Comparison of Age and Household Income at Wave 1 for All FFCWS Participants Who 
Completed Wave 2 and Those Lost to Follow-Up (N = 4,898)  
 
Completed Wave 2 
(n = 4,364) 
Did not complete Wave 2 
(n = 534) 
 
Variable  M SD M SD t 
Mother age 25.17 6.04 25.89 6.49 2.55* 
Household income 32.32 31.62 29.29 31.01 -2.10* 
Note: Household income is measured in thousands of dollars.  
†p < .1.  *p < .05.  **p < .01.  ***p < .001. 
 
 
Table D.2: Comparison of Race/Ethnicity for All FFCWS Participants Who Completed Wave 2 and 
Those Lost to Follow-Up. (N = 4, 898) 
 
Completed Wave 2 
(n = 4,364) 
Did not complete Wave 2 
(n = 534) 
 
Variable  n % n %  
Mother race   2.36*** 
      Non-Hispanic White  945 21.7% 85 15.9%  
      Non-Hispanic Black  2078 47.6% 248 46.4%  
      Hispanic  1168 26.8% 168 31.5%  
      Other  164 3.8% 30 5.6%  
†p < .1.  *p < .05.  **p < .01.  ***p < .001. 
 
 
Table D.3: Comparison of Age, Household Income, and Number of Children at Wave 2 for Study 
Sample and Those Excluded due to Attrition or Missing Data (N = 3,000)  
 
Study sample 
(n = 2,468) 
Excluded from sample 
(n = 532) 
 
Variable  M SD M SD t 
Mother age 25.32 5.57 25.61 5.83 -1.11 
Household income 15.30 11.27 15.14 11.20 0.30 
Number of children 2.33 1.44 2.35 1.35 -0.25 
Note: Household income is measured in thousands of dollars.  







Table D.4: Comparison of Race, Education Level, and Relationship Status at Wave 2 for Study Sample 
and Those Excluded due to Attrition or Missing Data (N = 3,000) 
 
Study sample 
(n = 2,468) 
Excluded from sample 
(n = 532) 
 
Variable  n % n %  
Housing status     1.19 
      Securely housed  1469 59.5% 282 57.1%  
      Insecurely housed 654 26.5% 139 28.1%  
      Doubled-up 240 9.7% 49 9.9%  
      Homeless 105 4.3% 24 4.9%  
Mother race   28.26*** 
      Non-Hispanic White  314 12.7% 71 13.3%  
      Non-Hispanic Black  1359 55.1% 230 42.3%  
      Hispanic  723 29.3% 209 39.3%  
      Other  66 2.7% 21 3.9 %  
Mother education  32.87*** 
      Less than high school 911 36.9% 203 38.2%  
      High school or equiv.  748 30.3% 102 19.2%  
      Some college  743 30.1% 213 40.0%  
      College or more  62 2.5% 14 2.6%  
Mother relationship status  16.35*** 
     Married 441 17.9% 123 23.3%  
     Cohabitating 857 34.7% 204 38.7%  
     Single 1156 46.8% 200 38.0%  
†p < .1.  *p < .05.  **p < .01.  ***p < .001. 
 
 
